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Chapter 1 

The Convergence 

The Fork in the Road 

We're standing at a civilizational fork in the road. And the path we take over 
the next decade leads to one of two destinations - abundance or collapse. 
There is no comfortable middle ground. 

The forces I'm about to describe in this book - AI, robotics, and energy - are 
powerful enough to deliver either outcome. They can create a world where 
scarcity fades, where basic needs become trivially cheap to meet, where 
human potential is amplified beyond anything we've imagined. Or they can 
tear societies apart, concentrate power in ways that make today's inequality 
look quaint, and leave billions of people economically useless in a system that 
has no place for them. 

This book is about which path we take. And more importantly, how you can 
position yourself to thrive regardless of which way the winds blow - while 
hopefully pushing us toward the better outcome. 

I've spent the last decade trying to understand where the world is going. Not 
in some vague, hand-wavy sense, but in the specific, first-principles way that 
actually lets you make predictions and act on them. And after analyzing 
thousands of hours of data, hundreds of companies, and countless 
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technological developments, I've arrived at a conclusion that I think most 
people haven’t really heard or have wrapped their heads around. 

We're not living through three separate revolutions - AI, robotics, and energy. 
We're living through one Revolution. One interconnected system where each 
piece amplifies the others in ways that are about to accelerate beyond 
anything we've seen in human history. Some call it the Singularity. Others call 
it The Convergence. 

I think The Convergence makes the most sense. It's the force that will 
determine whether we get abundance or collapse. You’ll see why. 

 

The Three Threads That Are Actually One 

Let's start with what most people get wrong. When you read the news or 
listen to analysts, they talk about AI as one thing. Robotics as another. 
Energy as something completely separate. Maybe they'll mention how data 
centers need more power, or how robots use machine learning. They treat 
these as adjacent technologies that occasionally interact. 

That's a fundamental misunderstanding of what's happening. 

Think about it from first principles. What is AI actually good for? Training 
neural networks requires massive amounts of compute. Compute requires 
massive amounts of energy. The more energy you have, the more compute 
you can run. The more compute you can run, the smarter your AI gets. The 
smarter your AI gets, the better it becomes at optimizing energy systems, 
manufacturing robots, and making everything more efficient. 

Now add robotics to the equation. Robots are essentially AI that can touch 
the physical world. But what do robots need to deploy at scale? They need 
cheap manufacturing. They need reliable power. And they need intelligence 
to actually do useful things. The same AI that's getting smarter every day is 
the same AI that's going to make robots capable of increasingly complex 
tasks. 
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And Energy is what makes all of it run. But energy infrastructure - solar 
panels, batteries, grid systems - is increasingly being optimized by AI and will 
eventually be installed and maintained by robots. 

And soon enough, those AI systems will be in Space. And funny story related 
to this - my book manuscript was completely done and ready for final publish 
by February 8th, when the massive news broke that SpaceX and xAI are 
merging. This news broke on February 3rd. The reason why they are merging 
is because SpaceX and xAI will be combining to send 1 million satellites to 
space to do AI. They will be powered by the sun 24/7, and beam intelligence 
back down to earth. 

So yeah - this whole thing is happening. Space is filled with infinite energy 
from the sun. The more energy we have, the more AI and robots we can 
deploy. The more AI and robots we deploy, the cheaper energy becomes. 

This is a flywheel. And it's starting to spin. 

 

Why I Mean Every Word of This 

I think at this point some readers might be rolling their eyes. "Another tech 
guy saying we're on the verge of something unprecedented." I get it. I've been 
skeptical of grand claims too. Trust me, I've heard enough "paradigm shifts" 
to last a lifetime. I’ve been following Elon Musk for over 14 years - that dude 
is the master at this. 

But, I think this situation is genuinely different. Let me explain why. 

When I talk about historical precedent, people usually bring up electricity or 
the internal combustion engine. Both were transformative technologies. Both 
reshaped civilization. And I'm going to make a claim that sounds outrageous: 
what's coming is bigger than both of them, combined. 

Why is that? Because electricity and internal combustion each solved one 
problem extremely well. Electricity solved the problem of transmitting power 
over distance. The internal combustion engine solved the problem of 
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portable, high-density energy storage for transportation. Revolutionary 
technologies, no question. 

But neither of them could improve themselves. Neither of them could think. 
Neither of them could replace human judgment across virtually every 
domain. 

AI can. 

And when you combine AI with robotics - giving intelligence the ability to 
manipulate the physical world - and abundant energy to power it all, you 
don't get an incremental improvement over previous revolutions. You get 
something categorically different. You get a system that can compound on 
itself in ways that previous technologies couldn't. 

The steam engine couldn't redesign itself to be more efficient. A robot 
running AI can. 

Let me put this another way. Every previous technological revolution 
required humans to figure out the next improvement. Humans invented the 
spinning jenny, then humans invented the power loom, then humans 
invented the automated factory. The technology was passive. Humans drove 
the innovation cycle. 

What happens when the technology itself can participate in its own 
improvement? When AI systems can help design better AI systems? When 
robots can help manufacture better robots? When energy systems optimized 
by AI become cheaper, enabling more AI, which optimizes energy further? 

You get a feedback loop that doesn't depend on human innovation speed. 
And human innovation speed, historically, has been the rate-limiting factor 
on technological progress. Remove that constraint, and you're in uncharted 
territory. 

 

The Flywheel in Action 

I want to walk through how this actually plays out in practice. Let me make it 
tangible. 
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The "flywheel" is a self-reinforcing cycle where each component accelerates 
the others. Think of it as a loop where A strengthens B, B strengthens C, and 
C comes back around to strengthen A even more. Each revolution of the 
wheel is faster than the last. 

Start with AI. Right now, in early 2026, we have AI systems that can write 
code, analyze data, generate images and video, and carry on remarkably 
sophisticated conversations. These systems are trained on massive datasets 
using enormous amounts of compute. Each generation gets smarter than the 
last. We're seeing improvements measured in months, not decades. 

What do these AI systems need to keep improving? They need more 
compute. More data. More efficient training methods. And critically, they 
need more energy. The data centers powering AI development are already 
straining electrical grids. Microsoft, Google, Amazon - they're all scrambling 
to secure energy sources for their AI operations. This is why SpaceX and xAI 
are going to space - to bypass the limits that exist by being on the surface of 
the earth. Resources, regulations, NIMBY-ism. 

Now The Convergence stops being abstract when AI is becoming a producer 
of energy solutions, not just a consumer of them. AI systems are optimizing 
grid management. They're improving battery chemistry research. They're 
making solar installations more efficient. Every improvement in energy 
availability enables more AI development, which enables more energy 
improvements. 

I track these developments obsessively - like, every single day, I'm reading 
papers and watching announcements. And in the last year alone, we've seen 
AI systems discover new battery materials that human researchers hadn't 
considered. We've seen machine learning applied to grid load balancing that's 
reduced waste significantly - Tesla's Megapack as the perfect example. We've 
seen AI-designed solar cell configurations that improved efficiency beyond 
what manual optimization could achieve. 

And we're just getting started. 
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Now bring in robotics. Tesla's Optimus program - and I'll get into this in 
detail in a later chapter - is applying the same neural network approach they 
used for Full Self-Driving to humanoid robots. The AI that learns to navigate 
roads is fundamentally similar to the AI that learns to fold laundry or 
assemble car parts. Intelligence scales. Capability scales. 

And what do robots do? They manufacture things. They install things. They 
maintain things. They do physical labor at a cost and consistency that humans 
can't match. Robots will manufacture solar panels. Robots will install 
batteries. Robots will build the data centers that train more AI. Robots will 
build more robots. 

 

Each element of The Convergence powers the others: 

AI makes robots smarter. 

Smarter robots deploy energy infrastructure faster and cheaper. 

More energy powers more AI development. 

Better AI improves robots further. 

The cycle accelerates. 

And this is already happening - even if we’re just getting started. The only 
question is how fast the flywheel spins. 

 

The First Principles Framework 

I want to pause here and talk about how I think about all of this, because the 
framework matters as much as the conclusions. 

First principles thinking is something I come back to constantly - thanks to 
my time at Tesla from 2017 thru 2021. The idea is simple: instead of 
reasoning by analogy - "this thing is like that other thing, so it will probably 
behave similarly" - you break problems down to their fundamental truths and 
build up from there. 
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Why does this matter for understanding The Convergence? Because most 
analysis I see is purely analogical. People look at previous technology cycles 
and assume this one will follow the same pattern. "The internet boom had a 
bust, so AI will have a bust." "Previous automation scared people but jobs 
came back, so jobs will come back this time." 

These arguments aren't necessarily wrong, but they're incomplete. They 
assume the underlying dynamics are the same. And I think that's a mistake. 

 

When you apply first principles to The Convergence, you ask questions like: 

What is the fundamental constraint on AI development? Compute, which 
requires energy. 

What is the fundamental constraint on robotics deployment? Manufacturing 
scale and intelligence, both of which AI helps address. 

What is the fundamental constraint on energy abundance? Cost and 
installation, both of which robotics addresses. 

When you trace these constraints back to their roots, you see how deeply 
interconnected they are. And you see why solving any one of them has 
cascading effects on the others. 

And this is why I'm not just bullish on AI, or just bullish on robotics, or just 
bullish on energy. I'm bullish on the system. Because the system has 
properties that the individual components don't have on their own. 

A feedback loop that improves itself is fundamentally different from a 
technology that requires external innovation to advance. 

 

The Timeline Most People Underestimate 

One thing that consistently surprises me in conversations about AI and 
robotics is how much people underestimate the timeline. They think in terms 
of decades when they should be thinking in terms of years. 
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Part of this is just human psychology. We tend to extrapolate linearly when 
we should be extrapolating exponentially. If AI improved X amount last year, 
we expect it to improve X amount next year. But that's not how 
compounding works. 

Part of it is also that most people aren't tracking the details. They hear about 
ChatGPT or Tesla's latest update and think "cool, incremental progress." 
They don't see the underlying capability curves. They don't see how each 
breakthrough enables the next one. 

I've been following Tesla specifically since 2012 - so we're talking 14 years 
now. I remember when people said electric cars would never be practical. 
Then they said Tesla would never achieve mass production. Then they said 
Full Self-Driving would never work. At each stage, the "impossible" thing 
happened faster than critics expected. 

The same pattern is playing out now across the entire convergence stack. 
Every month brings developments that would have seemed like science 
fiction five years ago. And the pace is accelerating, not slowing. 

The way I see it, we're already in the early stages of The Convergence. The 
timeline is now, today - we're living through it, even if most people won't 
realize it until 2030. The flywheel is already spinning. The question isn't 
whether it will spin faster - that's essentially guaranteed given current 
trajectories - the question is how fast and what the implications are. 

My rough timeline: by the end of 2027, we'll have AI systems capable of 
performing 80% of digital tasks at or above the level of top-20% human 
capability. Robots will be moving from factory floors to broader deployment 
- slowly at first, then as intelligence grows, so will they. Energy infrastructure 
will be scaling in ways that seem almost impossible today. Especially in space. 

By 2030, the world will look dramatically different than it does now. Not 
subtly different. Dramatically different. The Convergence will have reshaped 
entire industries, eliminated entire categories of work, and created 
opportunities that don't exist today. 



 16 

I know how that sounds. I know it sounds like hype. But I've been making 
specific predictions about Tesla for over a decade now, and the pattern is 
consistent: what seems impossible becomes inevitable, faster than most 
people expect, but slower than I thought. 

Now, that’s happening everywhere - all at once. 

 

The Convergence Beyond Any Single Company 

Now, before I get into specific companies, I want to make something clear: 
The Convergence thesis does not require any single company to win. This is 
bigger than Tesla, or Musk Industry, or NVIDIA, or Google, or whoever. It’s 
bigger than any individual player. 

You will see Tesla being referenced a lot in this book, and Musk Industry in 
general. I want you to think of these references as the best examples that can 
be tracked in the real world. They are the vessel you can track daily to get an 
accurate sense of what’s happening. 

Tesla is a proxy. Musk Industry is a proxy. It just happens to be the best, 
testable, visible proxy that we can all focus on. There will be many, many 
more in the future. Musk Industry just happens to be the best example right 
now. 

But multiple other companies are building pieces of this flywheel as we speak. 
Understanding them helps you see the pattern - and also protects you from 
putting all your eggs in one basket. 

NVIDIA is the picks-and-shovels play. They supply the compute 
infrastructure to everyone building AI. Whether Tesla wins or OpenAI wins 
or Google wins or some company we have not heard of yet wins - NVIDIA 
sells the shovels to all of them. Their data center revenue has grown from 
almost nothing to their dominant segment in just a few years. Every AI 
breakthrough requires their hardware. That is a powerful position. 

Amazon has its own convergence happening. Their robotics division - the 
Kiva systems that move packages around warehouses, the Sparrow robots 
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that pick individual items - is automating logistics at massive scale. AWS 
provides AI compute to millions of startups worldwide. Their fulfillment 
network is the physical infrastructure that connects digital commerce to real-
world delivery. Three threads combining into something more powerful than 
any individual piece. 

BYD deserves acknowledgment here. Their vertical integration is impressive 
- they make their own batteries, their own chips, their own motors. The 
Chinese manufacturing ecosystem they operate in is genuinely formidable. I 
have concerns about their autonomy capabilities and their ability to scale 
outside protected markets, which I will get into later. But in terms of building 
convergence assets, they are not standing still. 

Figure AI, Boston Dynamics, Sanctuary AI - the humanoid robotics space is 
getting crowded. Figure has BMW and Microsoft partnerships. Boston 
Dynamics has decades of research and some of the most capable hardware in 
the world. Sanctuary AI is taking a different approach with their dexterous 
manipulation focus. Tesla's Optimus is not the only game in town. 

The point is this: even if Tesla or any other player stumbles, The 
Convergence still happens - perhaps slower. Other companies are building AI 
capabilities. Other companies are deploying robots. Other companies are 
scaling energy infrastructure. The flywheel spins regardless of which specific 
entities are pushing it. 

And this matters for how you think about risk. If you believe in The 
Convergence thesis but are nervous about any single company's execution, 
you can still position yourself accordingly. NVIDIA benefits no matter who 
wins the AI race. Energy infrastructure companies benefit regardless of 
which robots deploy it. The thesis is robust to individual company outcomes. 

That said, I do think Tesla has a unique position. Let me explain why. 
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What Makes Tesla & Musk Industry Central to This Story 

I should address something directly here, because I know my focus on Tesla 
invites skepticism. "Of course the Tesla investor thinks Tesla is central to 
everything." 

Fair enough. Let’s be honest about my position. I've been invested in Tesla 
since 2012. It's the vast majority of my portfolio. I worked there from 2017 
to 2021. I view Elon Musk as a singular person in the arc of history - 
especially as it relates to technology. I've built my career around analyzing this 
company and explaining it to others. So yes, I have skin in the game. 

But having skin in the game doesn't mean I'm wrong. In fact, I'd argue it 
means I've thought about this more carefully than someone with no 
exposure. When your financial future depends on being right, you tend to 
scrutinize your assumptions pretty rigorously. 

Let me explain why I think Tesla's position is genuinely unique, with an 
attempt to separate from any bias I might have. Because understanding Tesla 
is understanding The Convergence. And if you understand The Convergence, 
you will be in the best shape possible to navigate the extremely rocky waters 
we’re all about to face. 

Tesla is the only company in the world that is vertically integrated across all 
three elements of The Convergence: 

AI: Tesla's FSD (Full Self-Driving) neural network is arguably the most 
advanced real-world AI application in deployment. They have millions of cars 
collecting data constantly, training their AI on edge cases that competitors 
will never encounter at the same scale. And it's a deployed system getting 
smarter every day - millions of cars on real roads, learning constantly. 

Robotics: Optimus represents the application of Tesla's AI expertise to 
humanoid robotics. Same neural network approach, same end-to-end 
learning system, applied to a form factor that can operate in human 
environments. And critically, Tesla knows how to manufacture at scale. 
They're not making ten robots in a lab - they're building the factories to make 
millions. Tens of millions. Hundreds of millions. 
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Energy: Tesla Energy is already one of the largest battery storage and solar 
providers in the world. They manufacture batteries at scale. They deploy grid-
scale storage systems. They understand power systems from first principles. 
Megapack deployments are growing exponentially. 

And then on the other side of Musk Industry we have the merging of SpaceX 
and xAI, which is the perfect marriage, as we covered previously, to send AI 
satellites to space to be powered by infinite (and free) energy from the Sun - 
for billions of years. And given the rumors swirling around as of today 
(February 3rd 2026), the likelihood of Tesla & SpaceX coming together as 
one entity to complete The Convergence appears inevitable. 

Tesla makes the batteries and solar panels for the SpaceX satellite that will 
carry and power xAI’s compute cluster to power xAI and Tesla’s AI for cars, 
robots, LLMs, agents, and whatever else they come up with (watch for 
drones in this space. It’s inevitable.) 

No other company has this combination. No other industry has this 
combination. Google has strong AI but no robotics or energy manufacturing. 
Legacy automakers have manufacturing but no AI and limited energy 
exposure. Traditional energy companies have... well, mostly legacy assets 
they're trying to protect. 

Tesla's vertical integration means they can optimize across the entire 
convergence stack. AI improvements flow directly into robotics 
improvements. Manufacturing improvements in one area transfer to others. 
Energy insights inform everything. Battery innovations developed for 
vehicles improve grid storage. Neural network architectures from FSD 
accelerate Optimus development. Solar and storage expertise informs data 
center power strategies. 

Is this a guarantee of success? No. Execution matters. Competition matters. 
A thousand things could go wrong. But in terms of structural positioning for 
The Convergence, I don't see anyone else with the same setup. 
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The Musk Ecosystem: Brain, Vessel, Body 

And honestly, I've come to realize something after writing most of this book: 
framing this as a "Tesla story" is actually underselling what's happening. The 
real convergence isn't happening at Tesla alone. It's happening across an 
ecosystem of companies that not only Elon Musk controls - but will be 
copied over and over again as time goes on. 

 

Think of it this way: 

xAI is the Brain. This is the intelligence layer - Elon Musk’s OpenAI 
competitor. Grok looks like another chatbot competing with ChatGPT, but 
that misses the point. Grok is the AI that will eventually run the entire 
ecosystem. Trained on real-time X data that no competitor can access. 
Trained on Tesla's billions of miles of driving data. Eventually trained on 
Optimus robotics data as those robots deploy. xAI is building the brain for a 
physical system that spans the planet and beyond. That's a different game 
than what OpenAI or Anthropic are playing. 

SpaceX is the Vessel. This is the infrastructure layer. Starship gets framed as a 
Mars rocket, but the near-term implications are even bigger: making access to 
space so cheap that entirely new possibilities open up. Space-based solar that 
beams power to Earth. AI data centers in orbit where cooling is free and 
solar is 24/7. Starlink as the nervous system connecting everything globally. 
SpaceX is building the infrastructure to take the entire operation off-planet. 

Tesla is the Body. This is the physical manifestation layer. The cars that 
collect data. The robots that will do physical work. The batteries that store 
energy. The solar panels that capture it. The factories that manufacture all of 
it. Tesla is where the AI meets the physical world. 

When you see these as separate companies, you miss the architecture. When 
you see them as one integrated system, the picture changes entirely. The 
Convergence becomes obvious (and repeatable). 
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Consider the feedback loops: 

Tesla vehicles generate driving data → xAI trains on it → FSD gets smarter 
→ vehicles generate better data 

Optimus robots deploy → generate robotics data → xAI learns physical 
world manipulation → robots get smarter 

xAI needs more compute → SpaceX puts data centers in orbit → unlimited 
solar power → xAI scales infinitely 

Energy abundance enables more robots → more robots build more energy 
infrastructure → costs collapse 

No other organization on Earth has this architecture. Google has AI but no 
physical infrastructure. OpenAI has models but no data-generating platform 
at scale. Legacy automakers have manufacturing but no AI. Aerospace 
companies have rockets but no AI or energy play. 

The Musk ecosystem has all of it. And critically, it's controlled by one person 
who can coordinate across all of them. When xAI needs driving data, Elon 
can make it happen. When SpaceX needs AI optimization, Elon can 
prioritize it. When Tesla needs rocket technology for manufacturing 
breakthroughs, it's one phone call away. 

It's something genuinely new. And it's positioned to capture The 
Convergence in a way that would be impossible for any single company, no 
matter how well-run. 

Now, I want to be very clear about something: I could be wrong about this. 
Maybe the organizational complexity becomes a liability. Maybe Elon's 
attention really is too split. Maybe the synergies I see are partially wishful 
thinking. 

But if I'm right - if the ecosystem thesis plays out - then the individual 
company valuations we're looking at today are dramatically mispriced. Tesla 
isn't just an automaker. It's the body of a system that includes the most 
advanced AI, the most capable space infrastructure, and the manufacturing 
base to build all of it at scale. 



 22 

That's the bet I'm making. Not on Tesla alone. On the ecosystem. And that 
bet will prove out the thesis for The Convergence, which will dramatically 
change the world in ways none of us have imagined. 

 

The Wright's Law Advantage 

I want to introduce a concept here that's going to be important throughout 
this book: Wright's Law. 

Wright's Law states that for every cumulative doubling of units produced, 
costs fall by a consistent percentage. It was originally observed in aircraft 
manufacturing, but it applies broadly to manufactured goods. And it applies 
especially well to the three elements of The Convergence. 

Battery costs have been following Wright's Law almost perfectly. For every 
doubling of cumulative battery production, costs have fallen by roughly 18%. 
Solar panels show a similar pattern. Even compute costs follow a version of 
this relationship. 

Why does this matter for The Convergence? Because as each element scales, 
it gets cheaper. As it gets cheaper, it becomes more economical to deploy. 
More deployment means more production. More production means lower 
costs. The flywheel accelerates not just in capability but in economics. 

Most analysis gets the timeline wrong for exactly this reason. People look at 
current costs and current capabilities and project forward assuming gradual 
improvement. But Wright's Law suggests that improvement accelerates as 
scale increases. 

Tesla understood this early. They bet that if they could achieve 
manufacturing scale, costs would fall dramatically. They were right about that 
with vehicles, and they're applying the same logic to batteries, robots, and 
everything else they build. 

When you combine exponentially improving AI capabilities with Wright's 
Law cost reductions in the physical infrastructure, you get curves that look 
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almost vertical over a decade timescale. This is why I think 2030 is going to 
look so dramatically different from today. 

And most mainstream analysis misses how these curves interact. AI 
improvements accelerate the learning in manufacturing. Better manufacturing 
enables more AI deployment. More deployment drives costs down faster. 
Each curve makes the other curves steeper. 

The companies that understand this - that are positioned to ride multiple 
Wright's Law curves simultaneously - are going to see advantages that 
compound in ways their competitors can't match. They operate on a 
fundamentally different trajectory, and that gap widens every year. 

 

The Forcing Function for Abundance 

Now the stakes - Abundance. It’s easy to get lost in the technical details and 
miss the bigger picture, but the bigger picture is the literal outcome. 

The Convergence isn't just about which companies win or which 
technologies succeed. It's about what kind of future humanity gets to live in. 

If we navigate this correctly - if the flywheel spins the right way - we're 
looking at a world of genuine abundance. Robotic labor at a fraction of 
human cost. Energy so cheap it's essentially free for most applications. AI 
systems that amplify human creativity and capability in every domain. 

All the fundamental constraints that have shaped human civilization - the 
scarcity of labor, the scarcity of energy, the scarcity of intelligence - start to 
relax. Not disappear entirely, but relax in ways that open up possibilities we 
can barely imagine. 

Think about what becomes possible when you can deploy robots to build 
housing at a fraction of current costs. When desalination powered by cheap 
solar can provide water to any region that needs it. When AI tutors can 
provide personalized education to every child on the planet. When healthcare 
diagnostics that currently require expensive specialists become available to 
everyone through AI systems. 
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Consider the bottom 20% of the global population - people living in genuine 
poverty. The Convergence could mean clean water, adequate shelter, access 
to healthcare, and education at a level they've never experienced. Not through 
charity or redistribution, but through the simple economics of abundant 
technology making basic needs cheap to deliver. 

This is the promise of The Convergence. Not some sci-fi fantasy, but a 
logical extension of trends that are already in motion. 

But the benefits aren't automatic. The Convergence will definitely happen. 
The flywheel is already spinning and there's no stopping it. What's not 
guaranteed is who benefits and how the transition goes. 

Which brings me to the hard part. 

 

The Disruption That's Coming 

I'm going to spend a lot of this book talking about disruption, and I want to 
be upfront about something: I'm genuinely worried about what's coming for 
a lot of people. This is why I wrote this book in the first place. 

The same technologies that enable abundance also enable displacement. 
When robots can do physical labor, what happens to the people who 
currently do that labor? When AI can do cognitive work, what happens to the 
knowledge workers who built their careers on those skills? 

The Convergence is going to be incredible for some people. Capital owners. 
Builders. Risk-takers. The curious and adaptable. These people are going to 
thrive in ways that are almost impossible to comprehend from today's 
vantage point. 

It's also going to be devastating for others. People who can't adapt. People 
who don't see it coming. People who are in the middle of the economic 
distribution - making good livings doing work that AI and robots are about 
to do better and cheaper. 
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I'll get into this in depth in later chapters with The Barbell Effect. The 
crushed middle. What government needs to do and probably won't. But I 
want to flag it now because it's essential to understanding The Convergence. 

The technology itself is neither good nor bad. It's a forcing function. It's 
going to force us to confront questions about economics, about society, 
about what we owe each other as human beings. Questions we've been able 
to avoid because scarcity provided its own cruel logic for who gets what. 

When scarcity fades, we're going to have to make choices we've never had to 
make before. 

And this is the very frustrating thing about the current discourse around AI 
and automation. We're not asking the right questions. We argue about 
whether AI will take jobs - of course it will. We argue about whether robots 
will replace workers - of course they will. Why pay a human 10x more to do a 
worse job? This is incompatible with running a business. That world is dead. 
The technology wave has already given us the answer. It is no longer up to us 
to decide if it’s happening. It will happen. 

The questions should be about what happens after. How do we structure 
society when the fundamental relationship between work and survival has 
changed? How do we distribute the benefits of abundance? How do we help 
people find meaning when traditional employment isn't the organizing 
principle of their lives? 

These aren't abstract philosophical questions. They're practical problems 
we're going to have to solve in the next decade. And I don't see nearly 
enough serious thinking about them. 

 

The Transition Period 

Between now and that abundant future is a transition period. And I think this 
transition is going to be far more chaotic than most people anticipate. 
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We're talking about a fundamental restructuring of how work gets done, how 
value gets created, and how wealth gets distributed. That doesn't happen 
smoothly. It happens through disruption, displacement, and upheaval. 

Industries that have existed for a century are going to disappear in years. Job 
categories that employ millions of people are going to become obsolete. 
Business models that seemed unassailable are going to collapse. 

And it's going to happen fast. Not over generations where people can 
gradually adapt. Over years. The Convergence flywheel doesn't care about 
career timelines or mortgage payments or college savings plans. It spins at its 
own pace. 

China, by the way, is going to have an easier time with this transition than the 
West. They already live in a more communal society where individual 
disruption is absorbed differently. The US and Europe, with our emphasis on 
individual achievement and career identity (especially in the US), are going to 
struggle more. That's a whole other chapter, but I wanted to plant the seed 
here. 

The next 1-5 years are going to be extremely rocky. I don't say that to be 
alarmist. I say it because I think anyone who doesn't prepare for disruption is 
going to be blindsided. And being blindsided by a transition this significant 
could mean losing everything you've built. 

And this is why I wrote this book. Not to celebrate technology for 
technology's sake, but to help people understand what's actually happening 
and position themselves accordingly. I’m too close to it for me to simply 
ignore it. I have to talk about it and help people understand what’s going on 
here. Whether you're an investor, an entrepreneur, a worker, or just someone 
trying to figure out where the world is headed - you need to understand The 
Convergence. 

Because The Convergence moves at its own pace. Regulatory approval, 
public opinion - none of it matters. It's happening. The only question is 
whether you're going to be on the right side of it. 
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What This Book Will Cover 

So that's what The Convergence is. AI, robotics, and energy combining into a 
self-reinforcing system that's about to transform everything. The biggest shift 
in human capability since the agricultural revolution, happening not over 
centuries but over years. 

 

In the chapters that follow, I'm going to break this down piece by piece: 

Part I examines the technologies themselves. Full Self-Driving as proof that 
AI can replace human labor at scale. Optimus and the $40 trillion labor 
market. Energy abundance and why the only obstacles are political. 

Part II looks at the disruption. Who wins, who loses, and why the transition 
is going to be far more chaotic than most people expect. The US-China race. 
What government must do and probably won't. 

Part III is about opportunity. How to invest in a world undergoing The 
Convergence. The frameworks I use. The mistakes to avoid. How to position 
yourself regardless of where you're starting from. 

And the Epilogue looks at what's on the other side. The age of abundance 
that's possible if we navigate the transition without destroying ourselves. 

I've been thinking about these topics for over a decade. I've made my living 
analyzing them, investing based on them, and trying to explain them to the 
hundreds of thousands of people who follow my work. Everything I know, 
everything I believe, everything I've concluded from years of first principles 
analysis - it's in these pages. 

The Convergence is coming whether we're ready for it or not. My goal is to 
help you understand it, prepare for it, and hopefully benefit from it rather 
than being crushed by it. 

Let's get started. 
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Chapter 2 

Full Self-Driving and the Death of Human 
Drivers 

If The Convergence is the thesis of this book, then Full Self-Driving is the 
proof of concept. It's the first massive demonstration that AI can replace 
human labor at scale. Not in a lab. Not in a controlled experiment. On actual 
roads, with actual people, making actual decisions at 70 miles per hour. 

And what we're learning from FSD is about to happen everywhere else. 

 

A Disclosure Before We Begin 

Full disclosure: I'm heavily invested in Tesla. That creates obvious bias. I own 
the stock, I drive the car, I use FSD every day. When I tell you Tesla is going 
to win the autonomous driving race, you should read that with appropriate 
skepticism. 

I've tried to be rigorous in my analysis. I've tried to steelman the 
counterarguments. But I'm human, and humans are notoriously bad at being 
objective about their investments. So take what follows with that context - 
and then decide for yourself whether the logic holds. 

Now let me make my case. 
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The Experiment That's Already Running 

Let’s set a scene. Right now, as I write this in early 2026, there are millions of 
Tesla vehicles on roads around the world collecting data every single day. 
Every time a car navigates an intersection, every time it handles a 
construction zone, every time it deals with a pedestrian doing something 
unexpected - that data flows back to Tesla's servers. The neural network 
learns. It gets better. 

This is literally happening right now. You might own a Tesla yourself 
(honestly, you probably do if you bought this book). But the scale of this 
experiment is something that I think most people haven't fully internalized. 

Tesla can make two million cars per year, and increasing. Not all of them are 
running FSD at any given moment, but enough are that the company has 
accumulated billions of miles of real-world driving data. Edge cases that 
might take a smaller operation decades to encounter? Tesla's fleet sees them 
daily. Hourly. Minute by minute. 

Compare this to Waymo, which operates approximately 3,000 vehicles. And I 
want to be genuinely fair here because Waymo has achieved something 
remarkable. Within their operating domains, they've demonstrated true Level 
4 autonomy - no safety driver, no supervision, just the car handling 
everything. Their safety record in those areas is impressive by any measure. 
People take Waymo rides every day and arrive safely. That's not nothing. 
That's a genuine technical achievement. Even with their mistakes. It’s a clear 
safety improvement over human drivers, and they should be celebrated. 
Loudly. 

But the approach is fundamentally different from Tesla's - and I'd argue 
fundamentally limited for scale. You’ll quickly see why this means that Tesla’s 
ability to be everywhere quickly will be such a shock to the current system. 

Waymo uses high-definition maps of specific areas. Their vehicles know 
every curb, every lane marking, every traffic light in their operating zones 
down to the centimeter. Within those zones, the system is brilliant. The 
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redundant sensor suite - lidar, radar, cameras all working together - creates a 
level of situational awareness that's genuinely impressive. 

The limitation shows up when you want to expand. Each new city requires 
comprehensive mapping before deployment. It's a rules-based system that 
relies on having complete information about the environment in advance. 

Tesla's approach is different. They're training a neural network to understand 
driving the way humans understand driving - by looking at the world and 
making decisions based on what it sees. No pre-mapping required. The same 
system that works in Austin works in San Francisco works in Miami works in 
rural Montana. Because it's not relying on knowing every road ahead of time. 
It's actually relying on understanding what roads are and how to navigate 
them. 

This is the end-to-end neural network approach versus the rules-based 
approach. That’s a fancy way of saying it’s 100% AI. And from my 
perspective, there's really no contest in terms of which one scales. 

 

The Math That Most People Miss 

I've had this conversation probably a thousand times with people who are 
skeptical of Tesla's self-driving ambitions. They point to Waymo's current 
Robotaxi service as evidence that someone else is ahead. "Waymo has 
Robotaxis operating right now. Tesla is still mostly in supervised mode." 

Fair point. As of this writing, Waymo does have a functioning Robotaxi 
service in a handful of cities. Tesla's unsupervised Robotaxi network is just 
beginning to roll out. If you're scoring based on who has Robotaxis operating 
today, Waymo wins. 

But that's not the right question. The right question is: who can scale? 

Let me show you the math that makes this undeniable. 

Waymo can produce somewhere in the neighborhood of 10,000 vehicles per 
year when they're running at capacity after their partnership with Zeekr (a 
Chinese EV makers). Their actual fleet is much smaller. Tesla can produce 
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two million per year, with plans to grow. That's a 200x difference in 
manufacturing capacity, at minimum. 

Now think about what that means for a Robotaxi network. Network effects 
matter in this business. You want enough vehicles that wait times are short, 
that coverage is broad, that people can rely on the service being available 
when they need it. Building that kind of network requires massive fleet 
deployment. 

With a 200x manufacturing advantage, Tesla can put more Robotaxis on the 
road in a few months than Waymo can in years. Tesla can put Waymo’s 
entire fleet on the road in about a day. They can expand to new cities faster. 
They can respond to demand surges more effectively. They can replace 
vehicles that need service without significant downtime. 

And this is before we even get to cost. Waymo's vehicles are heavily 
customized with expensive sensor packages. Tesla's approach uses vision-
based AI running on hardware that's integrated into every vehicle they 
already make. The cost structure is completely different. 

But the most important insight - the one that most analysts completely miss - 
goes deeper. 

 

The Car Sales Hedge 

Even if the Robotaxi network scales slowly - even if regulatory approval takes 
years, even if there are setbacks and delays - Tesla still wins. 

Why? Because they can sell cars that drive themselves without anyone paying 
attention. 

Consider the implications of that. You're in the market for a car. You can buy 
a regular vehicle from some legacy automaker, or you can buy a Tesla where 
the car drives itself on the highway, navigates city traffic, parks itself, and 
basically handles 99.99999% of your driving without you touching the wheel. 
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That's a ludicrous competitive advantage for selling vehicles, regardless of 
whether there's ever a Robotaxi network. And a gigantic precedent that says 
that the human driver is no longer needed. Anywhere. 

The FSD subscription alone adds meaningful revenue - currently $99 per 
month or a one-time purchase of $8,000, with about 1 million subscribers 
world-wide out of Tesla’s 9 million car fleet (per Tesla’s Q4 2025 earnings). 
But more importantly, it's a differentiator that no other automaker can match. 
When was the last time GM or Ford shipped an over-the-air update that 
made your car significantly more capable than when you bought it? Never. 

Tesla vehicles appreciate in capability over time. The neural network gets 
better, and every car in the fleet gets the update. The car you buy today will 
be a better driver in a year than it is now. Try finding that value proposition 
anywhere else. 

So the Robotaxi opportunity is enormous - I'll get to the numbers in a minute 
- but even if it takes longer than expected to materialize, Tesla is still selling 
millions of vehicles with technology that competitors can't match. They 
accrue miles and data regardless. They improve regardless. They win 
regardless. 

This is why I'm not particularly worried about the Robotaxi timeline debates. 
Whether unsupervised FSD scales up in 2026 or 2028, the underlying 
trajectory doesn't change. Tesla is building an insurmountable lead in real-
world driving data while also selling more cars than their competitors can. 
And once the regulations catch up, all Tesla has to do is… the same thing. 
They’ll just tell the drivers “hey so, since your car can already drive itself… 
would you like it to just make you money by going out and Robotaxi-ing 
around?” That’s in their literal Master Plan Part 2. The technology is 
independent from the regulatory environment. If the technology works, then 
the value proposition of a driver is already obsolete. 
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The Robotaxi Economics 

Now let's talk about what happens when the Robotaxi network does scale, 
because the economics are frankly staggering. 

I've seen estimates ranging all over the place, but the consistent theme across 
my analysis is this: the cost to operate a self-driving vehicle is going to 
plummet to somewhere around 30 cents per mile - probably lower. 

A typical Uber ride costs passengers $2-3 per mile in most markets, with the 
driver taking a cut and Uber taking a cut. The fully-loaded cost of operating 
that ride - including the driver's time, vehicle depreciation, fuel, insurance, 
everything - is roughly $2.80 per mile on average in the US. Much higher in 
dense urban areas like New York or San Francisco. 

Now you have a Tesla Robotaxi operating at 30 cents per mile. Even if Tesla 
charges $1.50 per mile to passengers - significantly cheaper than Uber - 
they're making over a dollar of margin on every mile driven. At scale, with 
millions of vehicles operating around the clock, the numbers become 
astronomical. 

And unlike human drivers, these vehicles don't need breaks. They don't have 
shifts. They can operate 20+ hours per day with only charging downtime. A 
single Robotaxi could replace three to five Uber drivers in terms of 
passenger-miles served. 

The cost per mile advantage isn't incremental. It's transformational. This is 
why I've said in the past that Uber is completely and utterly cooked by this 
dynamic. Not damaged. Not hurt. Cooked. 

 

The Cybercab Factor 

Now, I should mention the Cybercab specifically, because it's going to 
accelerate these economics even further. 

Tesla's current Robotaxi deployment uses existing vehicles - Model Ys, cars 
that were designed for human drivers. They work fine for this purpose, but 
they're not optimized for it. They have steering wheels and pedals that 
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nobody in a Robotaxi needs. They're designed for a use case that doesn't 
apply. 

The Cybercab is Tesla's purpose-built Robotaxi vehicle. Two seats facing 
forward. No steering wheel. No pedals. Compact form factor. Top speed of 
100 miles per hour. Giant screen. Designed from the ground up for 
autonomous passenger transport. 90% of rides in the US are 2 people or less. 
You see what I’m saying? 

Why does this matter? Because purpose-built is always cheaper and better 
than retrofitted. 

A Cybercab will cost significantly less to manufacture than a Model 3 because 
there's less stuff in it. No steering column, no brake pedal, no mirror 
adjustments, no controls that a human driver would need. You can fit more 
of them in a manufacturing line. The bill of materials is simpler. 

And because it's designed for Robotaxi use, the interior can be optimized for 
passengers. More comfortable seating. Better placement of screens and 
entertainment. Easier entry and exit. All the things you want when you're 
designing a car that will transport thousands of different passengers rather 
than one owner. 

When Cybercab production ramps - and Tesla is targeting somewhere around 
800,000 units per year capacity by 2027 based on my calculations - the cost 
per mile will drop even further. I've seen projections as low as 25 cents per 
mile or even sub-20 cents at scale. At those numbers, Robotaxi rides become 
cheaper than owning a car for a lot of people. 

Think about what that does to car ownership patterns. If hailing a Robotaxi is 
cheaper than the monthly cost of car payments, insurance, maintenance, and 
fuel combined - why would you own a car? Especially if you live in an urban 
area where parking is a nightmare anyway? 

This is why I think the long-term impact of Robotaxis goes way beyond ride-
hailing. It changes the entire structure of personal transportation. The 
second-order effects are massive. 
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What Happens to Uber 

I should probably expand on the “Uber is cooked” bit, because it sounds 
extreme. And look, Uber is a multi-hundred-billion-dollar company. They're 
not going to disappear overnight. Their CEO is my Persian Brother from 
another mother. But their current business model is fundamentally 
uncompetitive with Robotaxi economics. 

Uber's entire value proposition is connecting riders with drivers. They take a 
percentage of each ride for providing that connection. But what happens 
when you don't need drivers? 

You might think Uber could just add self-driving vehicles to their platform. 
And they’re already trying it with Waymo. In Austin, the only way to get a 
Waymo self-driving car is through Uber. But this exposes a core vulnerability: 
Uber doesn't manufacture vehicles. They don't develop autonomous driving 
software. They're a matchmaking service. 

If Tesla operates its own Robotaxi network - which is exactly what they're 
doing - why would Tesla let Uber take a cut? Tesla can go direct to 
consumers. Tesla can capture the entire margin. Uber becomes an 
unnecessary middleman. 

The only scenario where Uber survives in recognizable form is if they 
become a platform that aggregates across multiple Robotaxi providers. But 
even then, they're fighting for a slice of a pie that's dramatically smaller than 
the current human-driver model generates. Tesla’s fleet will be 100x larger 
than everyone else combined for the foreseeable future. How do you 
compete with that? The platform fee on a Robotaxi ride isn't going to be 
25% like it is with human drivers - there's no driver to subsidize or recruit. So 
Uber loses on cost AND scale. 

I've heard the argument that Uber has brand recognition and customer 
relationships. Sure. But customers have relationships with lots of companies 
that got disrupted. People had relationships with Blockbuster too. Brand 
loyalty doesn't mean much when someone else offers a better product at half 
the price. 
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The same logic applies to Lyft, though honestly Lyft was already struggling to 
achieve real profitability even before Robotaxis. The transition is going to be 
painful for both, but the direction is clear. 

 

The Regulatory Reality 

Now I want to address something that comes up constantly in discussions 
about self-driving vehicles: regulation. 

And the argument goes like this: "Even if the technology works, regulators 
will never approve truly unsupervised Robotaxis. There will be endless 
bureaucratic delays. Liability issues will be impossible to resolve. Tesla's 
timeline is wildly optimistic." 

I'm not going to pretend that regulatory approval is simple. It's not. Different 
states have different rules. Some jurisdictions will be faster than others. There 
will absolutely be friction. 

But I think people overweight the regulatory obstacle and underweight the 
technological one. The technology is the hard part. The technology is what 
people said would never work. And the technology is increasingly working. 

Once you have self-driving vehicles that are demonstrably safer than human 
drivers - and the data is showing exactly that - the regulatory argument shifts 
from "should we allow this?" to "can we afford not to?" 

40,000 people die in car accidents in the United States every year. The vast 
majority of those accidents are caused by human error. If AI systems can 
reduce that number significantly - and FSD safety statistics suggest they can - 
then blocking autonomous vehicles becomes a choice to let people die. 

That's a hard position for regulators to defend indefinitely. Eventually, they 
will have to cave. Not to mention the massive economic benefits of having 
cheap, reliable, safe point to point transport at your fingertips. 

I think what we'll see is a patchwork rollout. Some states will approve 
quickly. Others will lag. Eventually the successes will create pressure on the 
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holdouts. The same pattern we saw with EV adoption generally. Will 
definitely be slower, but it’s inevitable. 

Austin is already live. California is happening. Arizona has been approving 
expansions. The momentum is building. Anyone betting that regulation 
permanently blocks this is betting against a force that saves lives and reduces 
costs. I wouldn't take that bet. 

 

The Safety Argument 

I want to spend a moment on the safety statistics because they're often 
underappreciated in this debate. 

Tesla publishes quarterly safety reports comparing FSD and Autopilot to 
both Tesla vehicles with no automation engaged and to national averages. 
The numbers are stark. Tesla vehicles using FSD or Autopilot have 
significantly fewer accidents per million miles than human drivers. This is not 
just a Tesla phenomenon; it’s a self-driving one. Waymo has similar statistics 
for their operations. 

Now, skeptics will point out various methodological issues with these 
comparisons. FSD is mostly used on highways and in good conditions. 
Human accident rates include all driving, including challenging situations. 
The comparisons aren't perfectly apples-to-apples. 

Fair enough. But even accounting for methodology, the trend line is clear: as 
the AI gets better, the safety gap widens. Every version of FSD is safer than 
the last. The trajectory points toward a future where letting humans drive is 
the risky choice, not the safe one. 

And this creates real moral pressure on regulators. How do you tell a family 
that lost someone in a car accident that you're blocking a technology that 
could have saved their loved one? How do you justify protecting jobs when 
the cost is measured in human lives? 

These AI systems will save lives. Regardless of what you think of Tesla as a 
company, regardless of what you think of Elon Musk as a person, it is an 
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objective fact that this technology will reduce deaths from auto accidents 
once it's widely deployed. The only question is how quickly we get there. 

Some people argue that we should wait until the technology is absolutely 
perfect before deploying it. But perfect is the enemy of good. Human drivers 
kill over 40,000 people per year in the United States. A self-driving system 
that's merely twice as safe as humans would cut that number in half. Should 
we wait years for perfection while people die in preventable accidents? 

I don't think so. And increasingly, neither do regulators. 

 

The Technology Behind the Wheel 

I want to get a bit more specific about how FSD actually works, because I 
think understanding the technology helps explain why I'm so confident in its 
trajectory. 

Traditional approaches to autonomous driving involved writing rules. Lots of 
rules. If this happens, do that. If you see a stop sign, stop. If a pedestrian is in 
the crosswalk, wait. If the light is green and the intersection is clear, proceed. 

The problem with rules-based systems is that driving involves infinite 
situations. You can't write a rule for everything. What happens when there's a 
construction zone with a worker waving you through a red light? What 
happens when the lane markings are covered by snow? What happens when 
someone does something completely unexpected? 

Rules-based systems handle edge cases poorly because every edge case 
requires a new rule. And the rules have to interact correctly with all the other 
rules. The complexity explodes. 

Tesla's end-to-end neural network approach is fundamentally different. 
Instead of writing rules, they train a neural network on actual driving 
behavior. The network sees what the world looks like through cameras. It 
sees what human drivers do in response. It learns the mapping between visual 
input and appropriate action. 
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This is more similar to how humans actually learn to drive. Nobody hands 
you a rule book with ten million entries. You watch, you practice, you 
develop intuition. The neural network does something analogous, except it 
can learn from millions of drivers simultaneously. 

And the thing about this approach is that it scales differently. More data 
makes the network better. More edge cases just become more training 
examples. As the system handles more situations, it simply gets more capable 
without adding complexity. 

And because every Tesla vehicle is potentially collecting data, the training set 
grows constantly. The network sees rare situations across the entire fleet and 
learns from them. An edge case that any individual driver might encounter 
once in a lifetime, the fleet encounters hundreds of times per day. 

And the comparison to Waymo goes beyond manufacturing scale. It comes 
down to data scale and approach. We're talking about building a system that 
fundamentally improves with size rather than one that requires more 
complexity to handle more situations. 

 

The V14 Inflection Point 

So now I want to get specific about the current state of FSD, because I think 
we're at the inflection point where The Convergence thesis starts to play out. 

Version 14 of Tesla's FSD stack, which has been rolling out to vehicles, 
represents a significant leap in capability. The smoothness of interventions, 
the handling of complex scenarios, the confidence of the system - it's 
dramatically better than what we saw even a year ago. 

I've been doing FSD drives regularly and tracking the improvement on my 
YouChannel (Farzad, like and subscribe). The difference between V12 and 
V14 is like night and day. V12 was impressive but clearly needed babysitting. 
V14 feels like a competent driver that rarely needs a correction - if ever. And 
those corrections are not safety related - they come down to preference. “Oh 
it should’ve moved over just a tad bit faster”. “Eh it’s waiting here too long”. 
Stuff like that. The trajectory toward truly unsupervised operation is clear. 
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And this is with hardware that's been in vehicles for years. When AI5 - 
Tesla's next-generation compute hardware - begins deploying, the system will 
have significantly more processing power to work with. More compute 
means more capability, means handling more complex scenarios, means 
fewer edge cases where human intervention is needed. 

The progress isn't linear. It's been accelerating. Each version improves faster 
than the last because the neural network is getting smarter at learning from 
data. The flywheel from Chapter 1 applies directly here: more data makes the 
AI better, better AI collects more useful data, the cycle accelerates. 

I think that within the next three to nine months from the date of publishing 
this book (February 14th, 2026), we're going to see a storm of self-driving 
Teslas operating in metropolitan areas that approve the technology. At that 
point, the scale advantage becomes impossible to ignore. 

 

The Human Driver Endgame 

I want to zoom out and connect this back to the theme of this book. 

Full Self-Driving represents something much bigger than Tesla, Robotaxis, or 
rideshare market share. What matters most is what happens when AI can 
replace human labor in a major category. 

Driving is one of the most common occupations in many countries. In the 
United States alone, there are roughly 3.5 million professional truck drivers, 
millions of taxi and rideshare drivers, delivery drivers, bus drivers. Driving-
related occupations collectively employ a lot of Americans - and we’re not 
even talking about those of us that drive because we want to. Or because we 
have to. 

FSD represents the first wave of AI in the physical world that's going to 
displace jobs immediately and at scale. Not gradually over decades. Over 
years. 

This is going to bring about amazing safety improvements. The reduction in 
accidents alone will save tens of thousands of lives per year once fully 



 41 

deployed. The cost per mile for transportation will drop dramatically, making 
mobility more accessible to everyone. These are genuine benefits that will 
improve people's lives. 

But it's also going to eliminate jobs. Real jobs held by real people who 
currently make their living driving. And unlike previous technological 
disruptions where new jobs emerged to replace old ones, I'm not sure what 
driving-equivalent employment emerges for displaced drivers when AI is 
deployed everywhere digitally, and robots start becoming real in the physical 
world. 

This is the pattern we're going to see repeated across industry after industry 
as AI capability grows. Tremendous benefits for consumers and capital 
owners. Tremendous displacement for workers in affected categories. Don’t 
think about the technology itself being either good or bad - it's a forcing 
function that creates both outcomes simultaneously. 

I'll discuss what this means for different segments of the population in Part II 
of this book. But I wanted to flag it here because FSD is the proof of 
concept. Whatever you think is going to happen with AI and labor broadly, 
FSD is the canary in the coal mine. It's showing us exactly how this plays out. 

 

The Scalability Question 

Now, I want to return to the competitive question one more time, and I want 
to be intellectually honest about where I could be wrong. 

The case for Waymo is stronger than Tesla bulls often admit. They have 
working Robotaxis operating right now - not supervised, not beta, genuinely 
autonomous. They're owned by Google, which has deep pockets, world-class 
AI talent, and patience measured in decades. Their safety record within 
operating domains is excellent. Their technology works. 

If I'm wrong about scalability mattering more than early technical leads, 
Waymo could prove to be the better approach. Maybe mapping gets 
dramatically cheaper and faster. Maybe they find manufacturing partners who 
can produce at scale. Maybe the geofenced model expands city by city until 
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it's effectively everywhere. I'm betting they can't scale fast enough, but I've 
been wrong before. 

My thesis anyway: I think the winner is determined by who can deploy 
everywhere, not who achieves perfect operation somewhere. 

Working Robotaxis in geofenced areas are impressive. But translating that to 
nationwide coverage requires either mapping everywhere or developing the 
kind of generalizable AI that Tesla is building. Google's deep pockets can 
fund either approach - but money can't buy the billions of real-world training 
miles that Tesla's fleet generates every day. 

Waymo's path to matching Tesla's scale requires either: building 
manufacturing capability from essentially zero to millions of units per year, or 
licensing their technology to automakers who can manufacture at scale. 

Option one would take years and billions of dollars. The manufacturing 
learning curve is steep, and even Google's resources don't shortcut the time 
required to build production expertise. 

Option two runs into partnership challenges. Any automaker who licenses 
Waymo's technology becomes dependent on a partner. If you're Toyota or 
Ford, do you want Google as a gatekeeper for your vehicle's most critical 
feature? Some might accept that tradeoff. Many won't. 

The same logic applies to GM's Cruise, to Apple's abandoned car project, to 
anyone else trying to solve autonomous driving. The data advantage from 
having millions of vehicles on the road, constantly training, is almost 
impossible to replicate from behind. 

Some people have suggested that Chinese companies like Huawei or BYD 
might catch up through sheer scale of the Chinese market. And I take that 
seriously - China shouldn't be underestimated, and I'll discuss the US-China 
competition in depth later. But even Chinese manufacturers face the 
challenge of building end-to-end neural network capability from scratch. 
They can see what Tesla has achieved; replicating it is much harder. 
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The Timeline Debate 

I want to address the timeline question directly because I know it's where 
skepticism is highest. 

Predictions about autonomous vehicles have been notoriously wrong. 
Companies have promised Robotaxis for years and under-delivered. Every 
timeline Elon Musk has given for FSD has slipped. The skeptical position is 
that this pattern will continue indefinitely. 

I understand this skepticism. And I'd acknowledge that specific date 
predictions are difficult. When I say "within months" or "by 2027," I'm giving 
my best estimate, not a guarantee. 

But I'd push back on the idea that past delays mean the technology never 
arrives. The difference between "taking longer than predicted" and "never 
happening" is enormous. And the technology is clearly arriving. V14 is 
demonstrably close to unsupervised capability. Regulatory approvals are 
accumulating. Robotaxi networks are launching. 

The question isn't whether self-driving cars work. They work. The question is 
how quickly deployment scales. And on that question, I think the skeptics are 
underestimating how fast this can move once the regulatory gates open. 

Consider this: right now Tesla has millions of vehicles that could potentially 
operate as Robotaxis with a software update. Not future vehicles. Current 
vehicles. When approval comes for unsupervised operation in major markets, 
deployment doesn't require building new factories or manufacturing new 
cars. It requires flipping a switch. 

That's unprecedented in technology deployment. Usually scaling requires 
building things. In this case, the things are already built and waiting. 

 

Where does this leave us? 

Full Self-Driving is the proof point for everything I discussed in Chapter 1. It 
demonstrates that AI can learn complex real-world tasks. That data advantage 
compounds over time. That vertical integration - designing the car, the 
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software, the neural network, the compute hardware, the manufacturing - 
creates advantages that horizontal players can't match. 

And it shows us what the transition looks like in practice. Revolutionary 
technology that genuinely improves lives. Massive disruption to existing 
industries. Jobs eliminated. Wealth created. A forcing function for societal 
change. 

This is a microcosm of the abundance or collapse choice. FSD success means 
cheaper, safer transportation for everyone - a step toward abundance. But it 
also displaces millions of drivers. How we handle that displacement 
determines whether this technology becomes a blessing or a source of social 
chaos. The same pattern will repeat across every industry The Convergence 
touches. 

Robotaxis are coming. The death of human drivers as a mass profession is 
not a question of if but when. And "when" is measured in years, not decades. 

In the next chapter, I'm going to talk about Optimus - Tesla's humanoid 
robot program. Because if you think replacing human drivers is 
transformational, wait until you see what happens when robots can replace 
human labor in virtually any physical task. 

The flywheel is just getting started. And so is the disruption. 
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Chapter 3 

Optimus and the $40 Trillion Labor Market 

At the end of the last chapter, I told you that Full Self-Driving is just the 
beginning. That replacing human drivers is transformational, but it's actually 
the warm-up act for something much bigger. 

I wasn't being dramatic. I was being literal. 

This chapter is about Optimus - Tesla's humanoid robot program. Just like 
the previous use case, use this as a framework to think about how AI is 
disrupting the real world today - in the physical world. Not just in the digital 
world like we’ve all already seen, with tools like ChatGPT, Gemini, Claude 
Code, and so many others. It doesn’t even have to be Optimus - it can be any 
humanoid robot or company. 

But with Optimus, I think it's going to be the most important product in the 
history of not just Tesla - but civilization. Tesla will be remembered as an AI 
company because of this product. The future will literally be shaped by these 
machines. 

And the reason why is because humanoid robots will eventually do the work 
of humans. Any human. All they need is intelligence. And that intelligence is 
about to hit an inflection point. 
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The Size of the Opportunity 

I want to start with a number that puts everything in perspective. 

The global market for human labor is somewhere north of $40 trillion per 
year. That's not a typo. Forty trillion dollars. Every year. 

This includes everyone who works for a living. Factory workers. Warehouse 
workers. Delivery drivers. Healthcare aides. Construction workers. Retail 
employees. Food service workers. Janitors. Landscapers. The list goes on and 
on and on. Basically anything a human does in the physical world that doesn’t 
involve a computer - aka Blue Collar jobs. 

If you can build a robot that replaces even a fraction of that labor - at lower 
cost and higher reliability - you're looking at an addressable market that 
dwarfs anything else in technology. Dwarfs it. 

For context, the entire global automotive industry is worth around $3 trillion 
per year. The global smartphone market is under a trillion. Cloud computing 
is approaching that level. These are massive industries by any normal 
measure. 

The labor market is an order of magnitude bigger than all of them. 10 times. 
At least. 

And that's what Optimus is going after. Not some niche application. Not a 
specific vertical. The fundamental economic activity of human beings 
working in the physical world. 

 

Why Most People Underestimate This 

I've been talking about humanoid robots for years now, and the response I 
get from most people falls into a few categories. 

Some people think it's a gimmick. A PR stunt that Tesla and other companies 
trots out at events to generate headlines. They saw the early demos where the 
robot moved awkwardly and needed human operators, and they wrote it off 
as vaporware. They compare it to other Tesla announcements that seemed 
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ambitious - the Cybertruck, the Semi, the Roadster 2.0 - and assume that 
Optimus will follow a similar pattern of delays and modified expectations. 

Some people think humanoid robots are decades away from being useful. 
They point to decades of robotics research that produced limited results. 
They cite Honda's ASIMO, which first walked in 2000 and was discontinued 
in 2018 without ever becoming commercially viable. They mention 
SoftBank's Pepper, which was supposed to revolutionize service robotics but 
ended up being mostly a curiosity. They assume that because progress has 
been slow historically, it will continue to be slow. 

And some people think Tesla specifically can't pull this off. They're a car 
company. What do they know about humanoid robotics? Surely companies 
like Boston Dynamics with decades of robotics experience would be better 
positioned. Boston Dynamics has been working on humanoid robots since 
Atlas first appeared over a decade ago. They have the engineering expertise, 
the institutional knowledge, the patents. Why would a car company be able to 
leapfrog all of that? 

I think all three of these views are wrong. I'm going to explain why. And just 
like the section about self-driving, the conclusion will be that the scale of 
Optimus will be the game changer. Scale will cause this technology to be 
absolutely everywhere. And there’s nothing anyone can do to stop it. 

 

The AI Connection 

Optimus is fundamentally an AI project. The robotics part is just the body. 
The brain is what matters. 

Think about what Tesla has built with Full Self-Driving. They've created an 
end-to-end neural network that takes visual input from cameras, processes it 
through a trained model, and outputs actions in the physical world. The car 
sees the road, understands the situation, and decides how to navigate. 

Now apply that same approach to a humanoid robot. 
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Optimus has cameras for eyes. It takes visual input and processes it through 
neural networks - the same fundamental architecture as FSD. The output isn't 
steering and braking. It's arm movement, hand coordination, walking. But the 
underlying AI approach is identical. 

And this is why Tesla is positioned to move faster than people expect. 
They're not starting from zero on the AI side. They have years of experience 
building neural networks that operate in the physical world. They have the 
infrastructure for training at massive scale. They have the talent, the compute, 
the data pipelines. 

Traditional robotics companies often struggle with AI. They might be great at 
mechanical engineering, at building bodies that can move, but the intelligence 
layer is where things get stuck. Boston Dynamics makes robots that can do 
incredible acrobatic feats, but programming them to handle novel situations 
in the real world is a different challenge. 

Tesla is approaching from the opposite direction. They start with AI that 
understands the world, then build a body for it to inhabit. I think that's the 
correct order of operations for building useful humanoid robots. 

Consider what happened with FSD. We walked through it. People thought it 
was impossible. Now there’s coast to coast drives without anyone touching 
anything. In another few months to a year, people will be able to sleep in 
their cars for the entire duration of the drive. 

The lesson? Don't bet against the AI learning curve when you have the data 
pipeline and compute infrastructure to support it. Tesla has both. 

 

The Same Scaling Approach as FSD 

I want to draw the parallel more explicitly, because it's central to 
understanding why Optimus development is going to accelerate faster than 
most expect. 

With FSD, the neural network got better as Tesla collected more driving data. 
Every mile driven by every Tesla became training data. The more cars on the 
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road, the more edge cases encountered, the faster the system improved. 
Intelligence scaled with data. 

Optimus follows the same pattern. The more robots operating in the world, 
the more situations they encounter, the more training data they generate, the 
better the AI becomes. And as the AI improves, the robots become capable 
of handling more complex tasks, which means they can be deployed in more 
situations, which generates more data. 

This is the flywheel effect yet again. The improvement is exponential once 
you hit the threshold where the robots are useful enough to deploy at scale. 

Now Tesla's manufacturing expertise becomes critical. Building a few 
hundred prototype robots is one thing. Building millions of production units 
per year is something entirely different. It requires manufacturing capability 
that very few companies in the world possess. 

Tesla can make two million cars per year. Each of those cars is a complex 
electromechanical system with thousands of components that need to work 
together precisely. The company has spent over a decade optimizing 
manufacturing processes, building supply chains, training workforces. 

All of that applies to Optimus production. The body is different, but the 
manufacturing challenges are similar. Precision assembly. Quality control at 
scale. Supply chain management. Tesla knows how to do this. 

Boston Dynamics, for all their robotics expertise, has never manufactured 
anything at scale. Their robots cost hundreds of thousands of dollars each, 
and they produce them in small batches. Scaling from prototype to millions 
of units per year isn't something you figure out overnight. 

This is why Tesla's projection of millions of Optimus units per year is 
credible. They're not guessing about manufacturing feasibility. They do this 
every day with vehicles. 

The manufacturing overlap goes deeper than you might think. Tesla already 
produces motors, battery packs, power electronics, cameras, compute chips, 
and wiring harnesses at massive scale. Optimus uses versions of all these 
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components. The supply chains overlap. The expertise transfers. The same 
factory workers who build vehicle subassemblies can be trained to build 
robot subassemblies. 

This is vertical integration in action. Tesla doesn't just assemble robots from 
parts other companies make. They design and manufacture the critical 
components themselves. The actuators. The hands. The inference computer. 
The battery pack. When you control the whole stack, you can optimize in 
ways that companies buying off-the-shelf components cannot. 

They're an engineering company that happened to start with cars and is now 
expanding into robotics using the same integrated approach that made them 
successful in vehicles. 

 

Starting Simple, Climbing the Ladder 

I want to address the question of what Optimus will actually do, because I 
think there's confusion about the near-term path versus the long-term vision. 

The long-term vision is a humanoid robot that can do essentially anything a 
human can do. Walk on any terrain. Pick up any object. Learn any task. 
Operate in any environment. That's the end state. 

But you don't get there in one leap. You get there by climbing the complexity 
ladder one rung at a time. 

The first deployments of Optimus are going to be in Tesla's own factories. 
Controlled environments where the tasks are well-defined and repetitive. Pick 
up this part. Move it over there. Place it in this assembly. Repeat. 

These are tasks that don't require massive intelligence. They require reliability 
and precision. The robot doesn't need to understand the meaning of what it's 
doing. It just needs to execute consistent motions thousands of times per day 
without errors. 

Even at this level, Optimus starts generating real value. Even basic pick-and-
place tasks, done at sufficient scale, represent significant labor cost. If one 
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Optimus unit can replace the work of one human for specific factory tasks - 
even just a subset of tasks initially - that's economically meaningful. 

As the AI improves, the robots can handle more complex tasks. A key thing 
to remember is that the brain is the most important part of the robot - not 
the hardware. Tasks that require adaptation. Tasks where the environment 
isn't perfectly controlled. Tasks where objects aren't always in the exact same 
position. These are all primarily driven by how advanced the brain is. 

And as they handle more tasks, they collect more training data. The flywheel 
accelerates. 

I've seen projections suggesting that Tesla will have thousands of Optimus 
units working in their own facilities within the next year or two. Working 
units performing actual manufacturing tasks. That's the inflection point 
where the learning really accelerates, and we’ll know for sure when these 
advancements start showing up in Tesla’s financials as cost savings. 

The beauty of deploying first in your own factories is that you control the 
environment. You can redesign workstations to make tasks easier for robots. 
You can standardize component presentation. You can iterate rapidly based 
on what you learn. It's the ideal training ground. 

And think about what those thousands of robots will be doing all day, every 
day. Performing tasks. Encountering variations. Learning to handle 
unexpected situations. All of that data flows back into the training pipeline. 
The neural networks improve. New capabilities get deployed to the fleet. The 
cycle repeats. 

This is exactly what happened with FSD. Tesla vehicles became the training 
data generation system. Now Optimus units will become the training data 
generation system for physical labor tasks. The approach is proven. It's just 
being applied to a different domain. 
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The Labor Cost Math 

The cost to manufacture an Optimus unit at scale is going to be somewhere 
in the range of $20,000 to $30,000. Tesla has explicitly stated targets in this 
range. That's per robot. A one-time cost. 

Now compare that to human labor. The minimum wage in the United States 
varies by state, but let's use $15 per hour as a representative number. At 40 
hours per week, 50 weeks per year, that's $30,000 per year in wages alone. 
Add employment taxes, benefits, training, turnover costs, and you're easily 
north of $40,000 per year fully loaded - at least. 

So the robot costs roughly what a human worker costs for one year. Except 
the robot works for years before needing replacement. And it can operate 
more hours per day. And it doesn't need healthcare. And it doesn't call in 
sick. And once trained, it doesn't forget. And it automatically learns more 
skills with software updates, based on what the other robots in the fleet 
learned that day. 

As production scales and costs come down - which they will, following the 
same learning curves as Tesla's other products - the economics become even 
more compelling. A robot that costs $20,000 and operates for five years is 
effectively working for $4,000 per year. That's less than a dollar per hour 
equivalent. 

Try competing with that if you're a company paying human workers $20 per 
hour. 

Now multiply this across the entire global labor market. Every factory. Every 
warehouse. Every fulfillment center. Every farm. Every construction site. 
Every hospital. Every retail store. 

At a certain point, not deploying robots becomes a competitive disadvantage 
so severe that it threatens the existence of companies that don't adapt. The 
companies that automate will have cost structures that companies relying on 
human labor simply cannot match. 
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This is the forcing function for the age of abundance that I'll discuss more in 
Part II. When labor becomes cheap enough that scarcity of human workers is 
no longer the constraint, the economics of production fundamentally change. 

 

What Robots Will Actually Do 

I want to get concrete about applications because abstract discussions of 
"labor replacement" don't capture the reality of what's coming. 

Start with manufacturing. Factories already use robots extensively, but they're 
mostly fixed automation - robot arms bolted to the floor doing one specific 
task. Humanoid robots change the game because they can move between 
workstations. They can handle tasks that currently require human flexibility. 
They can be redeployed when production lines change. 

A single humanoid robot that can walk to different parts of a factory, pick up 
different tools, and perform a variety of assembly tasks is fundamentally 
more versatile than a fixed robot arm. You don't need to redesign your entire 
factory floor when you change your product. You retrain the robots. 

Then there's warehousing and logistics. Amazon's fulfillment centers are 
already heavily automated, but humans still do a lot of the picking and 
packing. Items on shelves need to be grabbed. Orders need to be assembled. 
Packages need to be loaded. These are exactly the kinds of repetitive physical 
tasks that humanoid robots can learn. 

Agriculture is another massive category. Harvesting fruits and vegetables. 
Pruning. Weeding. Planting. These are labor-intensive activities that currently 
rely on seasonal workers, many of them migrants, and many of them without 
legal status. A robot that can pick strawberries - carefully, without crushing 
them, at sufficient speed - disrupts an entire segment of the agricultural labor 
market. 

Construction is harder but still on the list. Carrying materials. Basic assembly 
tasks. Cleanup. Even tasks that seem simple to humans require significant 
dexterity and adaptability, but the trajectory of improvement suggests these 
become achievable over the next decade. 
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Healthcare support is particularly interesting. Not diagnosis or surgery - those 
require specialized expertise, at least for the short to medium term. But the 
physical work of caring for patients. Helping people move. Fetching supplies. 
Changing linens. The aging population in developed countries is creating a 
severe shortage of healthcare workers. Robots that can handle basic physical 
care tasks would be enormously valuable. 

Every one of these applications represents billions of dollars of labor cost 
that could shift from humans to robots. Add them all up and you start to see 
why the $40 trillion number isn't an exaggeration. It's the actual size of the 
opportunity. And that number is before we think about the new markets that 
open up when physical labor plummets by more than 80%. The market is 
likely 2-5x bigger - at least. Likely much, much larger, especially as we start 
thinking about harvesting the Moon, asteroids, Mars, and other bodies in our 
solar system. 

When you can have quasi-infinite labor by just manufacturing the labor 
(instead of humans having sex) that can also survive in extreme conditions, 
things get really… weird. 

 

The Robots-as-a-Service Model 

Now, I should mention that Tesla (or any humanoid robot player) isn't 
necessarily going to sell every robot outright. There's a strong case for a 
robots-as-a-service model where companies pay a recurring fee for robot 
labor rather than purchasing units. 

Think about it from a customer's perspective. You're running a warehouse. 
You need flexible labor capacity. Sometimes you need more workers during 
peak seasons, fewer during slow periods. 

If you buy robots, you're stuck with fixed capacity. If you lease them - pay by 
the hour or by the task - you get flexibility. And the leasing company handles 
maintenance, updates, replacements. You just pay for the labor you use. 

From Tesla's perspective, this model has advantages too. Recurring revenue 
is more predictable than one-time sales. Leasing keeps robots in their 
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ecosystem rather than handing them off to customers. They can update the 
software fleet-wide and improve capabilities over time. 

I wouldn't be surprised if the dominant deployment model ends up being 
some kind of labor-as-a-service arrangement. You call up Tesla, say you need 
robot capacity for your warehouse, and units show up ready to work. Like 
staffing agencies, but robots. They’ll probably be delivered in self-driving 
Teslas. 

The business model flexibility adds another dimension to the opportunity. 
Whether selling or leasing, the addressable market remains the same 
enormous number - $40+ trillion in global labor. 

 

The Insurance Advantage 

Something that doesn't get discussed enough: insuring robots is going to be 
way cheaper than insuring humans. 

Human workers get injured. They file workers' compensation claims. They 
have health issues that affect their ability to work. They have families that 
need to be covered. The total cost of employment includes substantial 
insurance and liability expenses. 

Robots don't get hurt in the same way. They don't need health insurance. 
Their "injuries" are mechanical failures that get repaired or replaced. The 
liability profile is completely different. 

A company running a warehouse with robots instead of humans saves on 
way more than wages. They're also saving on healthcare costs, on workers' 
comp premiums, on liability insurance. The fully-loaded cost comparison is 
even more favorable to robots than the raw wage comparison suggests. 

This is one of those second-order effects that accountants will love. When 
you're modeling whether to deploy robots, the insurance savings alone might 
justify the decision for some applications - even if the robots cost the same as 
humans, or more. 
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Why This Isn't a Side Project 

Something I've said before and will say again: Optimus, and humanoid robots 
in general, is the main event for Tesla. Everything else they do is secondary. 

The car business is great. Energy storage is great. Solar is great. These are 
multi-billion-dollar businesses that Tesla will continue to operate and grow. 

But when I think about what takes Tesla from a market cap in the hundreds 
of billions to multiple trillions - potentially tens of trillions over a 20-year 
time horizon - it's Optimus. 

The labor market is just that big. Capturing even a small percentage of $40+ 
trillion annually represents a business larger than anything Tesla currently 
operates. Capturing a significant percentage - 10%, 20%, more - represents a 
company that's one of the largest economic entities ever created. 

I know that sounds hyperbolic. But run the numbers. 10% of $40 trillion is 
$4 trillion in annual revenue. What's that worth as a company? Apply a 
reasonable multiple to a business with those characteristics and you get 
numbers that make today's Tesla valuation look small. 

And honestly, this is why I think most analysis of Tesla completely misses the 
point. People debate whether Tesla can sell 5 million cars or 10 million cars. 
They argue about energy storage growth rates. They model Robotaxi revenue 
scenarios. 

These are all interesting questions for the near term. But the long-term story 
is Optimus. Everything else is financing the development of the thing that 
actually matters. 

 

The Competition Question 

What about other companies? Surely Tesla isn't the only one working on 
humanoid robots. 
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They're not. Figure has made impressive progress. Boston Dynamics 
continues to develop Atlas. Chinese companies are investing heavily. Startups 
are emerging with various approaches. 

But I keep coming back to the same factors that give Tesla advantages in 
FSD. 

Manufacturing scale: Tesla can produce millions of units per year because 
they already do that with cars. Other robotics companies would need to build 
manufacturing capability from scratch. 

AI expertise: Tesla has spent years developing neural networks that operate in 
the physical world. This directly transfers to humanoid robotics in a way that 
traditional robotics approaches don't. 

Data collection: Once Tesla has thousands of Optimus units operating, they'll 
be generating training data at a rate others can't match. The flywheel effect 
kicks in. The lead extends. 

Vertical integration: Tesla designs their own chips, builds their own software 
stack, manufactures their own hardware. They can optimize across the full 
system in ways that companies assembling pieces from different vendors 
cannot. 

Financial resources: Developing humanoid robots to the point of mass 
deployment requires billions of dollars of investment. Tesla generates billions 
in free cash flow from their existing businesses. They can self-fund 
development at a pace that startups and even well-funded competitors 
struggle to match. 

Could someone else catch up? Theoretically, yes. But they'd need to close 
gaps across all of these dimensions simultaneously. The practical path to 
doing that isn't obvious. 

I should mention Chinese competition specifically because China is 
formidable in manufacturing and increasingly capable in AI. The Chinese 
government is prioritizing robotics as a strategic industry. This isn't a space 
where American companies can assume they'll dominate by default. I would 
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strongly urge everyone to deeply research China’s humanoid robot efforts, 
because they are truly extremely impressive. 

But even China faces the integration challenges I've described. Building 
robots at scale requires the same convergence of AI capability, manufacturing 
expertise, and vertical integration that Tesla has spent over a decade 
developing. Chinese companies are working on it, and some will likely 
become significant players. But the timeline for any competitor to match 
Tesla's integrated approach is measured in years, not months. 

And during those years, Tesla will continue to advance. The flywheel keeps 
turning. The data keeps accumulating. The lead keeps extending. By the time 
competitors catch up to where Tesla is today, Tesla will be somewhere else 
entirely. But the Chinese will continue to get closer over time. This is 
inevitable. They have an entire government pushing them towards one 
outcome - complete and total domination in AI, robotics, and energy. The 
Convergence is part of their entire national mantra. 

You’ll see why this is existential in the next section of this book. 

 

Where I Could Be Wrong 

I've laid out the bull case for Optimus in detail. Now let me tell you what 
keeps me honest. There are real ways this thesis could fail, and you should 
understand them before you buy into my optimism. These aren't trivial 
obstacles either - they're real risks that could delay everything I'm describing. 

Timeline uncertainty is the first risk. I could be two to three years early on 
these predictions, or more - Elon time is famously optimistic. Full Self-
Driving was supposed to be solved by 2017. The Cybertruck shipped years 
late. The Roadster 2.0 is still nowhere to be seen. The Semi took forever. 
When Elon says "next year," experienced observers add a few years to the 
estimate. 
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The bullish projections I've outlined assume Tesla executes on, or near 
schedule. History suggests they probably won't. The technology will likely 
arrive - but my timelines could be significantly off. 

Regulatory barriers are the second risk - and I think this one is under 
appreciated. We don't have a framework for certifying humanoid robots to 
work alongside humans. None. Zero. The FDA, OSHA, and liability 
frameworks aren't designed for this. Perhaps they won’t need to be, but you 
bet your butt that there will be massive efforts to either a) regulate or b) slow 
down a technology that will fundamental disrupt the biggest market on the 
planet. 

But there are legit questions - who's liable when the humanoid injures 
someone? Is it the manufacturer? The operator? The company that deployed 
it? There's no case law for intelligent robotic beings - at least none that I’m 
aware of. Who certifies that a robot is "safe enough" to operate in a 
warehouse or a hospital? OSHA has never dealt with anything like this. The 
FDA took decades to approve autonomous medical devices - and those don't 
walk around. 

Regulators could move slowly enough to delay deployment by years, or create 
requirements so onerous that the economics fall apart. They could require 
human supervision that eliminates the labor cost advantage. They could 
impose insurance requirements that make deployment uneconomical. These 
aren't hypotheticals - they're the standard playbook for how new technologies 
get slowed down. 

Technical challenges are the third risk. I've argued that AI transfers from 
driving to manipulation, but manipulation is genuinely harder in many ways. 
Picking up a fragile object, tying a knot, handling unexpected textures and 
weights - these require dexterity that current actuators struggle with. The AI 
might be ready before the hands are. Tesla could hit mechanical engineering 
walls that take longer to solve than the software problems. 

And even if the manipulation works in controlled environments, real-world 
deployment adds complexity. Floors that aren't perfectly level. Objects that 
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aren't where they're supposed to be. Humans doing unexpected things in the 
robot's path. Each of these is a solvable problem, but solving them all reliably 
is harder than any individual challenge suggests. 

Competition is the fourth risk. I've been dismissive of competitors in the past 
(might still be today), but Figure has raised serious money and shown 
impressive demos. Boston Dynamics has decades of robotics expertise. 
Chinese companies are investing heavily with government backing. If any of 
them crack the manufacturing scale problem - or if they find shortcuts Tesla 
missed - the lead I'm describing could evaporate faster than I expect. 

The assumption that Tesla's head start is insurmountable could be wrong. It's 
happened before in tech - early leaders get passed by faster learners. 

And then there's the unknown unknowns. Maybe the economics never work 
at scale. Maybe social resistance to robots in workplaces is stronger than I 
expect. Maybe something I haven't thought of derails the whole thing. 

I still believe the thesis holds. The structural advantages - AI expertise, 
manufacturing scale, data flywheels, vertical integration - are real and 
compounding. But I wanted you to see clearly how I could be wrong. The 
conviction is high, but it's not certainty. 

 

The Timeline 

People always want to know about timelines. When will this actually happen? 

I've learned to be careful with specific predictions because these things are 
genuinely hard to forecast. Complex technology development doesn't follow 
neat schedules. 

But I can tell you what I expect to see. And I’m going to make the 
predictions anyway, because they are fun. 

Within the next couple of years, Tesla will have thousands of Optimus units 
operating in their own factories. Not demo units. Production units doing real 
work. The AI improvement accelerates dramatically at that point because 
they'll be collecting massive amounts of real-world task data. 



 61 

Over the following years, deployment expands beyond Tesla facilities. 
Partner companies in manufacturing, logistics, agriculture - industries with 
clear use cases for basic humanoid labor. The robots handle an expanding set 
of tasks as the AI improves. 

By the end of the decade, we're talking about robots that can handle a 
significant fraction of the tasks that human workers currently perform. Not 
all tasks - some things will remain challenging for longer. But enough tasks 
that the economic impact becomes undeniable. 

And sometime in the 2030s, we reach the point where humanoid robots are 
mainstream. Where they're showing up in homes as well as factories. Where 
robotic labor is just part of how society functions. Where countries, cities, 
states, and municipalities will have a fleet of Optimus robots as a public 
service, helping people shovel their driveways, carry groceries, fix structures, 
upkeep, etc. It becomes very easy to imagine places like Dubai filling the 
entire city with Cybercab and Optimus, for free, for all visitors. 

I could be wrong about specific timing. It might be faster, might be slower. 
But I'd be shocked if the fundamental trajectory doesn't play out this way. 
The technology is progressing. The economics are compelling. The 
applications are endless. 

So where does this chapter leave us in the context of abundance or collapse? 

Chapter 1 laid out the thesis: AI, robotics, and energy form an interconnected 
system that amplifies each other. Chapter 2 showed how FSD proves that AI 
can replace human labor in a complex real-world task. 

This chapter extends that proof to its logical conclusion. If AI can learn to 
drive a car, it can learn to perform other physical tasks. If Tesla can 
manufacture millions of vehicles, they can manufacture millions of robots. If 
data flywheel effects work for FSD, they'll work for humanoid robotics. 

Optimus is the forcing function for everything else in this book. It's the 
technology that makes the $40 trillion labor market contestable. It's the 
product that could make Tesla the most valuable companies in history. And 
it's the catalyst for the societal transformations I'll discuss in Part II. 
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The implications are massive. A world where robot labor is abundant and 
cheap is a world where the economics of production fundamentally change. 
Where scarcity of labor stops being a constraint. Where the question isn't 
"can we afford to do this?" but "what do we actually want?" 

That's the Age of Abundance. And Optimus is how we get there. 

But the abundance doesn't happen automatically. It doesn't distribute itself 
fairly. Optimus can deliver a world where labor scarcity no longer constrains 
human flourishing - or it can deliver a world where economic displacement 
tears societies apart. The technology is neutral. It enables both outcomes. 
How we manage the transition determines which one we get. 

But before we do that, I'm going to talk about energy - the forgotten third leg 
of The Convergence. Because all of this AI, all of these robots, all of this 
computation requires power. And where that power comes from is about to 
change more dramatically than most people realize. 

The machine is taking shape. Let's talk about what fuels it. 
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Chapter 4 

Energy Abundance - The Forgotten Third 
Leg 

When people talk about the AI revolution, they obsess over two things: chips 
and models. They debate whether NVIDIA will maintain its dominance. 
They argue about whether OpenAI or Anthropic or xAI will win the model 
race. In this book, we talk deeply about technologies like FSD and Optimus. 
And yet, we completely miss the third leg of the stool. 

Energy. 

The most overlooked aspect of the entire AI story. And the reason I think it 
gets overlooked is because energy feels boring. It feels like infrastructure. It 
feels like something your utility company handles while you focus on the 
exciting stuff. 

But I want you to understand something. For the next 10 to 20 years, we are 
going to see a massive demand for energy generation unlike anything we have 
ever witnessed. Solar. Natural gas. Geothermal. Nuclear. Everything. Because 
AI needs unbelievable amounts of power. Unbelievable. 

And this creates an opportunity that almost nobody is paying attention to. 
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The AI Energy Appetite 

Right now, a single data center training a large language model can consume 
as much electricity as a small city. I am not exaggerating. When you hear 
about companies like xAI building out massive GPU clusters - we are talking 
about hundreds of thousands of chips - each of those chips is pulling power. 
And then you need to cool them. The cooling alone can account for 40 
percent of the total energy consumption. 

And this is just training. Inference - the actual running of these AI systems at 
scale - that is going to require even more power over time as billions of 
people start using AI for everything. Every query to ChatGPT or Claude or 
Grok requires compute. Every video generated by AI. Every Agent running 
tasks for you as you personal assistant. Every car and robot pinging the cloud 
for information, context, knowledge, date… Multiply that by billions of 
queries per day, per hour, per minute… and you start to see the problem. 

Most people look at this and think, "That sounds like a problem for AI 
companies to solve." But energy and AI have become the same conversation. 
They're inseparable now. 

A few years ago Elon Musk said that he thinks the energy side of the Tesla 
business will eventually be as big as the car side of the business. Maybe even 
bigger. And the AI demand is going to be by far one of its biggest drivers. I 
think people heard that and sort of filed it away as Elon being Elon. But I 
actually think he was underselling it. 

 

Why Batteries Change Everything 

Here is where I want to introduce an idea that most people do not fully 
appreciate. Most of the incremental energy production in the United States is 
going to come from batteries + solar. Jesse Peltan (@JessePeltan on X) has 
amazing research on this that has been a cornerstone of this thesis. 

What do I mean by that? You can essentially double the grid capacity by 
smartly using battery storage. You do not need to build new power plants 
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(although we should build more). You do not need new transmission lines 
(although we should build more). You just need batteries. 

The reason this works is because our current grid is wildly inefficient. We 
build power plants to handle peak demand - those hot summer afternoons 
when everyone runs their air conditioning at the same time. But most of the 
24 hour cycle, those plants are sitting there underutilized. We have all this 
capacity that just goes to waste because the grid has no memory. Electricity 
gets generated, and if nobody uses it right then, it is gone. This is insanely 
inefficient. 

Now imagine you have massive battery installations throughout the grid. 
During off-peak hours, when electricity is cheap and plentiful, the batteries 
charge up. During peak hours, when demand spikes, the batteries discharge. 
You have effectively added capacity to the grid without building a single new 
power plant. 

Tesla's Megapack business is built around exactly this concept. Each 
Megapack can store enough energy to power around 3,600 homes for an 
hour. But the real magic is when you deploy them at scale. Tesla Energy 
deployed 46.7 gigawatt-hours in 2025, which was roughly 50 percent higher 
than the year before. And this is still the early innings. 

The gross margin on the energy business is absolutely crushing it compared 
to automotive. We are talking about 31.4 percent margins on energy versus 
16.1 percent on cars in Q4 2025. The energy business is actually more 
profitable on a percentage basis than selling cars. And it is growing faster. 
This is a massive signal - the demand is there. Now, it’s all about getting it 
installed everywhere. 

 

Wright's Law and the Cost Curve 

Let me talk about something called Wright's Law, because it applies to 
batteries in a huge way. 
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Wright's Law is this observation that costs decline predictably as cumulative 
production increases. It was originally discovered in the aircraft industry in 
the 1930s - every time cumulative production of airplanes doubled, the cost 
to produce them fell by about 15 percent. The same pattern shows up in 
solar panels. In semiconductors. In batteries. 

For lithium-ion batteries specifically, costs have fallen by around 20 to 30 
percent for every doubling of cumulative production. And this pattern has 
held pretty consistently over the past two decades. Battery pack costs have 
dropped from over $1,000 per kilowatt-hour in 2010 to around $115 today. 
Some projections have us hitting $80 or even lower by the end of the decade. 

Why does this matter? Because as battery costs come down, the economics of 
grid storage become overwhelming. You can store solar energy generated 
during the day and use it at night. You can store wind energy from gusty days 
and deploy it when the air is calm. The intermittency problem that everyone 
complains about with renewables just goes away. Bye bye. 

And Tesla - once again, surprise surprise - is in the middle of all of this. They 
are not just building cars. They are building the energy infrastructure that will 
power the AI revolution. Every Megapack they deploy makes the economics 
better for the next one. Every gigawatt-hour of production brings costs down 
for all the gigawatt-hours that follow. 

This is the flywheel in action yet again. The Convergence in plain sight. AI 
needs energy. Energy needs storage. Storage needs batteries. Battery 
production brings costs down. Lower costs mean more storage. More storage 
means more renewable energy is viable. More renewable energy means 
cheaper power for AI. Cheaper AI means more AI can be used. More AI 
used means better storage technology. And round it goes. 

 

China Is Actually Doing It 

Now the elephant in the room - China. 

China is crushing us in energy deployment. And the reason is simple: they are 
actually doing it. They have the same technology we do. 
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The United States has all this potential. We have deserts in the Southwest 
that get more solar radiation than almost anywhere on Earth. We have 
massive wind corridors through the middle of the country. We have the 
technology to deploy it all. And we just do not. 

Meanwhile, China installed more solar capacity in 2023 than the entire rest of 
the world combined. They are deploying batteries at a pace that makes our 
efforts look like a rounding error. Their electric grid is being transformed 
while ours is held together with duct tape and prayers. 

And the reason is politics. It is the oil lobby. It is utility companies that make 
money by building expensive power plants, not by deploying cheap batteries. 
It is NIMBYs who fight every solar farm and every wind turbine. It is 
regulators who move at geological timescales while technology moves at 
internet speed. 

I find this incredibly frustrating because it is not a technology problem. We 
have the technology. Solar panels are cheap. Batteries are getting cheaper by 
the day. The physics works. The economics work. The only thing that does 
not work is the political will. 

Solar is the obvious winner here. Stick solar panels and batteries in deserts 
and you have essentially free energy. The sun shows up every day. The land is 
not being used for anything else. The transmission problem is solvable. The 
whole thing is straightforward - the only obstacle is political will. Why can’t 
we do this? It’s so simple. 

 

The Nuclear Question 

I need to address nuclear because I know some people are wondering why I 
am so focused on solar and batteries when nuclear seems like the obvious 
answer to AI's energy demands. 

I am not anti-nuclear. Nuclear power has incredible energy density. A single 
nuclear plant can produce massive amounts of electricity with zero carbon 
emissions during operation. France gets about 70 percent of its electricity 
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from nuclear and has some of the cleanest power in Europe as a result. There 
is clearly a role for nuclear in the energy mix. 

But building a new nuclear plant in the United States takes 15 to 20 years 
when you factor in permitting, construction, and regulatory approval. Now to 
the Trump administration’s credit, they are attempting to massively change 
this. But the cost overruns are legendary. Vogtle Units 3 and 4 in Georgia 
came in at more than double the initial budget. And there is the waste 
problem that nobody has solved to anyone's satisfaction - at least for now. 

The small modular reactor crowd is excited about new designs that could 
theoretically be faster and cheaper to build. And maybe they are right. I hope 
they are right. But we have been hearing about the nuclear renaissance for 20 
years and I am still waiting to see meaningful deployment at scale. 

Meanwhile, solar and battery costs are dropping every single year. The 
permitting is simpler. The construction is faster. The modularity means you 
can deploy incrementally rather than betting everything on a massive multi-
decade project. 

That said, things are shifting. The current administration is pushing hard to 
accelerate nuclear permitting and construction. There's particular interest in 
co-locating nuclear plants directly with AI data centers - Microsoft, Google, 
and Amazon have all announced deals to power their AI operations with 
nuclear energy. When a data center can be built right next to its power 
source, you eliminate transmission losses and grid bottleneck issues. 

This makes sense for the near-term. AI data centers need dense, reliable 
baseload power that doesn't depend on weather. Nuclear provides that in a 
way solar can't match for a 24/7 operation. If the regulatory environment 
actually changes - and there are signs it might - we could see nuclear playing a 
bigger role than I expected in powering the AI buildout. This would be 
amazing. 

But my first-principles take: in the long run, the Sun wins. All the energy we 
use ultimately comes from the Sun anyway, whether that's fossil fuels (ancient 
solar energy stored in organic matter), wind (driven by solar heating), or 
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direct solar. The Sun delivers more energy to Earth in one hour than 
humanity uses in a year. Solar is getting cheaper every year. Nuclear isn't. 
From a 50-year view, betting on the Sun seems obvious. Elon has been 
talking about this for how long now? It’s because he’s very obviously right. 
We should listen to him when it comes to this. 

So when I think about what is going to actually meet AI's energy demands in 
the next 10 years, I think it's going to be a combination - nuclear for baseload 
where it can be permitted quickly, existing fossil fuel plants running at 100%, 
and solar and batteries for everything else. The near-term bottleneck is going 
to be solved by whatever energy technologies can actually be deployed at the 
pace the AI revolution demands. And increasingly, AI companies are taking 
energy into their own hands rather than waiting for the grid to catch up. 

 

The Home Energy Revolution 

I want to zoom out for a second because I have been talking a lot about grid-
scale energy storage. But there is another piece of this puzzle that I think is 
equally important: home energy. 

Tesla's Powerwall product has been around for almost a decade now. It 
started as kind of a novelty - a cool gadget for early adopters who wanted to 
store solar energy or have backup power during outages. But it has evolved 
into something much more significant. 

A Powerwall can store 13.5 kilowatt-hours of energy. That is enough to 
power most homes for half a day or more during normal usage. When you 
pair it with solar panels, you can essentially go off-grid during the day and 
into the evening. You charge up during peak sun hours and draw down 
through the night. 

But the really interesting thing is what happens when you connect thousands 
or millions of these home batteries together into a virtual power plant. Tesla 
has been doing this in places like California and Texas. When the grid is 
under stress, Tesla can coordinate all those Powerwalls to discharge 
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simultaneously, providing emergency power to the grid. The homeowners get 
paid for participating. The grid gets stabilized. Everyone wins. 

This is a completely different model than the traditional centralized power 
plant approach. Instead of a few massive installations, you have millions of 
small installations distributed throughout the grid. The resilience is built in 
because there is no single point of failure. And the capital investment is 
distributed across individual homeowners who are motivated by their own 
energy bills and backup power needs. 

I think this model is going to scale dramatically over the next decade. Every 
new home should have solar panels and a battery as standard equipment. The 
payback period is already attractive in most markets, and it gets better every 
year as costs come down and electricity prices go up. 

The implications for the grid are profound. If every home can store and 
discharge energy on demand, you fundamentally change the dynamics of 
supply and demand. Peak demand becomes manageable. Renewable 
intermittency becomes a non-issue. The entire system becomes more flexible 
and resilient. 

And Tesla is positioning itself at the center of all of this. They make the cars 
that can charge from home solar. They make the home batteries that store 
the excess. They make the grid-scale batteries that balance everything out. 
They make the solar panels that generate the power in the first place. It is all 
connected. 

 

The Space Solar Opportunity: SpaceX 

And now we come to the real, long term solution for AI’s energy needs, 
which is directly correlated to the SpaceX acquisition of xAI on February 
2nd, 2026. Shout out to Elon for his amazing timing for closing the deal 
within 6 days of the final manuscript submittal for this book. You really did 
me a solid there, pal. 
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The way I see it, there is increasingly a convergence between SpaceX and 
Tesla. If the future is solar powered AI satellites - which I think it pretty 
much needs to be if you want to harness a non-trivial amount of the energy 
of the sun - you have to move to solar powered AI satellites in space. This is 
a confluence of Tesla expertise in batteries and solar, SpaceX expertise in 
launching stuff to orbit cheaply, and xAI expertise in building AI systems that 
can run autonomously. 

I know that sounds like science fiction. But there is a path to putting 100 
gigawatts per year of solar powered AI satellite into orbit and having this 
actually be the lowest cost way to power and operate AI at a very large scale. 
Why else do you think SpaceX and xAI merged in one of the biggest 
acquisitions in history? It’s because the economics make sense. There’s a 
business case. 

In space, there is no atmosphere to block the sun. No night. No clouds. No 
seasons. Solar panels in space collect six to eight times more energy than 
panels on Earth. And if you are running AI inference in orbit, you do not 
need to transmit the electricity down to Earth at all. You run the compute 
right there in space and just send down the results. 

The challenge has always been that getting stuff to space is expensive. But 
this is exactly what SpaceX has been solving for two decades. They've already 
brought launch costs down by an order of magnitude. Starship, their newest 
rocket set to go into operation in 2026, promises to bring them down by 
another order of magnitude - potentially to $10 per kilogram to orbit, which 
is roughly the cost of air freight today. 

At those economics, the calculus changes completely. Suddenly it becomes 
cheaper to put your data center in space than to build it on Earth and deal 
with cooling, grid connections, permitting, and all the rest of it. 

 

Let me walk through why SpaceX's role is so critical to this vision: 

Launch Cost Reduction: SpaceX has already proven they can achieve cost 
curves that seemed impossible. Falcon 9 reusability brought costs down 
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dramatically. Starship - fully reusable, rapidly relaunchable, massive payload 
capacity - will bring them down again. Every dollar per kilogram reduction 
makes space-based infrastructure more viable. 

Operational Proof with Starlink: SpaceX isn't theorizing about large-scale 
satellite constellations. They've deployed over 9,000 Starlink satellites. 
They've built the manufacturing, the launch cadence, the ground stations, the 
customer operations. They know how to deploy and operate massive space 
infrastructure. This is the "vessel" proving itself before the bigger mission. 

The xAI Connection: Think about what xAI actually needs. Massive compute 
for training and inference. Compute needs massive energy. Earth-based data 
centers are hitting grid constraints. But xAI's parent ecosystem includes a 
company that can put things in space cheaply and another company (Tesla) 
that builds solar panels and batteries. 

The architecture writes itself: SpaceX launches solar-powered AI compute 
infrastructure. Tesla provides the power systems. xAI provides the AI 
workloads. Starlink provides the connectivity back to Earth. The entire 
ecosystem converges on solving the energy constraint for AI. 

The Cooling Advantage: This is something most people miss. Data centers 
spend enormous resources on cooling. In space, cooling is free - you radiate 
heat directly into the void. No air conditioning. No water cooling. No heat 
management infrastructure. This is a massive efficiency gain that further tilts 
the economics toward space-based compute. It’s a technology that needs to 
be solved, but the economics will force the solution. It’s too good to pass up. 

I am not saying this happens in 2027. But in the four or five year timeframe, 
the lowest cost way to do AI compute might actually be with solar powered 
AI satellites as Elon claims. And only one ecosystem has all the pieces: the AI 
(xAI), the launch capability (SpaceX), and the power systems (Tesla). 

Talk about The Convergence. 

If you are not thinking about this, you are not thinking about the full picture. 
This isn't three separate companies pursuing separate goals. This is one 
integrated system building toward a future where AI runs on unlimited solar 
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energy, deployed by rockets that cost less than planes, coordinated by a global 
satellite network. 

That's the Musk ecosystem thesis. That's why I think the individual company 
valuations miss the point entirely. 

 

The Political Obstacles 

So why is not everyone piling into energy? Why is this the "forgotten" third 
leg of the AI stool? 

The answer is vested interests. The oil and gas industry has spent decades 
building a regulatory and political infrastructure designed to protect its 
position in the US. It’s about as obvious as the sky is blue. Utility companies 
have business models that reward capital expenditure on big centralized 
power plants, not distributed battery storage. Politicians on both sides take 
money from energy incumbents who have no interest in being disrupted. 

And then there is the environmental movement, which ironically has become 
one of the biggest obstacles to clean energy deployment. Every solar farm 
gets fought by someone who thinks it will hurt the desert tortoise. Every 
wind farm gets fought by someone who thinks it will kill birds. Every 
transmission line gets fought by someone who does not want it in their 
viewshed. 

The result is paralysis. We have the technology to transform our energy 
system. We have the economics working in our favor. We have the existential 
need with AI demand exploding. And we cannot get out of our own way. 

I think this is one of the most important policy questions of the next decade. 
Not "should we build more solar?" The answer to that is obviously yes. The 
question is "how do we overcome the political obstacles that prevent us from 
building the energy infrastructure we need?" 

And honestly, I do not have a great answer. The forces aligned against 
change are powerful and entrenched. The permitting process is designed to 
give everyone a veto. The incentives are all messed up. 
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But I do know this: the AI revolution is going to demand more energy than 
we have ever produced before, by a wide margin. And the countries that 
figure out how to generate that energy cheaply and cleanly will win the next 
century. Right now, that looks more like China than the United States. And 
that should scare us. 

 

The Tesla Energy Opportunity 

I want to bring this back to the investment perspective because I think there 
is a real opportunity here that the market does not fully appreciate. 

When most people think about Tesla, they think about cars. The Model 3. 
The Model Y. The Cybertruck. FSD. Robotaxi. These are the stories that 
dominate the headlines and the analyst reports. But Tesla Energy is quietly 
becoming a monster business in its own right. 

Think about the numbers I mentioned earlier. 31.4 percent gross margin on 
energy versus 16.1 percent on automotive. More than doubling year over year 
production. And this is happening while the company is primarily focused on 
scaling the car business. 

Now imagine what happens when Tesla decides to really lean into energy. 
When they start building Megapack factories at the same scale they build car 
factories. When they leverage their battery expertise and manufacturing 
know-how to drive costs down even further. When they combine energy 
storage with their solar business and their vehicle fleet to create an integrated 
energy ecosystem. 

A few years ago I would have said the market underestimates Tesla's AI 
potential. Today I would add that the market also underestimates Tesla's 
energy potential. And the two are connected because the AI revolution is 
going to create the demand that makes energy storage the biggest business 
opportunity of the next two decades. 

The energy side of the business will eventually be as big as the car side. 
Maybe even bigger. And the AI demand is going to be by far one of its 
biggest drivers. 
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The Grid Infrastructure Problem 

I want to spend a moment on something that does not get enough attention: 
the grid itself. 

You can have all the solar panels and batteries in the world, but if you cannot 
move electricity from where it is generated to where it is needed, none of it 
matters. And our grid infrastructure in the United States is embarrassingly 
outdated. 

The American electrical grid was built primarily in the mid-20th century. It 
was designed for a world where big centralized power plants sent electricity 
one way to consumers. It was not designed for a world where millions of 
small generators - rooftop solar panels, home batteries, electric vehicles - are 
both consuming and producing electricity. It was not designed for the kind of 
dynamic, bidirectional flows that a modern renewable grid requires. 

Upgrading this infrastructure is going to require massive investment. We are 
talking about new transmission lines to move solar power from sunny regions 
to population centers. We are talking about smart grid technology that can 
manage variable generation and demand in real time. We are talking about 
interconnections between regional grids that are currently operated almost 
like separate systems. 

The Department of Energy has estimated that we need to expand 
transmission capacity by 60 percent by 2030 just to meet current clean energy 
goals. And that was before the AI energy demand story really took off. Factor 
in the data center buildout we are seeing, and the transmission gap is even 
larger. 

But here is where I get frustrated. Building transmission lines is harder than it 
should be. Every line has to cross multiple jurisdictions. Every jurisdiction 
has different permitting requirements. Environmental reviews can take years. 
NIMBY opposition can kill projects entirely. 

I have seen estimates that a major transmission project in the United States 
takes 10 to 15 years to complete. In that time, China will have built out entire 
regional grids. The pace differential is staggering. 
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And this matters because you can deploy all the solar panels and batteries you 
want at the generation point, but if you cannot move that electricity to where 
AI data centers are being built, you have not solved the problem. Energy 
storage helps because it gives you temporal flexibility. But you still need the 
wires. 

I do not have a good solution to this problem. It is fundamentally a political 
and regulatory challenge yet again, not a technology challenge. But I think 
more people need to understand that the grid bottleneck is real and it could 
significantly constrain how fast we can scale AI in the United States. 

 

The Convergence Continues 

I want to tie this back to the broader thesis of this book. In Chapter 1, I 
talked about how AI, robotics, and energy are not separate revolutions but 
one interconnected system that amplifies itself exponentially. Energy is the 
third leg of that stool, and it is arguably the most overlooked. 

Without abundant cheap energy, you cannot train massive AI models. 
Without AI, you cannot optimize energy grids to deploy renewables at scale. 
Without batteries - manufactured increasingly by robots - you cannot store 
intermittent energy sources. Each piece enables the others. 

I hope by now you can see why Tesla is the perfect use case for driving home 
the concept of The Convergence. They make cars that are essentially batteries 
on wheels. They make home batteries and grid-scale batteries. They make 
solar panels. They are building the AI systems that will optimize all of this. 
And increasingly, they are building the robots that will manufacture all of it. 

None of this is coincidence. Elon sees the whole picture and is positioning 
the company to capture value from all of it. Cars and trucks were just the 
beginning. Energy is the foundation. AI is the brain. And robotics is the labor 
force that builds it all. 
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The Coming Energy Shortage 

Now, I want to paint a somewhat darker picture for a moment because I 
think it is important to be honest about the challenges ahead. 

The AI buildout is happening faster than our energy infrastructure can keep 
up. Every major tech company is racing to build data centers. NVIDIA 
cannot produce chips fast enough. And all of those chips need power. 

We are already seeing signs of stress. In some regions, utilities are struggling 
to provide enough power for new data center developments. There have 
been reports of tech companies being told they cannot get grid connections 
for years because there simply is not enough capacity. Some companies are 
building their own power generation facilities - natural gas plants, in many 
cases - just to guarantee the power they need. We’ve heard reports of 
electricity prices going up in some areas because of the insane demand from 
AI Hyperscalers - your OpenAIs, xAIs, etc. 

This is not how it should work. We should not have trillion-dollar companies 
building redundant power infrastructure because the grid cannot serve them. 
It is wasteful. It is inefficient. And it often means falling back on fossil fuels 
because they can be deployed faster than clean alternatives. 

I think there is a real risk that the AI revolution gets constrained by energy 
availability. Not by chip supply. Not by model capability. Just raw electricity. 

The companies that figure out how to secure reliable, cheap power are going 
to have a massive advantage. This is why I think Tesla's positioning in energy 
is so strategic. If you control both the AI workload and the energy to power 
it, you have a vertically integrated advantage that is very hard to compete 
with. 

And the countries that build out energy infrastructure faster are going to 
capture more of the AI value chain. Right now, that looks like China is 
winning. They are building power capacity at a pace we cannot match. Their 
data centers are coming online while we are still arguing about permits. 
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I do not say this to be pessimistic. I say it because I think we need to wake up 
to the urgency of the situation. The energy bottleneck is real. It is going to get 
worse before it gets better. And unless we dramatically accelerate our energy 
buildout, we risk ceding leadership in AI to countries that move faster. 

 

What This Means For You 

If you are reading this book, you probably already understand that the world 
is changing fast. And if you didn’t - welcome. Sorry for ruining your day. 

What I want you to take away from this chapter is that energy is central to 
everything that is about to happen. Absolutely central. 

For investors, this means paying attention to the energy transition in a way 
that goes beyond the usual "green energy" narrative. The opportunity here is 
recognizing that AI is going to create demand for energy that our current 
infrastructure cannot meet. The companies that solve this problem will be 
worth trillions. 

For policymakers - and I know some of you will read this - the message is 
even more urgent. We are in a race. China is building the energy 
infrastructure of the future while we argue about permits. The decisions we 
make in the next few years about energy policy will determine whether the 
United States leads the AI revolution or watches it happen from the sidelines. 

And for everyone else, the message is this: energy abundance is coming. It 
might take longer than it should because of political obstacles. But the 
technology is there. The economics work. The demand from AI is going to 
force the issue whether we like it or not. 

The question is not whether we get to energy abundance. The question is 
how we get there - quickly and deliberately, or slowly and chaotically. The 
answer to that question will shape the next half century. 

We have the technology. We have the economics. We have the need. What 
we lack is the will. 



 79 

And here is what keeps me up at night. The AI revolution will not wait for us 
to figure this out. It is happening now. Every day we delay on energy is a day 
we fall behind China in AI. Every permit that takes three years instead of 
three months is ground we cede to competitors who move faster. Every solar 
farm blocked by environmental lawsuits is compute capacity we do not have 
when we need it. 

Energy abundance is not some nice-to-have for the future. It is the 
foundation on which everything else in this book depends. Without it, the AI 
systems that could cure diseases and solve problems we cannot imagine stay 
hypothetical. Without it, the abundance I have been describing stays 
theoretical while scarcity remains our reality. 

All the while, China will continue its march towards it global dominance, at 
which point they’ll be free to propagate their world view on the rest of the 
world, regardless of how any of us feel. Is that what we want? 

The technology exists. The economics work. The only question is whether 
we have the courage to build it. 

I believe we do. But belief is not enough. The next decade will tell us whether 
we chose abundance or whether we let it slip away. 
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PART II: THE STAKES 
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Chapter 5 

The Barbell - Top 20%, Bottom 20%, and 
the Crushed Middle 

Picture a barbell at the gym. Two heavy weights on the ends, connected by a 
thin bar in the middle. That is the economic shape AI is creating - and almost 
nobody sees it coming. 

The top 20 percent will thrive. The bottom 20 percent will actually be lifted 
up. And the middle 60 percent - the vast majority of people in developed 
nations - will get crushed during the transition. Not metaphorically crushed. 
Economically, psychologically, and socially squeezed in ways we have not 
seen since the Great Depression. It will be one of the biggest and fastest 
disruptions in the history of civilization. 

Every conversation about AI and jobs misses this. Optimists say new jobs 
will emerge for everyone, just like after every technological revolution. 
Pessimists say AI is coming for everything and we are all doomed. Both sides 
are looking at the wrong variable. The question is not whether AI creates 
winners and losers. Every technology does. The question is who specifically 
wins, who specifically loses, why the middle will bear the burden, and what 
everyone can do to prevent themselves from ending up on the wrong side. 
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The reality is that there’s a winnable path for everyone, but depending on 
where you are today, your path will vary from extremely difficult, to 
extremely easy. I will explain to you exactly why. 

 

The Shape of What Is Coming 

On one end of the barbell, you have roughly the top 20 percent of the 
socioeconomic ladder. Capital owners. Builders. Risk-takers. The people who 
already have resources and the knowledge to deploy them. AI is going to be 
absolutely incredible for these people. Not just good - transformational in 
ways most of them do not even fully understand yet. Especially if these folks 
have a natural inclination to “just do things”. 

On the other end, you have the bottom 20 percent. Depending on where you 
look in the world, these vary from people living in regions without basic 
infrastructure, clean water, stable food supplies, adequate healthcare, to 
people who are dependent on the welfare system to survive. 

I know this sounds counterintuitive, but AI combined with robotics and 
cheap energy is going to be phenomenal for them too. We are talking about 
finally delivering abundance at scale to populations that have been waiting 
generations for it that haven’t had the ability to join the other 80% of society. 

And then there is the middle. The 60 percent in between. The people who 
make up the vast majority of developed nations' populations. The people 
who work jobs, pay mortgages, raise families, and assume that working hard 
for someone else will continue to provide a reasonable life. 

This group - the 60 percent in between - is where it’s going to get ugly, and 
fast, unless drastic action is taken. 

 

Why the Top 20 Percent Thrives 

If you already own capital - whether that is money, equity, real estate, or 
intellectual property - you have a unique advantage in the AI era. You can 
deploy that capital to purchase, control, direct, and use AI systems to create 
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new businesses, deploy ideas at scale, or build things that previously required 
hundreds of employees. 

The more capital you have, the easier it is to employ AIs to do your bidding. 

Today if I want to start a company, I need to hire people. Lawyers, 
accountants, marketers, developers, customer service reps. Each person costs 
money, takes time to find, has varying skill levels, needs management, can 
quit, gets sick, and has limited working hours. 

Now imagine I can spin up AI agents that handle legal document review, 
accounting reconciliation, marketing campaign creation, code development, 
and customer interactions - all for a fraction of the cost, at any hour, with 
consistent quality, and infinite patience. 

As I’m doing my final proofread, we are seeing a massive drawdown in the 
stock market (February 5th 2026) because the white collar class on LinkedIN 
has woken up to Claude Cowork, which is an agentic AI tool that can do 
90%+ of what your typical SaaS products can do, but at a fraction of a 
fraction of the cost. This is already happening. 

The companies deploying AI agents today are seeing productivity multipliers 
of 5x, 10x, sometimes more in specific domains. If you work with AI on the 
daily, you already know this. This isn’t news to you. It’s beyond 
transformational. 

So if you already have capital - even modest amounts - you can put it to work 
in ways that were impossible just two years ago. Your money becomes more 
productive. Your ideas become more executable. Your competitive advantage 
compounds. All you have to do is “hire” these AI agents. 

And if you are a builder - someone who creates things, takes risks, 
experiments - AI becomes the ultimate force multiplier. You can prototype in 
hours what used to take months. You can test ideas at scale without massive 
upfront investment. You can compete with much larger organizations 
because the playing field is flattening in certain dimensions. 
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The curious, the risk-tolerant, the capital-endowed - these people are going to 
be incredibly well off. 

 

The Self-Reinforcing Advantage 

There is another dimension to this that makes the top 20 percent advantage 
even more pronounced. 

When you deploy AI successfully, you learn how to deploy it better. Your 
understanding deepens. You discover new applications. You develop 
intuitions about what works and what does not. 

And this knowledge compounds. 

A founder who has been using AI agents for two years has a massive 
advantage over someone just starting. They know which tools work, which 
prompts get results, which workflows to automate and which to leave 
manual. They have already made the expensive mistakes and learned from 
them. 

This is precisely why I’ve been spending way too much time using OpenClaw 
as of the last few days, which is an open source AI agent that lives in a 
computer that can do literally anything on it. Think of it as a digital human. 
It’s not perfect, but it’s 80%+ of the way there. I have my entire business life 
plugged into it - emails, financials, chats, discord servers, YouTube backend, 
X backend. Now this agent can execute actions in seconds that would take 
me much longer. 

“Hey Claw (that’s the agent’s name), so can you check and see which videos 
are underperforming on the channel from the last couple weeks, and see what 
kind of titles we can switch them out to that align with the latest news cycle? 
Can you also look for ways to improve SEO on the description and tags to 
capitalize on this? Oh and can you make this into a repeatable job every 
couple days so we can track previous performance and find new 
opportunities?” 
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Done. That job alone will easily increase my views by 10% per year. For a 
channel that has earned over a million dollars in the last 4 years, that’s 
$100,000 that took about 30 seconds to execute. 

And that’s one use case out of probably… thousands? Millions? 

And it will simply get better with better models. The entire history of our 
chats is saved. All the jobs. All the learnings. All the files. All the connections. 
Everything. All I have to do is upgrade its brain every time a new model 
comes out. 

So the advantage goes beyond capital. It includes accumulated knowledge 
about how to leverage these systems effectively. And that knowledge is not 
equally distributed. 

The people already at the top are experimenting more, learning faster, and 
pulling further ahead. Meanwhile, the people in the middle are often still 
debating whether AI is actually useful or just hype. 

This knowledge gap is widening every month. And unlike financial capital, 
you cannot simply redistribute it. You have to develop it through experience. 
Which takes time. Which the middle does not have much of, because most 
are living paycheck to paycheck trying to live decent lives, but don’t have 
time for much else. 

You’ll quickly see that the ones that will win most in the AI age, are those 
with the most amount of time to spend with AI. 

 

Why the Bottom 20 Percent Also Wins 

The bottom 20 percent of the global population lives in conditions that 
people in developed nations cannot really fathom. No reliable clean water. 
Food insecurity. Minimal healthcare. Housing that would be condemned in 
any Western city. Energy poverty that limits everything from cooking to 
education to economic activity. 

These are problems of delivery cost, pure and simple. 
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We know how to desalinate water. The technology exists. We know how to 
produce housing at scale. We know how to manufacture basic medicines. We 
know how to generate power. The reason billions of people still lack these 
basics is that the cost to deliver them in remote or impoverished regions has 
been prohibitively high. 

Human labor in these contexts is the bottleneck. You need doctors who are 
willing to work in rural Uganda. You need construction crews who can build 
in remote Indonesian islands. You need engineers who will maintain water 
systems in villages across Bangladesh. And the economics rarely work 
because human labor is expensive to deploy where humans do not want to 
live. 

Now think about what happens when robotic labor costs $3-5 per hour 
instead of human wages, or less. When robots can be deployed anywhere 
without needing housing, healthcare, schools for their children, or cultural 
amenities. When AI systems can diagnose diseases from symptoms described 
in any language and transmitted through a basic smartphone. 

Desalination at scale becomes economically viable for coastal communities 
everywhere. Automated construction can build adequate housing in regions 
that cannot attract skilled builders. AI-powered telemedicine can provide 
diagnostics that would cost hundreds of dollars in a Western clinic for 
essentially nothing. 

All core human needs - water, food, shelter, basic healthcare, energy - 
become addressable at costs that were previously unimaginable. And beyond 
necessities, entertainment and education that used to be privileges of wealthy 
nations become universally accessible. 

The bottom 20 percent is going to experience abundant, life-changing 
technology that actually digs them out of poverty. Technology that simply 
makes it cheap to deliver what they need - something charity and government 
programs have never accomplished at scale. 

This is genuinely transformational. This is what I mean when I talk about the 
age of abundance becoming real for people who have never experienced it. 
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The Leapfrogging Effect 

Something interesting happens when technology bypasses infrastructure 
problems entirely. 

Africa largely skipped landline telephone systems and went straight to mobile 
phones. Many developing regions are skipping traditional banking and 
adopting mobile payment systems instead, or cryptocurrency like Bitcoin. 
The infrastructure that developed nations spent decades building is being 
leapfrogged by newer, cheaper alternatives. 

AI and robotics enable the same pattern across many more domains. 

You do not need to build a network of hospitals staffed by doctors to 
provide basic healthcare. You need smartphones with AI diagnostic apps and 
drones that deliver medications. The expensive legacy infrastructure that 
wealthy nations built over centuries becomes unnecessary. 

The bottom 20 percent does not need to follow the same development path 
the West did. They can skip directly to solutions that were not possible even 
five years ago. 

Solar panels with battery storage provide electricity without building power 
plants and transmission lines. AI tutoring systems provide education without 
building schools and training teachers. Automated farming systems produce 
food without the agricultural infrastructure wealthy nations developed over 
generations. 

The cost of meeting basic human needs is collapsing. And the people who 
benefit most from that collapse are the ones who currently lack those basics. 

This is why I remain optimistic about the bottom of the barbell even as I 
worry about the middle. The technology genuinely solves their problems in 
ways that previous development approaches could not. 
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Why the Middle 60 Percent Gets Crushed 

So we have the top thriving and the bottom being lifted up. What happens in 
the middle? 

The middle is where most people reading this book probably sit. You have a 
job. Maybe you have a college degree or specialized training. You work hard. 
You trade your time and skills for money, then use that money to buy the 
things you need. You are not wealthy, but you are not in poverty either. You 
are comfortable enough, or at least getting by. 

And AI is coming for you specifically. 

I am not trying to be alarmist. I am trying to be honest. The middle 60 
percent represents people who spend most of their time building on behalf of 
others to earn a living wage. You write reports, analyze data, process 
transactions, design presentations, manage projects, answer customer 
questions, review documents, create content, handle logistics, work at a 
factory, warehouse, do construction - the list goes on. 

Every single one of those activities is being automated right now. 

Not in ten years. Not after some mythical AGI moment. Right now. The 
companies deploying AI are discovering that huge chunks of what they pay 
middle-management and professional salaries for can be done faster, cheaper, 
and often better by AI systems. 

And unlike previous technological disruptions, this one does not primarily 
affect blue-collar workers doing physical labor - at least at first. It hits 
knowledge workers. White-collar professionals. The college-educated class 
that thought their degrees and expertise would protect them. 

The accountant reviewing financial statements. The lawyer doing document 
review. The marketer writing copy. The analyst building spreadsheets. The 
project manager coordinating tasks. The recruiter screening resumes. The 
customer service rep answering questions. 

These are not unskilled jobs. These are jobs that require education, 
experience, and expertise. And AI systems are becoming capable of 
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performing them at 10x speed for a fraction of the cost. This is because AI is 
extremely good at one thing - Intelligence. And intelligence is at the root of 
every action a human makes, especially those that are high quality, repetitive, 
and valuable. 

 

The Identity Crisis 

For the middle class in developed nations like the USA, work is a source of 
identity just as much as income. When someone asks who you are at a dinner 
party, you tell them what you do for a living. Your profession defines your 
social status, your sense of contribution, your understanding of your own 
value. 

 

What happens when that work is suddenly unnecessary? 

A lawyer who spent seven years in school and another ten building a career 
does not just lose a job when AI handles legal document review. They lose an 
identity. A marketer who takes pride in their creative campaigns faces an 
existential question when AI generates better copy faster. An analyst who 
believed their value came from deep expertise confronts the reality that 
expertise is now a commodity. 

I'm aware that telling a 45-year-old lawyer to reinvent themselves is easy for 
me to say. I'm sitting here writing about a transition that will likely devastate 
many people who did nothing wrong - people who followed every rule, made 
every responsible choice, built careers exactly the way society told them to. 
The psychological weight of this transition is real, and I don't want to 
minimize it. 

Some of this will be brutally unfair to people who did everything right by the 
old rules. A generation was promised that education plus hard work plus 
showing up every day equaled security. That promise is breaking, and the 
people who kept their end of the bargain are the ones paying the price. 
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The cruelty is that preparation doesn't guarantee survival. You can see this 
coming, understand it completely, take every reasonable step - and still get 
crushed by forces outside your control. I'm not writing this chapter to 
pretend otherwise. Some of what's coming cannot be fully prepared for. 
Some of the disruption will simply have to be endured. 

That said, I refuse to stop at acknowledgment. Compassion without action is 
just spectatorship. Understanding the pain doesn't help if we don't also talk 
about what can actually be done. 

This is not something you can solve with retraining programs. 

The psychological disruption in the middle class will be severe. Depression. 
Anxiety. Loss of meaning. We are already seeing this among knowledge 
workers who have been displaced, and it is only the beginning. 

Financial stress is one thing. But losing your sense of who you are and what 
you contribute to the world is something else entirely. And the middle 60 
percent is about to face both simultaneously. 

 

The Transition Problem 

Now, some people will say what they always say: new jobs will emerge. 
Technology creates more jobs than it destroys. We have heard this argument 
after every major technological shift. 

And they are not wrong. Eventually. In the long run. New types of jobs will 
exist that we cannot even imagine today. 

But the transition period is going to be brutal. 

When manufacturing automation hit the Midwest in the 1980s and 1990s, 
entire communities were devastated. It took a generation for those regions to 
partially recover - and many still have not. And that disruption affected a 
relatively small segment of the population: factory workers with specific skills 
in specific locations. 
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What happens when the disruption affects a significant chunk of 60 percent 
of the workforce almost simultaneously? 

We are talking about accountants in every city. Lawyers in every state. 
Marketers in every industry. Analysts in every company. Customer service 
reps in every sector. All facing the same pressure at the same time. 

The problem is not that there will not eventually be new jobs. The problem is 
the timeline mismatch. It takes years to retrain a workforce. It takes years to 
reform an education system. AI capability is improving on a curve measured 
in months. 

A 45-year-old middle manager with a mortgage, two kids in school, and 
parents approaching retirement age cannot simply pivot to a new career in 
AI-adjacent fields. They do not have time to go back to school. They cannot 
accept an entry-level salary while learning new skills. Their financial 
obligations are fixed even as their income becomes uncertain. 

This is what I mean by crushed. Not that these people will starve - at least 
not initially. But that they will face economic pressure, status loss, identity 
disruption, and financial stress at a scale we have not seen since the Great 
Depression. 

And without massive, competent government intervention, this leads to 
collapse. Not metaphorical collapse. Actual societal collapse - institutions 
failing, social contracts breaking, political extremism rising to fill the vacuum. 
History shows what happens when large populations face rapid economic 
displacement without adequate support systems. It's not pretty. The barbell 
can deliver abundance to both ends while the middle falls apart, and if that 
happens, the whole thing tears apart. 

 

The Government Question 

This is where my position diverges from both the tech optimists and the 
traditional pessimists. 
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I am not against technology. I am extraordinarily bullish on what AI, 
robotics, and abundant energy will accomplish. The age of abundance is real 
and achievable. 

But getting there requires herculean government execution. And my 
confidence in government's ability to execute is very low. I will go deep on 
what government should do - and why I doubt they will deliver - in Chapter 
8. For now, just understand the stakes: the middle 60 percent depends on 
institutional responses arriving in time. And institutions move slowly. 

What I see is a scenario where the technology advances faster than 
governance adapts. Where the top 20 percent accumulate more because they 
can deploy AI immediately while policy debates drag on for years. Where the 
bottom 20 percent benefits because their needs are simple enough that 
technology solves them directly. And where the middle 60 percent gets 
squeezed because they depend on institutional responses that do not arrive in 
time to help them transition. 

 

What Makes This Different 

People keep comparing AI to previous technologies. The printing press. 
Electricity. The internet. And in some ways, these comparisons are valid. 
Every major technology created winners and losers. 

But there is something different this time, and it is important to understand 
why the middle specifically gets hit. 

Previous technologies primarily replaced physical labor or augmented human 
capability in specific domains. The printing press did not replace storytellers - 
it amplified them. Electricity did not replace human decision-making - it 
powered tools that humans operated. Even early computers required human 
programmers, operators, and analysts to be useful. 

AI is different because it replaces judgment. It replaces analysis. It replaces 
the cognitive work that educated professionals have been trained to perform. 
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A factory worker displaced by automation could theoretically move into an 
office job. The work was different enough that human comparative 
advantage remained clear. 

A knowledge worker displaced by AI faces a harder question: What can I do 
that the AI cannot? And for many tasks, the honest answer is becoming 
nothing - or at least nothing at a cost the market will pay. 

This is why the barbell forms. At the top, you have people who can own and 
direct AI systems - they thrive because they are not competing with AI, they 
are leveraging it. At the bottom, you have people whose needs can be met 
through automated delivery of basic goods and services - they benefit 
because their problems become solvable. And they never experience a quality 
of life that the 80% did, so any improvement will feel like a blessing. 

In the middle, you have people whose primary economic value was 
performing cognitive & physical tasks for wages that would often times come 
from the top 20%. And that value proposition is collapsing. 

 

The Aggregation Problem 

There is another dynamic that accelerates the barbell effect. 

In a world where AI amplifies capability, success aggregates even more than 
it already does. If one company can use AI to be 10x more productive than 
competitors, that company does not just win a little more market share. It 
potentially wins everything. 

Look at how technology markets have already played out. Google did not just 
win search - it dominates search. Meta did not just win social - it controls 
most social media. Amazon did not just win e-commerce - it is the default 
destination for online shopping. 

AI intensifies this winner-take-all dynamic across every industry. 

If an AI-augmented law firm can handle cases at one-tenth the cost of 
traditional competitors, why would clients go anywhere else? If an AI-
augmented accounting firm can process returns faster and more accurately at 
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lower prices, why would anyone choose the expensive human-heavy 
alternative? 

The companies that deploy AI effectively will capture entire markets. The 
companies that do not will disappear. And the employees of those 
disappearing companies will be looking for jobs in markets with fewer and 
fewer employers, unless these new AI companies require more humans to 
help them operate. But what’s the likelihood of that happening when AI can 
(and will) do everything a human can do better, smarter, faster, and cheaper? 

Individual job displacement is only part of the story. The bigger issue is 
market structure. The number of employers in many industries will shrink 
dramatically because AI rewards scale and punishes companies that cannot 
leverage it. 

Fewer employers means less competition for labor means lower wages for 
whatever jobs remain. Another mechanism that squeezes the middle. 

 

China Will Have an Easier Time 

One prediction I will make that people find uncomfortable: China will 
navigate this transition more smoothly than the West. 

Not because their technology is better. Not because their government is 
more competent in some absolute sense. But because Chinese society is 
already structured for collective adaptation in ways that Western societies are 
not. 

In China, the government can mandate retraining programs and people 
participate. They can redirect labor to new sectors and workers comply. The 
social expectation is collective sacrifice for collective advancement. Individual 
disruption is expected to be absorbed by extended family networks and 
community structures. 

In the West, we have optimized for individual autonomy. Which is wonderful 
for innovation and personal freedom. But it also means that when economic 
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disruption hits, the expectation is that individuals figure it out themselves. We 
do not have the social infrastructure for collective adaptation. 

A displaced knowledge worker in Shanghai has a multigenerational household 
to absorb the shock, a government that will aggressively manage the 
transition, and a culture that accepts temporary personal sacrifice for national 
advancement. 

A displaced knowledge worker in San Francisco has a nuclear family they are 
solely responsible for, a government deadlocked in partisan warfare, and a 
culture that blames them for not adapting faster. Of course I’m generalizing 
here, but you get the point. 

I am not saying China's system is better. I am saying it seems better suited to 
manage this specific type of transition. And that should concern Americans 
who assume our system's superiority will protect us. 

 

The Timeline Nobody Wants to Hear 

So what is the timeline we are talking about? When does this barbell fully 
form? 

It is already forming. The pressure on knowledge workers is visible today in 
layoffs across tech, media, finance, and professional services. Companies are 
discovering they can operate with fewer employees by deploying AI tools. 

Within the next 2-5 years, I expect the pressure to become acute. Not 
universal - some roles will remain protected longer than others. But enough 
displacement that it becomes a major political and social issue. 

By 2030, I think we will have clarity on whether governments managed the 
transition well or failed. Either new support structures will be in place and 
functioning, or we will be in the middle of social unrest that makes recent 
political polarization look mild. 

The barbell is forming - that part is already happening. What remains 
uncertain is whether we reach a new equilibrium where all three groups find 
sustainable positions, or whether the middle collapses and takes civilization 
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with it. This is the mechanism that determines abundance or collapse. The 
technology is neutral - it can deliver either outcome. The barbell is the lens 
through which to see which way we're heading. 

 

What Should You Do With This Information 

I do not write this to be pessimistic. I write it because understanding the 
shape of what is coming is the first step toward navigating it. 

If you are in the top 20 percent - or have a path to get there - you need to be 
deploying capital and AI systems aggressively. The compound advantage is 
real and growing. Do not wait. 

If you are in the middle 60 percent, you need to be honest with yourself 
about your vulnerability. Is your job fundamentally about cognitive tasks that 
AI will soon perform cheaper and faster? If yes, you have 2-5 years to 
reposition, fully embrace AI, or both. Not 10. Not 20. Two to five. 

What does repositioning mean? It means moving toward capital ownership, 
even in small amounts. It means developing skills in areas where human 
judgment and physical presence remain essential. It means thinking like an 
entrepreneur even if you stay employed. It means understanding that the 
social contract that promised stability in exchange for showing up and 
working hard is breaking. 

And it means pressuring your government to actually prepare for this. Not 
partisan culture war nonsense. Real policy about retraining, safety nets, 
education reform, and transition management. Vote for competence over 
ideology. Demand actual plans, not slogans. 

The age of abundance is coming. I genuinely believe that. On the other side 
of this disruption is a world where most human needs are met cheaply and 
easily. Where people have more freedom to pursue what they find 
meaningful. Where the global poor finally share in prosperity. 

But the barbell means we do not all get there at the same time, through the 
same path, with the same experience. 
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Some will ride it. Some will be lifted by it. And some will be crushed under its 
weight - at least during the transition. 

Which group you end up in depends largely on decisions you make now, with 
the information you have now, while there is still time to position yourself. 

That is the uncomfortable truth about what's coming. And I would rather tell 
you that truth than pretend we are all going to be fine. 
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Chapter 6 

The Innovator's Dilemma at Global Scale 

I want you to understand something about how companies die. 

They rarely die from stupidity. The executives at Blockbuster were not idiots. 
The engineers at Kodak invented digital photography before anyone else. 
Nokia's leadership had built one of the most valuable companies on Earth. 
These organizations were filled with smart, capable people who had spent 
decades building successful businesses. 

And then they got obliterated. 

Not because they failed to see the threat coming. In most cases, they saw it 
clearly. Blockbuster had numerous opportunities to buy Netflix. Kodak's own 
engineers were begging leadership to embrace digital. Nokia watched the 
iPhone launch and understood what it meant. 

They died because the structure of their businesses made it impossible to 
respond. The thing that made them successful became the thing that killed 
them. Their very competence in the old paradigm guaranteed their failure in 
the new one. 

This is the innovator's dilemma - a concept Clayton Christensen brilliantly 
articulated in his 1997 book of the same name. And it is about to play out at a 
scale we have never witnessed before. 
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The Pattern That Keeps Repeating 

The innovator's dilemma is one of those frameworks that, once you 
understand it, you start seeing everywhere. Christensen's core insight is 
simple but counterintuitive: successful companies fail not despite their 
capabilities, but because of them. 

Before I apply this to automotive, let me show you that this pattern is 
universal. It plays out the same way across every industry, every era, every 
technology transition. Understanding the historical examples helps you 
recognize the pattern when it is happening in real time - which is right now. 

Kodak and digital photography: Kodak did not miss the digital revolution. 
They invented it. Their engineer Steve Sasson built the first digital camera in 
1975. Kodak understood the technology better than anyone on Earth 
because they literally created it. But digital photography was an existential 
threat to their film business. Every digital photo taken was a print that would 
never be made, a roll of film that would never be sold. So they buried their 
own invention. They spent two decades telling themselves digital would stay 
inferior. By the time they admitted the truth, every competitive advantage 
they had accumulated over a century was worthless. 

Blockbuster and Netflix: Blockbuster had 9,000 stores at their peak. 
Relationships with every studio. Distribution logistics across North America. 
Customer relationships built on decades of Friday night rentals. They could 
have acquired a controlling stake in Netflix for $50 million in 2000. They 
passed - not because they were stupid, but because Netflix was tiny and 
unproven and Blockbuster knew the video rental business better than 
anyone. From their vantage point, streaming was a niche curiosity. By the 
time it obviously was not, the window to respond had closed. 

Nokia and smartphones: Nokia did not miss the smartphone. They saw the 
iPhone launch and understood immediately what it meant. They had more 
engineering resources than Apple. Relationships with every carrier on Earth. 
Manufacturing scale Apple could only dream of. What Nokia could not do 
was integrate hardware and software into a seamless experience. Their 
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organizational competence was optimized for hardware excellence. Software 
was something they bought or licensed. When the iPhone proved that 
integration was everything, Nokia's century of advantages became liabilities 
overnight. 

Traditional media and streaming: This one is still playing out. The major 
networks and cable companies built empires on bundling, advertising, and 
distribution control. They could see Netflix and YouTube and TikTok 
coming. Many of them launched their own streaming services. But their 
entire business model was structured around the old way - cable fees, 
advertising loads, scheduled programming. To truly embrace streaming meant 
cannibalizing the cash cows that paid for everything. So they half-committed, 
protecting legacy revenue while the insurgents took their audience. 

The pattern is identical every time. The incumbent sees the threat. The 
incumbent has superior resources. The incumbent cannot respond because 
responding means destroying what made them successful. The window closes 
faster than anyone expects. 

Think about what happens when a new technology emerges. The incumbent 
has a massive customer base, established supply chains, optimized 
manufacturing, trained workers, brand recognition, distribution networks, 
and institutional knowledge accumulated over decades. These are enormous 
advantages. In theory, the incumbent should be able to outcompete any 
startup that tries to challenge them. 

But they almost never do. 

Why? Because all those advantages are optimized for the old way of doing 
things. The supply chains are built around old components. The 
manufacturing is designed for old products. The workers have skills suited to 
old processes. The distribution networks serve old customer relationships. 

To embrace the new technology, the incumbent would have to tear apart the 
very systems that made them successful. They would have to tell their best 
customers that the products they love are going away. They would have to lay 
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off workers who have dedicated careers to the old way. They would have to 
write off billions in optimized infrastructure. 

And they would have to do all this while the new technology is still 
unproven, still generating lower margins, still serving a customer base much 
smaller than their existing one. 

So they do not do it. They cannot do it. Not because they are stupid, but 
because the rational choice in the short term is to squeeze more juice from 
the existing business while the upstart is still small. 

And by the time the upstart is not small anymore, it is too late. 

 

Legacy Auto and the Approaching Cliff 

I think most legacy automakers in the world are toast. GM, Ford, Stellantis, 
Toyota, Nissan, VW… - they are facing an existential threat that their 
corporate structures simply cannot process. And I do not say this with any 
joy. These are American institutions that have employed millions of people 
over generations. Their decline will have real consequences for real families. 

But I have to be honest about what I see. 

The issue is not that legacy auto executives are incapable of understanding 
electric vehicles or autonomous driving. They understand these things. Many 
of them have given presentations about the transition to EVs and self driving 
cars. They have announced ambitious electrification targets. They have 
poured billions into battery development and software teams. 

None of that matters. 

What matters is that their entire business model is structured around internal 
combustion engines. Their manufacturing expertise is in machining engine 
blocks, transmitting power through complex gearbox assemblies, managing 
exhaust systems with thousands of components. They have spent a century 
optimizing for something that is about to become obsolete. 

And more critically, they have outsourced the things that will actually matter. 
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This is the detail that kills them. Legacy automakers do not make their own 
chips. They do not make their own batteries at meaningful scale. They do not 
write their own software. They have spent decades pushing complexity onto 
suppliers because it made their operations simpler and their margins higher. 

All the while, vehicles that people will buy are now simply robots on wheels. 
We covered Tesla’s FSD in detail in the first section. Try comparing that 
product with anything Legacy Auto offers. It’s a joke. 

But as it pertains to Legacy Auto, it was a completely rational strategy. Right 
up until the moment when chips, batteries, and software became the only 
things that matter. 

Tesla builds everything in-house. Their own chips. Their own battery cells. 
Their own software stack. When Tesla encounters a supply chain problem, 
they can redesign around it. When they want to improve full self-driving, they 
do not need permission from a tier-one supplier. When they want to optimize 
battery chemistry, they are not waiting on someone else's timeline. 

Legacy auto is not competing with Tesla on cars. They are competing with 
Tesla on integration. And they are losing badly. Just go to any major 
metropolitan area and look around. Or go to places like San Francisco or 
Austin and tell me how many self driving electric cars you see. 

It’s already happened. It’s just a matter of time. 

 

The Automotive Parallel 

The patterns I described above - Blockbuster, Kodak, Nokia - are not just 
historical curiosities. They are playing out right now in automotive. 

Like Blockbuster, legacy automakers can see the threat. They can see Tesla. 
But the gap between seeing the threat and being able to respond may have 
already closed. The supply chains they would need to rebuild take years. The 
software expertise they would need to develop takes a decade to mature. The 
manufacturing techniques they would need to adopt require billions in new 
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facilities. And they would have to do all of this while still making money from 
the old business to fund the transformation. 

Like Kodak, they are burying their own potential. I see echoes of Kodak 
every time legacy automakers talk about Tesla as if it is not a "real car 
company." As if manufacturing expertise in internal combustion engines is 
what defines a car company. As if a century of history making one thing 
proves you can make a different thing. Tesla is a technology company that 
happens to sell vehicles - the same way Netflix is a technology company that 
happens to deliver entertainment. And that distinction is the whole game. 

And like Nokia, they are caught in the integration trap. When a product 
becomes a platform, the ability to integrate across layers becomes more 
important than excellence in any single layer. Nokia was excellent at 
hardware. Apple was mediocre at hardware but excellent at integration. 
Integration won. Legacy automakers are in the exact same position - excellent 
at manufacturing traditional vehicles, but vehicles are becoming platforms. 
Software is becoming the differentiator. And the ability to integrate across the 
full stack - chips, batteries, motors, software, data, AI - is what determines 
competitive success. That integration capability is exactly what legacy 
automakers outsourced away. 

It is an almost impossible transition. And I think most of them will not make 
it. 

 

What Happens Next 

So where does this leave us? What happens as the innovator's dilemma plays 
out across automotive and beyond? 

I think we are going to see the fastest industrial disruption in history. Not 
because the technology is changing faster - though it is - but because the 
advantages of incumbency are smaller than they have ever been. 

In previous transitions, physical infrastructure provided durable advantages. 
Factories took years to build. Distribution networks took decades to 
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establish. Customer relationships were sticky because switching costs were 
high. 

But when software becomes the product, these advantages erode quickly. 
You do not need a century of manufacturing expertise when manufacturing is 
commoditized. You do not need distribution networks when the product is 
delivered over the air. You do not need sticky customer relationships when 
the product is dramatically better. 

Legacy auto is just the most visible example. But the same pattern is about to 
play out across every industry where software and AI can become the 
primary value drivers. 

Finance is next. Traditional banks have centuries of accumulated expertise in 
evaluating risk, managing capital, processing transactions. All of that expertise 
lives in human judgment and legacy systems. When AI can underwrite loans 
better than human analysts, when smart contracts can execute transactions 
without intermediaries, when risk assessment can happen in milliseconds 
instead of days - what is left of the traditional banking advantage? 

Healthcare follows the same pattern. Diagnosis is fundamentally pattern 
recognition. Treatment protocols are fundamentally decision trees. 
Administrative overhead is fundamentally workflow management. Every one 
of those functions is susceptible to AI automation. The century-old 
structures of hospitals, insurance networks, and credentialing systems are 
about to face the same pressures that are dismantling automotive incumbents. 

Education is already transforming. When AI can provide personalized 
tutoring that adapts to individual learning styles, what is the value proposition 
of a lecture hall with 300 students? When credentials can be verified through 
demonstrated competence rather than institutional affiliation, what happens 
to the university's monopoly on certification? 

Legal services are beginning to crack. Document review, contract analysis, 
case research - these were high-margin activities performed by armies of 
associates. AI is already doing them faster and cheaper. The partnership 
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model that has defined law firms for centuries is structurally unprepared for 
what is coming. 

In every one of these industries, the incumbents have massive apparent 
advantages. They have expertise, relationships, infrastructure, brand 
recognition, regulatory capture. And in every one of these industries, those 
advantages are about to become massive liabilities. 

 

The Speed Problem 

One of the things that makes this disruption different is the speed at which it 
is happening. 

When the automobile replaced the horse, the transition took decades - but 
what happened to the horse population when cars took over? It dropped by 
roughly 90% from 1920 to 1960. When electricity replaced gas lighting, it was 
a generational shift. 

AI moves at a completely different pace. Far faster than the computer. Far 
faster than the internet. 

The capabilities we are seeing today did not exist two years ago. GPT-3 was 
interesting but limited. GPT-4 changed what was possible. And the models 
coming next will change it again. Each generation compounds on the 
previous one. The improvement curve is steep and showing no signs of 
flattening. 

For incumbents, this speed is fatal. Traditional corporate planning works on 
three-to-five year cycles. You identify a threat, analyze it, form a committee, 
develop a strategy, get budget approval, execute the plan, measure results. By 
the time a large company completes that cycle once, the technology has 
advanced through multiple generations. 

This is why I think the gap has already closed for most legacy automakers. 
They could theoretically adapt if they started today - the problem is that 
adaptation takes longer than the time remaining before the disruption fully 
materializes. 
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Tesla is not waiting for legacy auto to catch up. They are improving their 
software every week. Their FSD system gets better with every mile driven. 
Their manufacturing efficiency improves with every car produced. While 
legacy auto is still developing strategies to respond to where Tesla was two 
years ago, Tesla has already moved on to where they will be in two years. 

You cannot catch up to a target that is accelerating away from you. And the 
acceleration is the key variable that traditional strategic thinking fails to 
account for. 

 

The China Variable 

I need to spend some time on China, because the competitive dynamics there 
add a layer of complexity to everything I have been saying. 

The Chinese automotive market is the largest in the world. Chinese 
manufacturers have gotten very good at making electric vehicles. And 
Chinese companies do not labor under the same innovator's dilemma that 
plagues Western incumbents, because many of them do not have the same 
legacy to protect. 

BYD, as I mentioned, is formidable. But there are dozens of Chinese EV 
companies moving fast. They have government support. They have access to 
the entire battery supply chain. They have manufacturing infrastructure that 
took decades to build. 

And the Chinese business community operates with a pragmatism that 
American companies often lack. 

I think the Chinese approach to business is actually more honest in some 
ways. When the US legacy business community looks at disruption, they form 
industry associations to lobby for protection. They seek regulations to slow 
down the disruptor. They complain to media outlets about unfair 
competition. 

The Chinese just try to win. 
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Does this make them easier to compete against? In some ways yes, in some 
ways no. They will move faster than Western incumbents. They will iterate 
more aggressively. They will take risks that American public companies 
cannot stomach because of quarterly earnings pressure. 

But they also face their own constraints. The Chinese companies are largely 
locked out of Western markets due to tariffs and security concerns. Their 
cutting edge technology is genuinely behind America’s - chips, self-driving, 
and AI models as an example. 

But there is a deeper issue. China is good at manufacturing. China is good at 
scaling production. China is good at optimizing known processes. But the 
innovator's dilemma ultimately comes down to organizational willingness to 
embrace the unknown. And in a system where no one can become more 
powerful than the state, there are limits to how much disruption any 
company can drive. 

I think China will produce competitive electric vehicles for decades. I am less 
certain they will lead the transition to autonomy. The data advantage matters 
too much, and the data is collected from vehicles driving globally, not just 
Shenzhen and Shanghai - although even that is changing quickly. 

 

Why Timing Matters More Than Ever 

In previous technological transitions, timing was important but not decisive. 
Miss the first wave of electrification? There would be a second wave. Fall 
behind on computers? Catch up with the next generation. The transitions 
played out over long enough periods that companies had multiple chances to 
adapt. 

AI does not work that way. 

AI systems exhibit what is called a capability overhang - improvements that 
happen suddenly rather than gradually. A system that cannot do something 
on Monday might be able to do it flawlessly by Friday. The S-curves that 
describe traditional technology adoption are steeper and shorter. 
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Take AI agents as an example. At the start of 2026, we are beginning to see 
the massive impacts that agents can have on the economy, with products like 
Claude Code, CODEX, and OpenClaw. These are basically pieces of 
software that can execute tasks on a computer like a human could. Excel 
spreadsheet work, word documents, coding - you name it. 

By the end of 2026 - mark my words - AI agents will easily be one of the 
most disruptive forces happening in the economy globally. There will be tens 
of millions - perhaps more - of these agents running around the digital world 
completing tasks for humans at supersonic speed. 

This means the window for adaptation is smaller than executives expect. The 
classic mistake is to look at a competitor, note that they are doing something 
you cannot do, and assume you have time to match them. With AI, by the 
time you match their current capability, they have moved to something 
entirely new. 

I watch legacy auto announcements constantly. They talk about catching up 
to Tesla's 2021 capabilities. They are proud of matching range and 
performance metrics from vehicles that are already obsolete. They do not 
seem to understand that the target is moving. 

Meanwhile, Tesla's FSD system is approaching the point where unsupervised 
autonomy is already viable. When that happens, the comparison changes 
entirely. You are no longer competing on car features. You are competing on 
whether your vehicle can generate revenue while the owner sleeps. 

How do you catch up to that? You cannot. Not if you are starting from 
where legacy auto is starting. 

 

Recognizing the Pattern 

The question I think everyone should be asking themselves is this: What 
industry am I in, and is it vulnerable to the same pattern? 
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Because if you work in a sector dominated by large incumbents who have 
spent decades optimizing for the current way of doing things, you should be 
paying very close attention to what is happening in automotive. 

The warning signs are predictable. Incumbents will dismiss the upstarts as 
serving niche markets. They will point to their superior resources and 
expertise. They will announce strategic initiatives to embrace the new 
technology while actually protecting the old business. They will say the 
transition will take a while, giving them plenty of time to adapt. 

And then, suddenly, it will be too late. 

I am describing pattern recognition, plain and simple. And the pattern is as 
clear now as it was when Netflix was mailing DVDs to a tiny customer base 
while Blockbuster executives explained why streaming would never work. 

This transformation is fundamentally about economic power shifting from 
incumbents who dominated the old world to insurgents who are building the 
new one. AI, robotics, and energy are the mechanisms - abundance or 
collapse is the outcome depending on how it's managed. And the Innovator's 
Dilemma ensures that this transfer happens faster than anyone expects. 

The question is not whether it will happen. The question is whether you are 
positioned on the right side of it. 
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Chapter 7 

US vs China - The Race That Matters 

Everything I've laid out so far - the convergence of AI, robotics, and energy, 
the disruption of legacy industries, the barbell reshaping of society - it all 
assumes something that needs to be said explicitly. It assumes that AI 
development continues to advance primarily in environments where 
competition, individual achievement, and market forces remain intact. And 
that assumption is far from guaranteed. 

I want to be direct about something most people dance around, or simply 
don’t think about: it is extremely important for the United States to win the 
AI race against China. I know that sounds nationalistic, and I know there are 
people who will bristle at framing this as a competition at all. But the stakes 
are too high to be polite about it. 

 

Why This Race Matters 

I want you to think about AI not as a product, but as a force multiplier for 
whatever system deploys it. AI in the hands of a democratic, capitalistic 
society will be shaped, ideally, by competitive forces. Multiple companies, 
multiple approaches, multiple people all pushing in different directions, with 
the outcome determined by markets and consumer choice. AI in the hands of 
an authoritarian regime will be shaped by whatever that regime wants it to do. 
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The way I see it, this is the most important variable in determining whether 
the Age of Abundance I've described actually materializes as something good 
for humanity, or becomes a tool for control that makes previous 
authoritarian regimes look primitive. 

Think about surveillance. Think about social scoring. Think about the ability 
to monitor every transaction, every conversation, every movement of every 
citizen. Now multiply that capability by a thousand. That's what AI-enabled 
authoritarianism looks like. And it's not hypothetical. 

AI will be powerful - we've established that. The real question is: powerful in 
whose hands, deployed according to whose values, controlled by whom? 

The Jack Ma Lesson 

I think the clearest illustration of the difference between the US and Chinese 
systems is what happened to Jack Ma. 

Jack Ma built Alibaba into one of the most valuable companies in the world. 
By any measure of entrepreneurial success, he was at the very top. He created 
massive value, employed hundreds of thousands of people, and became the 
most prominent businessman in China. 

And then he gave a speech criticizing Chinese financial regulators. 

What happened next should be instructive for anyone trying to understand 
how these two systems differ. The Ant Group IPO - which would have been 
the largest in history - was pulled at the last minute. Jack Ma essentially 
disappeared from public life for months. When he reemerged, he was 
diminished. His companies faced antitrust investigations. His influence 
evaporated. 

Now think about what this tells you about the ceiling on achievement in 
China. In that system, no one - absolutely no one - can be perceived to be 
more powerful than the Communist Party. No one can threaten the power 
and decision-making ability of Xi Jinping. The moment any individual's 
influence threatens to rival the state's, that individual gets cut down. 

Contrast this with Elon Musk in the United States. 
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The Elon Comparison 

Elon Musk is easily the most powerful private citizen in the world. He 
controls the dominant electric vehicle company in the US, the dominant 
commercial space company in the world, a major social media platform, and 
one of the leading AI companies. His wealth exceeds the GDP of many 
countries. At the time of this writing, his net worth is somewhere around 
$800 billion. His decisions affect global markets, geopolitics, and 
technological development at a civilizational scale. 

And the US government can't just make him disappear. And trust me - 
they’ve tried. 

I'm not saying Elon is above the law. He has faced SEC investigations, 
regulatory battles, and constant media attacks. But he remains in the arena. 
He remains powerful. He remains able to compete, build, criticize, and push 
forward with his vision regardless of whether the government approves. 

This is the fundamental difference. In the United States, there is no ceiling on 
individual achievement. You can theoretically become a centibillionaire. You 
can become arguably more influential than the President on technological 
matters. You can build companies that reshape entire industries and the 
government's response is not to eliminate you, but to try to regulate you 
within a legal framework. 

In China, the ceiling is the Party. And the Party will always protect itself first. 

 

Why This Affects AI Development 

Now you might be thinking - okay, but why does this political difference 
matter for AI specifically? And the answer goes back to what actually drives 
AI advancement. 

AI is developed by people. The best AI researchers in the world can choose 
where to work. They're highly mobile, highly educated, and have options. The 
question is: where will the top talent want to be? 
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In a system where your success can be confiscated the moment it becomes 
inconvenient for the ruling party, the incentives are warped. Why push 
boundaries? Why challenge assumptions? Why build something that might 
disrupt existing power structures? The rational response in an authoritarian 
environment is to play it safe, to avoid attention, to make sure your work 
serves the state rather than challenges it. 

In a competitive environment, the incentives are the opposite. Push 
boundaries. Challenge assumptions. Disrupt existing structures. That's how 
you win. That's how you get rich. That's how you change the world. 

This is why the best AI talent has historically concentrated in the US. Not 
just because of salaries or resources - China can match those. But because of 
freedom. The freedom to pursue ideas wherever they lead. The freedom to 
fail without state consequences. The freedom to succeed without the state 
taking it away. 

 

China's Open-Source Strategy 

I want to be clear about something: China is not sitting still, and they're not 
stupid. They have a strategy, and it's clever. 

China has been releasing major AI models as open source. DeepSeek and 
other Chinese AI labs have put out models that compete with the best 
American offerings - and given them away for free. A lot of people look at 
this and think China is being generous. That they're contributing to global AI 
development. That open source is inherently good and we should celebrate 
this. 

I think that completely misses what's actually happening. 

China's open-source AI strategy is designed to weaken America's private AI 
development model. Think about it from their perspective. American AI 
companies like OpenAI, Anthropic, and xAI have raised hundreds of billions 
in capital on the premise that they can build proprietary AI systems that will 
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be worth trillions. That capital funds the R&D, the talent acquisition, the 
compute infrastructure. 

Now imagine if comparable AI capabilities were simply free. Available to 
everyone. No need to pay for ChatGPT or Claude or Grok because an open-
source Chinese model does the same thing. 

What happens to the American AI business model? What happens to all that 
capital that was premised on building something differentiated? 

It evaporates. 

This is economic warfare disguised as generosity. China is trying to 
commoditize the layer that American companies are trying to monetize. If 
they succeed, they undermine the entire economic engine driving American 
AI development. 

And the uncomfortable part: in some ways it's working. DeepSeek's releases 
have already affected valuations and strategic planning at American AI 
companies. The threat of free-good-enough AI models hanging over the 
industry changes the math on what's worth building. 

 

The Manufacturing Reality 

China's manufacturing capabilities are genuinely impressive, and will be a key 
variable in the development of humanoid robots. 

China has built the manufacturing base that America used to have. They can 
build things fast, at scale, and at costs that American companies can't match. 
When Apple needs to ramp up iPhone production, they do it in China. When 
Tesla needed to expand capacity quickly, they built a factory in Shanghai that 
went from empty lot to producing cars in under a year. Try doing that in 
America. 

This manufacturing expertise extends to everything AI needs. Batteries, 
chips, components, devices - China either makes them or can make them. 
The physical infrastructure of the AI era runs through Chinese factories. 
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Now, some people look at this and say we should decouple completely. Bring 
all manufacturing back to America. Reduce all dependencies on China. And I 
understand the appeal of that argument. 

But I think it misses the practical reality. You can't rebuild 40 years of 
manufacturing infrastructure overnight. You can't train a workforce. You 
can't develop the supplier relationships. Even if you started today with 
unlimited money, it would take a decade or more to replicate what China has 
built. 

So we're in this awkward position where we're competing with China in AI 
while depending on China for much of what goes into AI systems. That 
tension isn't going to resolve quickly, and anyone who tells you otherwise is 
selling something. 

The question is how to manage that dependency while the competition plays 
out. How to reduce the most critical vulnerabilities without blowing up the 
entire global supply chain. How to build alternatives without pretending we 
can snap our fingers and bring everything home. 

 

Why China Moves Faster 

There's another uncomfortable truth: China can often move faster than we 
can on major projects. 

When China decides to build high-speed rail, they build thousands of miles of 
track. When America decides to build high-speed rail in California, we spend 
decades on environmental reviews and legal challenges and still don't have a 
working system. 

When China decides to deploy 5G infrastructure, they deploy it nationwide in 
a couple of years. When America tries to deploy 5G, we have endless debates 
about which frequencies to use and how to handle the rollout. 

This speed advantage matters for AI. Training AI models requires massive 
data centers. Those data centers require power infrastructure, cooling 
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systems, buildings. The country that can build this stuff fastest has an 
advantage. 

Elon has talked about this. The buildout speed of xAI's Colossus cluster was 
remarkable by American standards - just 122 days from start to operational. 
But that required Elon's particular ability to cut through obstacles. Most 
American companies can't move at that pace. 

In China, if the government decides something gets built, it gets built. There's 
no environmental litigation. There's no NIMBY opposition. There's no 
endless permitting process. The state says build, and building happens. 

Now, this speed comes with costs. China has built ghost cities. They've built 
infrastructure that didn't make economic sense. The lack of checks means 
bad decisions get implemented just as fast as good ones. Authoritarianism is 
fast in all directions, including wrong directions. 

But for AI specifically, where the race is measured in months and years rather 
than decades, China's ability to build fast is a meaningful advantage that we 
need to acknowledge. 

 

The Chip Battleground 

Beyond software, there's hardware - and the implications are even larger. 

The United States has been trying to restrict China's access to advanced AI 
chips - the Nvidia H100s and similar hardware that power the largest AI 
training runs. The logic is straightforward: if you can control the hardware, 
you can control the pace of AI development. 

But there's a tension here. NVIDIA wants to sell chips wherever they can. 
American semiconductor companies have huge revenue from China. So you 
have this push and pull between national security interests that want to 
restrict chip access and commercial interests that want to maximize sales. 

But I think the chip restriction strategy might not even work the way it's 
intended. 
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China could have inferior hardware but beat us on algorithms. They could 
develop more efficient training methods, better architectures, smarter 
approaches to solving AI problems that require less raw compute. History 
has shown that constraints often drive innovation. When you can't brute 
force a problem with resources, you get creative. 

I'm not saying China will definitely overcome the chip restrictions. But I am 
saying we shouldn't be complacent about hardware advantages. The race is 
going to be won on multiple fronts, and China is competing seriously on all 
of them. 

 

What America Gets Right 

Despite my concerns, I remain optimistic about America's position. And let 
me explain why. 

First, capitalism drives innovation in a way that central planning simply 
cannot match. When you have multiple companies competing fiercely, each 
trying different approaches, each with skin in the game, you get a diversity of 
experiments that no government committee could ever design. Some of those 
experiments fail. Most of them fail. But the ones that succeed create 
breakthroughs that planned economies cannot replicate. 

Tesla, SpaceX, xAI, OpenAI, Anthropic, Google DeepMind - these are all 
pursuing different strategies for AI and related technologies. They're 
competing viciously. They're stealing talent from each other. They're trying to 
out-execute each other. And that competition is what drives progress. 

Second, democracy provides error correction that authoritarianism lacks. 
When policies don't work in a democracy, they eventually get changed. 
Leaders get voted out. New approaches get tried. It's messy and slow, but it's 
adaptive. Authoritarian systems can make decisions faster, but they can also 
make catastrophic errors that persist because no one is allowed to challenge 
them. 

Third, there's no ceiling. The most ambitious people in the world know that 
in America, their upside is unlimited. They can build the next Tesla or 
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SpaceX or OpenAI and keep what they create. That attracts talent and 
ambition from everywhere. China has to work with whatever talent stays 
within its borders or can be convinced to return. America attracts talent from 
the entire world. 

 

What America Gets Wrong 

But I'm not blind to America's weaknesses either. And if we're going to win 
this race, we need to be honest about them. 

The bureaucracy is killing us. Try to build a new factory in America and 
count how many permits, environmental reviews, labor negotiations, and 
regulatory approvals you need. Compare that to China, where the 
government can simply decide something will be built and it gets built. Our 
regulatory apparatus was designed for a different era, and it's actively 
hindering our ability to compete. 

The education system is failing. I've talked about this elsewhere in this book, 
but America's education system is producing workers instead of 
entrepreneurs, test-takers instead of problem-solvers. We're falling behind on 
STEM education while arguing about things that have nothing to do with 
preparing the next generation to compete. 

The political polarization is exhausting. Every issue becomes tribal. Every 
policy debate becomes about teams rather than outcomes. China doesn't have 
to deal with this. They can align around a strategy and execute. We struggle to 
align around anything. 

And the short-termism in American business and politics makes it hard to 
sustain long-term technological investments. Quarterly earnings, two-year 
election cycles - the time horizons are all wrong for the kind of decade-long 
pushes that winning the AI race requires. 
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The Taiwan Question 

I would be remiss not to mention Taiwan, because it's central to this 
competition. 

Taiwan manufactures the majority of the world's most advanced 
semiconductors. TSMC is the cornerstone of the global chip supply chain. 
And China claims Taiwan as its territory. 

You can see the problem. If China took Taiwan - through military action, 
economic coercion, or political annexation - they would control the hardware 
that powers AI development globally. They wouldn't need to develop their 
own advanced chip manufacturing. They could simply take it. 

This is one of the most dangerous scenarios for the AI race. Not because 
China would necessarily shut off chip supplies to America - though they 
might - but because it would fundamentally shift the balance of power in 
technology. Control the chips, control the AI. Control the AI, control the 
future. 

The United States has been moving to reduce this dependency. The CHIPS 
Act is funding domestic semiconductor manufacturing. Intel is trying to catch 
up. But building semiconductor fabs takes years, and we're starting from way 
behind. This is a vulnerability that won't be fixed quickly. 

And I think it's worth noting: TSMC is building fabs in Arizona, but they've 
faced challenges that illustrate exactly what I was saying about American 
manufacturing. Worker availability, cost overruns, delays - all the things that 
China seems to avoid by simply commanding resources to show up where 
they're needed. 

American workers are fine - the problem is systemic. The regulatory 
environment, the cost structure, the legal risks - everything is stacked against 
fast, cheap manufacturing in America. And that's a strategic problem when 
you're racing against a country that has optimized for exactly that. 
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The Data Advantage Nobody Talks About 

Now, I want to bring up something that gets overlooked in the US-China AI 
discussion: data. 

China has over 1.4 billion people generating data. The government has 
broader data access than in the US, despite China's comprehensive PIPL 
privacy law. They have massive platforms - WeChat, Alibaba, TikTok's 
Chinese version Douyin - that collect enormous amounts of behavioral data. 

In AI, data is everything. The models are only as good as what you train them 
on. And China has access to data about human behavior at a scale that's hard 
for American companies to match, especially as privacy regulations in the US 
and Europe continue to tighten. 

Now, there are counterarguments. The data is in Chinese, which limits its 
applicability to English-language AI systems. The censorship within China 
means certain types of data don't exist. The cultural norms are obviously very 
different. And the quality of data matters as much as quantity. 

But I think this is an underappreciated factor in the competition. American 
AI companies are building on English-language internet data that's 
increasingly being locked down by the platforms that own it. Twitter data, 
Reddit data, YouTube data - it's all being monetized or restricted. Meanwhile, 
China can mandate that its companies share data for AI training if the 
government decides that's strategically important. 

This is another asymmetry in how the two systems compete. American AI 
companies have to negotiate and pay for data access. Chinese AI companies 
have a government that can simply direct data to flow where it's needed. 

 

The Competition Within Competition 

And I want to add a nuance here that I think gets lost. This isn't a pure two-
player game between US and China. Within each country, there are 
competing factions, interests, and approaches. 
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In the US, you have the AI safety crowd who want to slow down 
development. You have the accelerationists who want to push as fast as 
possible. You have legacy companies trying to protect their positions and 
startups trying to disrupt them. You have politicians whose expertise lies 
elsewhere trying to regulate technology they haven't had time to deeply study 
- which is understandable given how fast this field moves, but still creates a 
knowledge gap. 

In China, you presumably have similar internal debates, though they're less 
visible. There are factions within the Party with different views on 
technology, on openness, on how to compete with America. 

The outcome of the race depends not just on US versus China but on which 
factions within each country end up driving strategy. If the AI safety crowd in 
America succeeds in dramatically slowing development, while China's 
accelerationists push forward, that changes the trajectory. If China's more 
cautious factions prevail and they pull back on AI development for whatever 
reason, that changes things too. 

This is why I'm hesitant to make a definitive prediction. There are too many 
variables, too many moving parts, too many internal competitions within the 
larger competition. 

 

The Stakes 

Let me bring this back to what really matters. 

If the United States wins the AI race - and by "wins" I mean maintains 
leadership in AI development, preserves competitive market structures, and 
ensures AI is deployed in ways that respect individual rights - then the future 
I've described throughout this book becomes possible. The Age of 
Abundance, properly managed, with benefits distributed widely. 

If China wins - given the current state of the country, authoritarian control of 
AI becomes the dominant model globally - then we're looking at something 
very different. AI as a tool of state control. AI as a mechanism for 
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surveillance, scoring, and compliance. AI that serves the Party rather than the 
people. 

Now, I need to be honest about something uncomfortable: the United States 
isn't immune to this risk either. AI-powered surveillance is likely already 
deployed domestically in some respects, and it’s not well understood if these 
tools consider people’s freedoms and privacy. Facial recognition. Predictive 
policing. Social media monitoring. The tools of authoritarian control can exist 
in America too. And with AI capabilities advancing, the temptation to use 
them will only grow. 

Could the US devolve into its own version of an AI-empowered Big Brother 
state? Absolutely. The technology doesn't care about political systems. The 
same AI that China uses for social credit scoring could, in theory, be 
deployed by any government. 

What gives me (theoretical) confidence in American resilience is structural: 
democracy, free markets, independent judiciary, free press, decentralized 
power. These institutions create friction against authoritarian drift. They're 
not perfect - they've failed before - but they provide checks that don't exist in 
China's system. In theory, if an American administration tried to deploy AI 
for mass surveillance, there would be lawsuits, Congressional hearings, 
journalistic investigations, corporate resistance, and electoral consequences. 

In theory. 

I emphasize "in theory" because these safeguards are not guaranteed. They 
depend on continued civic engagement, institutional integrity, and public 
vigilance. The price of freedom is eternal vigilance, and AI makes that 
vigilance both more difficult and more necessary. 

So when I say it matters who wins the AI race, I'm not saying America is 
perfect or that American AI leadership automatically produces good 
outcomes. I'm saying that American AI leadership preserves the possibility of 
good outcomes in a way that Chinese AI leadership does not given its current 
state. The difference is between a system where course correction is possible 
and a system where it is not. 
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I don't think this is hyperbole. I think this is the actual stakes of the 
competition. 

And I think most people in America don't appreciate how serious this is. 
They see AI as a consumer product, as a productivity tool, as something that 
generates images or writes emails. They don't see it as a civilizational fork in 
the road where the path we take determines whether humanity moves toward 
freedom or control. 

 

What Needs to Happen 

So what should America do? I don't have all the answers, but I have some 
thoughts. 

First, we need to streamline the regulatory environment for AI development 
and deployment. That doesn't mean no regulation - I've been clear that I'm 
pro-regulation for ensuring benefits are distributed. But it means smart 
regulation that doesn't slow us down relative to China. 

Second, we need massive investment in semiconductor manufacturing and 
supply chain resilience. The Taiwan dependency is a strategic vulnerability 
that must be addressed. 

Third, we need to fix the education system to produce more people capable 
of contributing to AI development. This is a generational project, but it needs 
to start now. 

Fourth, we need to recognize China's open-source strategy for what it is and 
develop a response. That might mean more public funding for open-source 
AI development in the US. It might mean different business models. It might 
mean accepting that some AI capabilities will be commoditized and 
competing on what can be differentiated. 

Fifth, we need political leadership that actually understands technology and 
can make coherent long-term strategy. This is maybe the hardest one, given 
how our political system works. 

And last not but least, we need energy. SO much energy. ALL the energy. 
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The Talent Migration Pattern 

I think one of the most important dynamics to watch is where AI talent 
chooses to live and work. 

For decades, the best technical talent from China came to America for 
graduate school and stayed. They built careers at American tech companies. 
They founded startups in Silicon Valley. China trained them, America kept 
them. 

That pattern is changing. China has invested heavily in keeping its talent 
home and bringing emigrants back. They've built research institutions, 
funded startups, and created pathways for technical workers to achieve 
success without leaving China. The nationalist sentiment has increased. The 
cultural pull to return home has strengthened in some ways. 

Meanwhile, America has made it harder to stay. Visa restrictions, political 
tensions, and a general climate of suspicion around Chinese nationals in tech 
has pushed some people back who might otherwise have stayed. Not to 
mention the political climate around immigration, period. Every time we 
make it harder for a talented Chinese engineer or researcher to build a life in 
America, we're potentially handing that person to our competitor. 

This is a tricky balance. There are legitimate national security concerns about 
technology transfer and espionage. I'm not naive about that. But I also think 
we've swung too far toward suspicion in ways that hurt our competitive 
position. 

The ideal scenario is that America remains the most attractive place for 
ambitious, talented people to build their careers - regardless of where they 
were born. That's what made Silicon Valley what it is. That's what built the 
American tech industry. If we lose that, we lose one of our most important 
advantages. 
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What Victory Actually Looks Like 

I've been talking about "winning" the AI race, but I should be specific about 
what that means. 

Winning doesn't mean eliminating China as a competitor. That's not going to 
happen. China will continue to develop AI capabilities regardless of what we 
do. They're too large, too capable, and too determined to be shut out. 

Winning means maintaining leadership in the most advanced capabilities. It 
means ensuring that the norms around AI development reflect competitive 
market values rather than authoritarian control. It means being the place 
where the most important AI work happens, where the best talent wants to 
be, where the most valuable applications get built first. 

Winning means that when the AI era fully arrives - when artificial general 
intelligence becomes possible - it emerges in an environment where multiple 
players compete, where no single actor controls it, where checks and balances 
exist. Not in an environment where one government monopolizes the 
capability and uses it to entrench power. 

That's what's actually at stake. The structure of the system that will govern 
the most powerful technology humanity has ever created. National pride and 
economic dominance are secondary concerns. 

 

The Optimist's Take 

I'll end this chapter on an optimistic note, because despite everything I've laid 
out, I do believe America can and probably will maintain AI leadership. 

The fundamental advantages - capitalism, democracy, no ceiling on 
achievement, ability to attract global talent - are real and durable. They're not 
going away. China's strengths are also real, but they come with structural 
weaknesses that are hard to overcome. 

The people building AI in America are some of the most capable, ambitious, 
and driven people in the world. They understand the stakes. They're not 
going to let America fall behind without a fight. 
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And the race isn't over. It's just getting started. There's time to course correct, 
to address weaknesses, to double down on strengths. 

But we have to take it seriously. We have to stop pretending this competition 
doesn't exist, or that the outcome doesn't matter, or that technology 
development is somehow neutral with respect to political systems. 

The race matters. The outcome matters. And if you’re American, America 
needs to win. Because you know damn well the Chinese want the same for 
their country - as they should. 
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Chapter 8 

What Government Must Do (And Probably 
Won't) 

I want to start this chapter by saying something that might surprise people 
who follow my content. I'm pro-regulation. And I mean that genuinely. 

Most people assume that if you're bullish on AI and technology, you must be 
anti-government and anti-regulation. That's a false dichotomy. I think 
governments should be massively involved in the AI transition. The question 
is how they should be involved. And that's where I differ from most of the 
conventional wisdom. 

I'm pro-regulation but anti-slowdown. Most people think these are the same 
thing. They're wrong. 

 

The Core Job Nobody Wants to Talk About 

So what should government actually do? The way I see it, there's one job that 
matters more than anything else: ensure that AI benefits don't self-aggregate 
around a small group of people. 

That's it. That's the whole mandate. 

Because without deliberate intervention, the trajectory is predictable. AI 
capability will concentrate around those with capital to deploy it. The more 
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capital you have, the easier it is to employ AIs to do your bidding. The 
returns from that deployment generate more capital. That capital buys more 
AI capability. The flywheel spins. And within a decade, you'd have a world 
where a small fraction of the population controls an ever-expanding share of 
economic output while everyone else watches from the sidelines. 

I'm not being hyperbolic. This is the default trajectory if nothing changes. 
The math is straightforward. AI systems can work 24/7. They scale 
horizontally without friction. They improve continuously through iteration. 
And they're getting better at tasks that require judgment, not just execution. 
When you combine those properties with the existing distribution of capital, 
you get a self-reinforcing concentration mechanism. 

Government's job is to break that concentration. To ensure the benefits get 
distributed while keeping the system fair. And I'll be honest - that's an 
extremely hard job. But it's necessary. 

 

Pro-Regulation, Anti-Slowdown 

Now, when I say pro-regulation, I don't mean what most politicians mean 
when they talk about AI regulation. Most of the current regulatory 
conversation is about slowing things down. Adding friction. Creating 
approval processes. Requiring impact assessments. Building bureaucratic 
checkpoints that AI companies have to navigate before they can deploy new 
capabilities. 

That approach is counterproductive for a few reasons. 

First, it doesn't actually address the concentration problem. Slowing down AI 
development doesn't change who benefits when the technology eventually 
arrives. If anything, it advantages incumbent players who can navigate 
regulatory complexity over scrappy startups who can't afford compliance 
departments. 

Second, it hands China an advantage. While American companies are filling 
out paperwork and waiting for approvals, Chinese labs are iterating. And as I 
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discussed in the previous chapter, losing the AI race to China has profound 
implications for how AI gets deployed globally. 

Third, and this is the part that frustrates me most, it conflates the wrong 
risks. The real danger isn't that AI will develop too fast. The real danger is 
that its benefits will concentrate too narrowly. Slowing development doesn't 
address that. It just delays the reckoning while making the concentration 
problem worse in the meantime. 

So what does productive regulation look like? It looks like ensuring broad 
access to AI capabilities. It looks like preventing any single entity from 
cornering critical AI infrastructure. It looks like aggressive antitrust 
enforcement when companies try to vertically integrate in ways that exclude 
competition. It looks like data portability requirements so that switching costs 
don't lock users into specific platforms. It looks like public investment in 
open-source AI research so that there's always a competitive alternative to 
private offerings. 

These are regulatory interventions that preserve competition and broaden 
access. They're the opposite of the friction-based approach most regulators 
seem to favor. 

The simplest way to put it: create a landscape where AI is as accessible and 
commoditized as bottled water. Everywhere. Cheap. Necessary. 

 

UBI Is Inevitable 

I think Universal Basic Income - or something like it - is coming. Not 
because I'm ideologically committed to it. Because the math demands it. 

When AI systems can perform a significant fraction of economically valuable 
cognitive work, you face a choice. Either you find a mechanism to distribute 
the economic output those systems generate, or you watch a large portion of 
your population fall out of the economic system entirely. Those are the 
options. There isn't a third door. 
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I know UBI is politically controversial. Some people hear it and think welfare 
state expansion. Others hear it and think government dependency. But I 
think both of those framings miss the point. UBI in an AI-abundant 
economy is fundamentally about redistributing the gains from a transformed 
production system. The framing around "supporting people who can't find 
work" misses what's actually happening here. 

The transition I described in Chapter 5 - where the middle 60 percent gets 
crushed - doesn't resolve itself. The people displaced from cognitive work 
don't magically find new jobs that AI systems can't do. Not at the scale we're 
talking about. Some will, obviously. But not enough to absorb the disruption 
without deliberate intervention (in my opinion). 

So governments are going to face pressure. Massive pressure. When large 
portions of the population find themselves economically marginalized by AI 
displacement, they're going to demand response. And UBI - some form of 
direct cash transfer - is the simplest mechanism to provide that response. It 
might be called something else. It might be structured differently in different 
countries. But the basic idea - government provides baseline income to 
ensure everyone can participate in the economy - is where this is heading. 

What form should it take? This gets complicated fast. Options include: 

Direct cash transfers - the purest form of UBI. Everyone gets X dollars per 
month, no strings attached. Simple to administer, respects individual choice, 
but critics worry about inflation and people spending it "wrong." 

Negative income tax - Milton Friedman's version. Below a certain income 
threshold, you receive money from the government instead of paying taxes. 
Preserves work incentives better than flat UBI, but more complex to 
administer. 

Universal basic services - instead of cash, government provides free housing, 
healthcare, education, transportation, and free credits towards humanoid 
robots and self-driving cars. Ensures needs are met but removes individual 
choice and requires massive government competence in service delivery. 
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Sovereign wealth fund dividends - the Alaska Permanent Fund model. A 
portion of AI-generated wealth goes into a national fund that pays dividends 
to all citizens. Ties distribution to actual economic output. 

My guess is we'll end up with some hybrid approach - a basic cash floor plus 
enhanced public services - arrived at through messy political compromise 
rather than elegant design. 

The political obstacles are severe. The left sees UBI as insufficient - they 
want structural change, not a buyoff. The right sees it as socialism that 
destroys work ethic. Both sides worry (correctly) about inflation if you just 
print money without corresponding production. And the people who would 
benefit most from UBI - displaced workers - typically have less political 
power than the corporations and wealthy individuals who would fund it. 

We already have small-scale experiments to learn from. The Alaska 
Permanent Fund has paid dividends to residents for decades without 
destroying their work ethic. Pilot programs in Stockton, Kenya, and Finland 
have shown promising results. But scaling from pilot to national policy is a 
different challenge entirely. 

My skepticism centers on whether governments will implement it 
competently. The necessity is clear - the execution is where I have doubts. 
And that brings me to the bigger problem. 

 

How Do You Pay For It? 

The obvious question is funding. Where does the money for UBI come from 
when AI is simultaneously displacing workers and concentrating wealth? 

I think the answer involves rethinking taxation entirely. The current tax 
system is built for a world where most economic value is created by human 
labor. You tax wages. You tax corporate profits. You tax transactions. But in 
an AI-abundant economy, a larger share of value creation happens without 
human labor. The traditional tax base shrinks even as the need for 
distribution grows. 
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So you need new mechanisms. Some possibilities: 

AI output taxes - tax the economic value produced by AI systems directly. 
When an AI performs work that would have been done by a human, capture 
some fraction of that value for redistribution. The challenge is measurement, 
but it's not conceptually impossible. Could be as simple as taxing tokens at 
the chip layer. 

Compute taxes - tax the computational resources used for AI inference and 
training. This has the advantage of being measurable and hard to evade. The 
more AI work you're doing, the more compute you're using, the more you 
pay. 

Data value taxes - the training data that makes AI systems valuable was often 
created by regular people who never got compensated. A data value tax could 
capture some of the downstream value and redistribute it. 

Robot taxes - this one gets discussed frequently. If a robot or AI system 
displaces a human worker, the company pays a tax equivalent to what they 
would have paid in payroll taxes for that human. It's a straightforward 
concept, though enforcement gets complicated. 

None of these are perfect. All of them have implementation challenges. But 
the point is that we need to be thinking about how taxation evolves for an AI 
economy, not just whether UBI is philosophically justified. 

The corporations benefiting most from AI are not going to volunteer to pay 
more taxes. They're going to lobby aggressively against any of these 
mechanisms. They're going to find loopholes. They're going to shift 
operations to jurisdictions with lower AI taxes. They’re going to massively 
reinvest the cashflows and profits from the AI systems back into the 
company to build even bigger AI systems. That's what corporations do. 
That’s the incentive. Expecting anything else is naive. 

Which means government has to be aggressive and coordinated - but most 
importantly, effective. International coordination on AI taxation would be 
ideal - prevents the race to the bottom. But international coordination is even 
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harder than domestic policy. So we're probably going to see a patchwork 
approach that creates massive inefficiencies and opportunities for arbitrage. 

Again, this is why I'm skeptical. The funding mechanisms for AI-era 
distribution require exactly the kind of competent, coordinated, aggressive 
government action that governments have historically struggled to deliver. 

 

The Corporate Incentive Problem 

Corporations have strong incentives to keep the current education system 
exactly as it is. And they have strong incentives to oppose most forms of 
productive AI regulation. 

Think about it from a corporate perspective. You want workers who are 
trained to follow instructions, not question authority, and show up reliably. 
You want workers who derive their identity from employment, so they're 
loyal and committed. You don't want workers who think like entrepreneurs, 
because entrepreneurs leave to start their own companies. 

Good companies do the right thing, but those are few and far between today 
- especially in very large, bloated corporations that are dominated by office 
politics. 

The education system that produces corporate drones serves corporate 
interests perfectly. Any reform that shifted education toward 
entrepreneurship would threaten the labor supply model that corporations 
depend on. 

Similarly, corporations benefit from AI concentration. If AI capabilities are 
concentrated in a few large companies, those companies can extract rents 
from everyone who needs AI tools. If AI capabilities are broadly distributed 
through aggressive antitrust and public investment, corporate margins get 
compressed by competition. 

So the entities with the most resources to lobby government - large 
corporations - have direct financial incentives to oppose exactly the reforms 
that would help with the AI transition. They'll advocate for regulatory 
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frameworks that appear protective but actually entrench their positions. 
They'll fund politicians who support the status quo. They'll deploy armies of 
lobbyists to shape legislation in their favor. 

I'm not saying this to demonize corporations. They're responding rationally 
to their incentive structure. But recognizing this dynamic is important for 
understanding why reform is so hard. The people with money want one 
thing. The people without money need something else. And in a system 
where money buys political influence, guess who usually wins? 

 

The Education Problem Nobody Wants to Fix 

When I think about why wealth inequality is a problem in America, most 
people reach for the wrong explanations. They blame wealthy entrepreneurs. 
They blame corporations. They blame the system being rigged. 

I blame education. 

America's education system is piss-poor. And I don't mean that test scores 
are low or that classrooms are underfunded, though both of those are true. I 
mean that the entire orientation of American education is wrong. 

Most people graduate from school without any fundamental understanding 
of how capitalism works. Ask the average American what a stock price 
represents and you'll get a blank stare. It's market capitalization divided by 
shares outstanding. That's it. But most people don't know that. They see 
Apple stock is $200, and Tesla stock is $400, and they’ll say Tesla is twice as 
expensive, when Apple’s market cap is 3x that of Tesla, roughly. Apple just 
happens to have “cut up” the company into smaller chunks. 

These folks have been through 12 to 16 years of formal education and 
emerged without the basic financial literacy required to participate in wealth 
creation. 

Why? Because American education was designed to create corporate drones. 
Go back to the history of public education in this country. It was built to 
serve the industrial economy. Show up on time. Follow instructions. Don't 
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question authority. Complete assigned tasks. Those are the skills that made 
good factory workers. And the basic structure of schooling - bells, periods, 
grades, standardized testing - all of it reflects that industrial origin. 

It started with amazing intentions. It devolved into a national embarrassment. 

But we're not in an industrial economy anymore. And we're definitely not 
going to be in an industrial economy in the AI era. The skills that matter now 
are entrepreneurial. Identifying opportunities. Taking calculated risks. 
Building things. Understanding capital allocation. Creating value rather than 
just executing tasks assigned by others. 

If education focused on entrepreneurship instead of corporate employment, 
we'd be in a fundamentally different position. Instead of graduating people 
who know how to be employees, we'd graduate people who know how to be 
builders. People who understand that owning equity is different from earning 
wages. People who can evaluate business models and allocate capital and 
create enterprises. 

But that's not what the system produces. And as AI makes employee skills 
less valuable, the gap between those who can build and those who can only 
work for others is going to explode. AI accelerates this divide times a million. 

 

Historical Parallels and Why This Time Is Different 

Previous technological transitions displaced specific types of work. Farming 
jobs declined with mechanization. Manufacturing jobs declined with 
automation. But cognitive work - the stuff that requires thinking, judgment, 
creativity - kept expanding. The knowledge economy absorbed displaced 
workers because the technology couldn't do what human brains could do. 

AI changes that equation. For the first time, we have technology that 
competes directly with human cognitive capability. Not just routine cognitive 
tasks, but increasingly sophisticated ones. Writing. Analysis. Coding. Design. 
Strategy. The stuff that was supposed to be safe because it required human 
judgment. 
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That's a fundamentally different situation. When technology displaces 
physical labor, people can shift to cognitive labor. When technology displaces 
cognitive labor, where do people go? The answer isn't obvious. 

Previous transitions also happened over decades. The shift from agricultural 
to industrial economy played out over multiple generations. People had time 
to adapt. Education systems had time to evolve. Social structures had time to 
adjust. 

AI is moving faster. Much faster. The capabilities I'm seeing now didn't exist 
1 year ago. The capabilities five years from now will make current systems 
look like a complete and total joke. We're looking at a multi-year timeline 
here. Maybe shorter. The multi-decade transition period people imagine 
simply doesn't match the pace of change. 

So the historical parallels that comfort people - we adapted before, we'll adapt 
again - don't fully apply. The nature of what's being displaced is different. 
The timeline is different. The degree of government competence required is 
different. 

I wish the historical parallels held perfectly. It would be reassuring. But I 
think intellectual honesty requires acknowledging that this transition is 
different in ways that matter. 

It will be like the car displacing the horse. But this time, we are the horses. 
(Thank you RethinkX). 

 

What Other Countries Are Doing 

It's worth looking at how other governments are approaching AI. Because 
the US doesn't exist in a vacuum, and international comparison is instructive. 

The European Union is pursuing its usual approach - heavy regulation, lots 
of bureaucracy, focus on risk management. The AI Act categorizes AI 
systems by risk level and imposes requirements accordingly. It's 
comprehensive and well-intentioned. It's also almost certainly going to slow 
European AI development while doing little to address the concentration 
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problem. European bureaucratic reflex is to regulate first and innovate 
second. 

China is taking a different approach entirely. The government is heavily 
involved, but as an accelerator rather than a brake. Massive investment in AI 
research and development. State direction of resources toward strategic 
technologies. Less concern about individual privacy or civil liberties if they 
conflict with AI advancement. If you're worried about AI concentration, 
China is an example of intentional concentration - concentrating AI power in 
the hands of the state. 

The UK has positioned itself as trying to find a middle ground - "pro-
innovation" regulation that promotes development while managing risks. 
Early days on how that works in practice. 

Singapore, UAE, and other smaller countries are essentially trying to become 
AI hubs through favorable regulatory environments and strategic investment. 
They're betting that being AI-friendly will attract talent and capital. So far, it’s 
working. 

What's notable is that almost nobody is doing what I think should be done - 
regulating to ensure broad distribution while keeping development fast. The 
EU is slowing things down. China is accelerating but concentrating. The 
small countries are trying to compete but lack the scale to matter globally. 
The US is in limbo, with no coherent strategy. Perhaps by design. 

This international landscape matters because AI regulation will increasingly 
require coordination. As we talked about before, if one country cracks down 
while others accelerate, companies just move. If there's no international 
framework for AI taxation, companies will arbitrage the differences. The 
collective action problems are massive. 

What Government Should Actually Prioritize 

If I were advising a government on AI policy - and to be clear, nobody's 
asking - I would focus on five priorities. 
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First, education reform at a fundamental level. Stop producing corporate 
drones and start producing entrepreneurs. Require financial literacy. Teach 
how businesses actually work. Make equity ownership and capital allocation 
core parts of the curriculum. This is a 20-year project, but without it, you're 
just managing decline. 

Second, aggressive antitrust enforcement in AI. Don't let any single company 
corner the market on foundation models, compute infrastructure, or training 
data. Keep the market competitive. This is the single most important lever 
for preventing concentration. 

Third, public investment in open-source AI. Fund research that produces 
capabilities anyone can use. This creates a floor on what's available to 
builders who don't have billions in capital. It keeps the proprietary players 
honest. And it ensures that AI capability doesn't become a toll road 
controlled by gatekeepers. OpenClaw is the best example of this. An 
unbelievably powerful tool in the age of AI, fully open source. 

Fourth, prepare for UBI. I know it's politically toxic right now. But the math 
doesn't care about political convenience. When AI displacement hits critical 
mass - and it will - governments are going to need distribution mechanisms 
ready to deploy. Start designing them now. Figure out funding mechanisms. 
Work out implementation details. So that when the moment arrives, you're 
not scrambling. 

Fifth, modernize government operations. Use AI internally to audit spending, 
detect fraud, streamline processes, and improve service delivery. Be an early 
adopter rather than a laggard. The irony of government trying to regulate AI 
while being unable to use AI to improve its own operations is not lost on me. 

 

The Skeptic's View 

Now, will any of this happen? As you can tell, I’m not optimistic. 
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The vested interests are too powerful. The political incentives are too 
misaligned. The bureaucratic inertia is too strong. And the timeline is too 
short. 

Government moves slowly by design. Deliberation, debate, coalition-
building, compromise - these processes take years. Decades for major reform. 
But AI is moving fast. The disruption I'm describing isn't a 30-year story. It's 
a 5-year story. Maybe less. By the time government figures out what to do, 
the transition will be well underway. 

And look at the actual political conversation about AI. It's dominated by 
people whose expertise developed in other domains - which is natural, 
because this technology barely existed a few years ago. But you see senators 
asking questions in hearings that reveal they haven't yet had time to develop 
deep technical understanding. Regulators proposing rules that reflect 
outdated mental models. Pundits focusing on speculative risks while the more 
immediate structural challenges get less attention. 

The people who understand AI deeply are mostly in the private sector, 
building. They're not in government, regulating. And that knowledge gap 
creates a fundamental problem. How can government craft good policy for 
technology that's evolving faster than any institution can track? 

But there will come a point where the existential nature of this race becomes 
impossible to ignore. When it becomes obvious that whoever wins AI wins 
everything, political resistance to change will evaporate overnight. We've seen 
this before: the Manhattan Project, the Apollo program, the COVID vaccine 
development. When survival is clearly at stake, governments can move with 
shocking speed. 

I expect that moment is coming. When China's AI capabilities become 
undeniably threatening, when job displacement hits critical mass, when the 
economic implications become viscerally real to voters - the same politicians 
who blocked reform will suddenly discover urgency. Regulatory hurdles that 
seemed immovable will disappear. Permitting that took years will happen in 
months. 
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This is both good and bad. Good because it means action will eventually 
happen. Bad because moving fast comes with its own set of problems. 
Rushed decisions. Reduced safety review. Policies designed in crisis mode 
rather than thoughtfully. The cure can be almost as dangerous as the disease 
when you're scrambling. 

So while I'm skeptical about government action happening in time, I'm not 
skeptical that it will eventually happen. The question is whether "eventually" 
is soon enough to matter. 

 

So where does this leave us? 

I believe that navigating the AI transition successfully requires herculean, 
competent government intervention. This is the key variable between 
abundance and collapse. Without effective government action, the benefits 
concentrate, the middle gets crushed, and social instability spirals into 
something much darker. We're not talking about recession or hardship. We're 
talking about societal collapse - the kind where institutions fail, social 
contracts break, and the gains from AI become meaningless because there's 
no stable society left to enjoy them. There’s no need to dedicate an entire 
section of the book to it. It’s painfully obvious and brutal. Dystopian. 

But I doubt governments will deliver that intervention. Not because the 
people in government are malicious. Because the structural incentives don't 
support it. Because the political timeline doesn't match the technological 
timeline. Because the knowledge gap is too wide. Because the entrenched 
interests are too powerful. 

This creates an uncomfortable situation. The transition is coming regardless 
of whether government handles it well. AI capability is improving 
independent of policy choices. The disruption will unfold whether there's a 
safety net in place or not. 

For individuals, this means you can't wait for government to save you. I'm 
being realistic here. Build your own positioning. Develop your own 
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capabilities. Take responsibility for your own trajectory. Because counting on 
government to execute well is a bet I wouldn't make. 

For the system as a whole, though, I genuinely worry. Not everyone can 
position themselves optimally. Not everyone has the resources or knowledge 
or circumstances to build their own safety net. And a society where large 
portions of the population are economically marginalized is not a stable 
society. The historical precedents for what happens in that situation are not 
encouraging. 

Maybe I'm wrong. Maybe government will surprise me. Maybe the pressure 
of AI disruption will force reforms that seemed impossible before. Maybe 
new leaders will emerge who actually understand the technology and have the 
political skill to navigate the institutional obstacles. Maybe the immune 
response can be overcome. 

I hope so. Because the alternative - AI transformation with incompetent 
government response - is collapse. Real collapse. The kind where economic 
displacement triggers political extremism, where institutions lose legitimacy, 
where the social fabric tears apart. The technology can deliver abundance. 
But without effective governance, it delivers chaos instead. 

 

The Path Forward 

What I want you to take from this chapter is a clear-eyed view of 
government's role in the AI transition. It's essential. And it's probably going 
to be botched. I hope I’m wrong. 

Government should be regulating to ensure broad distribution of AI benefits. 
Instead, it will probably regulate to slow things down while the concentration 
continues. 

Government should be reforming education to produce builders. Instead, it 
will probably continue producing corporate drones for jobs that won't exist. 

Government should be modernizing its own operations with AI. Instead, it 
will probably continue running on systems that were outdated decades ago. 
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Government should be preparing distribution mechanisms for AI-displaced 
workers. Instead, it will probably scramble reactively when the crisis hits. 

Pro-regulation, anti-slowdown. That's my position. Governments have a role 
to play. But the role they should play and the role they will play are probably 
different. 

Don't assume government will handle this well. Position yourself accordingly. 
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Chapter 9 

The Transition Nobody's Preparing For 

Consider a typical tax accountant - twenty years of experience, respected in 
his community, kids in good schools. He started using AI tools that do 80 
percent of his routine work. He's more productive than ever. But he also sees 
where this is heading. He doesn't know what to tell his son who's considering 
following him into the profession. The career that built his life may not exist 
in the form his son would inherit it. 

That's not a hypothetical future in lala land. 

A lawyer who spent seven years building expertise in contract analysis. A 
junior developer who assumed grinding through entry-level work would 
teach her the skills to advance. A financial analyst whose entire career is built 
on the kind of pattern recognition AI now does in seconds. They all face the 
same question: If the work that defines me can be automated, then who am 
I? 

Efficiency gains or productivity improvements is not the key question. This is 
about identity. And almost nobody is prepared for it. 
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The Agent Revolution Is Here 

Let me show you something to drive home how disruptive this whole thing 
is. 

This book you're reading was written with AI agent assistance. Without it, 
this book would’ve never existed. Roughly 95%+ of the words on this book 
were not physically written by me. 

How did that happen? The AI agent read through my entire YouTube 
transcript library that I’ve curated over 4 years. I've talked in great depth 
about the coming disruption for a while - over 1,700 videos. What the AI 
agent discovered was 3-5 overarching themes that would make for an 
excellent book topic. One that I would be specifically well-positioned to 
deliver on. 

Then, it went on my X account - which has over 350,000 followers and way 
too many posts - and studied how I write. My voice. My style. My cadence. 

Then, it merged these two things together, whipped up another set of 
research agents to help itself fact-check and highlight potential gaps as it 
writes, and it wrote the book. It came up with an overarching structure. It 
figured out what each chapter should be able. How it should be broken up 
into parts. What themes it should follow. 

And then it wrote the book. 

Then I took that book, proofread it, changed lines and sections that I 
thought needed to be modified, and went back to the AI agent to help me do 
a final edit, proofread, and format pass for Amazon’s book publishing 
standards. 

And now, this book is in front of your face in either Kindle format, 
paperback, or hardcover. (Thanks for your support!) 

This AI agent was Claude Code. You might be asking yourself how a Coding 
tool can write a book. As it turns out, if you do stuff in a computer, 
everything is code. Using MS Word is fundamentally using code. Researching 
on a computer is fundamentally using code. 
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This book would’ve never existed without Claude Code. The thought of 
writing a book - something I’ve always wanted to do - has always been far too 
daunting. But with the help of AI agents, that friction point has been 
completely removed. I was fortunate enough to already have done the work 
by posting almost 2,000 videos. The AI agent helped me transform that into 
a format that wouldn’t have existed otherwise. Yes - I could’ve hired a team 
to write a book on my behalf. But that would’ve cost me thousands - maybe 
more. 

This entire process on Claude Code was maybe… $50? Maybe? Probably less. 

This type of insanely disruptive technology - one that can take a seemingly 
impossible task for an individual, and make it not only achievable, but very 
enjoyable, will spread like wildfire through the economy. This technology 
isn’t limited to writing books. I’ve been using AI agents to completely 
transform my research and writing stack for my YouTube videos. My views 
on my videos are up as much as 10x because of this. This has a direct impact 
to the AI’s ROI - it generates more revenue than it costs to operate. It just so 
happens AI is a far better researcher and writer than I ever could be. What a 
shocking development (not really). 

The kicker is this system is fully autonomous. It has found 10+ other book 
topics I can write about in my style, voicing, and framing. All I have to do 
now is hit enter to get it started - and over time, it’ll become easier and easier 
to automate and refine each sub-step in the process. If you see 10 books 
published by me in less than a year, you know what happened. 

But let me explain what AI agents are. If you read this in early 2026, you are 
way ahead of a trend that’s about to take the world by storm. If you read this 
in 2027, you’ve probably already caught up. 

ChatGPT, Grok, Gemini, and Claude as chatbots is version zero. You ask a 
question, you get an answer. Useful, but limited. You're still the one doing the 
work, with AI as a tool. 

AI agents are different. An agent can: 

- Receive a complex goal ("edit this book based on reader feedback") 
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- Break it into subtasks autonomously 

- Execute each subtask (read files, make changes, run commands) 

- Verify its own work 

- Iterate when something fails 

- Complete the entire workflow without constant human oversight 

This is "AI as a worker." 

 

Let me give you concrete examples from my actual workflow: 

The Skills System: I've built a library of "skills" that Claude Code can execute. 
MEMORY loads everything Claude needs to know about me - my projects, 
preferences, writing style, positions on key topics. DAILY-ENGINE runs 
my entire content production pipeline: scans news, generates topic ideas 
scored against a 49-point framework, writes scripts, fact-checks, prepares for 
publication. TOPIC-FINDER discovers high-impact video topics using 
validated criteria. SCIPT-PIPELINE takes a topic from research through full 
script with hooks and story structure. 

I used precisely zero code to do this. I just talked to the AI agent about what 
I needed - and it built it. 

Each of these used to require hours of my time. Now I say "let's go" and the 
agent orchestrates the entire workflow. 

If you're on X right now, you're seeing this everywhere. Developers shipping 
entire features without writing code themselves. Writers producing content at 
10x their previous rate. Researchers synthesizing information across 
hundreds of sources in minutes. Everyone is losing their minds because the 
capability jump happened so fast. 

So what does this mean for the timeline? It started in 2024 really - not 2027. 
We're in it now - in the thick of it, and accelerating. These tools are already 
largely deployed. They're being used. By people like me, to produce content 
like this book, at speeds that weren't possible two years ago. 
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But what happens to the junior developer who thought they had years to 
build expertise? AI agents can already do significant portions of their job - 
likely all of it to be honest. What about the content writer who assumed 
creativity was their moat? AI agents can research, outline, draft, and edit at 
scale - and soon, they’ll be able to do this in video as well. Not just in writing. 
The analyst who spent years mastering Excel and SQL? AI agents can query 
databases, build models, and generate reports from natural language 
descriptions 100x faster with far better accuracy. 

 

The Agent Opportunity (For Those Who Adapt) 

But this is also the biggest opportunity in a generation - if you adapt. 

The people who learn to orchestrate AI agents won't be displaced. They'll be 
amplified. A single person with the right agent setup can now produce what 
used to require a team. Not slightly more productive - an order of magnitude 
more productive. 

I'm one person. With Claude Code and the skills I've built, I am 10x better. 

None of this replaces my creativity or judgment. It amplifies them. I still 
decide what topics matter, what positions to take, what voice to use. But all 
the execution overhead - the research, the drafting, the editing, the formatting 
- gets compressed. 

And eventually, the agent will learn about what I want to amplify. What 
topics matter to me. What positions are important to me. What my voice is. 
Remember - I can have these AI agents pointed at anything. I can have them 
study my watch history on YouTube. My liked posts on X. My news feed. My 
conversations. They will learn about who I am to the smallest detail, and 
eventually, they will be able to essentially ‘clone’ me in the digital domain. 

All we need are smarter AI models, and they are coming faster than anyone 
can keep up. As I make the last pass of the book on February 6th 2026, 
Anthropic and OpenAI both dropped new frontier models - Opus 4.6 and 
ChatGPT 5.3. Grok will be coming out with theirs in about 2 months. 
Gemini likely soon after that. 
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The question isn't whether AI agents will transform work. They already have. 
The question is whether you're learning to ride this wave or getting swept 
away by it. 

 

The Identity Crisis Nobody's Talking About 

The benefits are obvious to anyone paying attention. AI massively empowers 
builders, risk-takers, and the curious. If you're someone who creates things, 
who takes calculated risks, who learns continuously - you're going to be 
incredibly well off. AI is the ultimate force multiplier for people who already 
know how to generate value. 

But I'm deeply distressed about those who will be blindsided or can't adapt. 
Not everyone has the resources, knowledge, or circumstances to position 
themselves for this transition. And for those people, the next few years could 
be devastating. 

For a lot of people, work is how they understand themselves - the paycheck 
is almost secondary. Their identity is wrapped up in their profession. Their 
social connections form through workplace relationships. Their sense of 
purpose and contribution comes from their job. 

 

What happens when that gets disrupted? 

The standard tax accountant isn't worried about money. They’re worried 
about meaning. Twenty years of expertise. Twenty years of being the person 
clients call when things get complicated. Twenty years of identity built around 
being good at something that matters. And now he/she watches an AI do 
most of it in minutes. 

Some will embrace the change and supercharge their abilities. Those that do 
will put everyone else out of business in their space that don’t adopt this. 
What happens to all the tax accountants that don’t embrace AI? 
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I think we're going to see a psychological crisis alongside the economic one. 
People who defined themselves by their careers suddenly facing an existential 
question: If I'm not a lawyer, analyst, developer, writer - then who am I? 

Previous technological transitions didn't hit this issue as hard because they 
displaced physical labor while creating cognitive labor. People could shift 
their identity to new types of work. But when AI displaces cognitive labor, 
what's left? What does human work even mean in a world where AI can do 
most knowledge work? 

As I’m sure you’ve noticed if you live in America, the areas of the country 
that were massively impacted by manufacturing moving overseas didn’t 
suddenly become hubs for cognitive work. They’ve been ravaged with 
poverty, drug abuse, depression, and anxiety. What happens when the same 
dynamic hits cognitive work to start? 

Are these folks going to suddenly all take on blue collar jobs? And even if 
they do, what happens when robots come in and start doing those jobs far 
better than any human could - just like in the digital world? 

I don't have a clean answer. No one does, really. But I think the psychological 
dimension of this transition is massively underestimated. The anger and 
confusion people will feel won't just be about money. It will be about 
meaning. And angry, confused people who feel their identity has been stolen 
are not a stable social foundation. 

 

The Potential for Massive Social Unrest 

I'll say it plainly: I think there's real potential for massive social unrest during 
this transition, and I think the odds of that unrest are far larger than anyone 
admits. I don’t think it’s 50/50. I think it’s 70/30. Perhaps 80/20. 

When large portions of the population find themselves economically 
marginalized while watching a small group thrive, the result is predictable. 
History has shown us what happens. It looks like collapse - social fabric 
tearing apart, institutions losing legitimacy, extremism filling the void left by 
broken social contracts. 
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I've said before that it's going to be inevitable for something like a universal 
basic income to be implemented in the United States. Not because 
policymakers suddenly become enlightened about redistribution. Because 
millions of people will be borderline about to turn violent, and the 
government will have no choice but to respond. 

A true UBI will only be a response to that pressure. The government will say, 
"Okay, fine, here's money" because the alternative - actual upheaval - is 
worse. That's the cynical but realistic view of how this plays out. 

And even with some form of UBI, the transition period is going to be messy. 
Money doesn't solve the identity crisis. Money doesn't restore the sense of 
purpose that came from work. Money keeps people fed and housed, which is 
essential, but it doesn't address the deeper disruption. 

 

The Window Is Now 

The window for preparing is now. Not when the disruption is obvious to 
everyone. Now. 

Developing new skills takes time. Building alternative income streams takes 
time. Shifting from labor income to capital income takes time. Accumulating 
the resources to weather a disruption takes time. 

Starting that process when the disruption is already underway is too late. The 
people who will navigate this successfully are the ones who see it coming and 
move early. 

This is uncomfortable advice. I'm telling you to potentially make significant 
life changes based on predictions about the future. And predictions can be 
wrong. But the cost of being wrong in the direction I'm suggesting - 
developing additional skills that end up not being necessary - is low. The cost 
of being wrong in the other direction - dismissing the transition and being 
caught unprepared - is potentially catastrophic. 

I'd rather you prepare for something that doesn't hit as hard as expected than 
be blindsided by something you didn't see coming. 
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What the Unprepared Will Face 

For those who don't see this coming, or can't reposition for reasons beyond 
their control, the next few years are going to be difficult. 

Jobs that seemed stable will disappear faster than new ones appear due to the 
massive rate of change of the technology. Entire industries will contract while 
the new economy is still being built - most of it powered solely by AI 
systems. The gap between the disruption and the response will be filled with 
uncertainty and stress. 

Income will become unreliable. The steady paycheck that middle-class life is 
built around will become even harder to maintain. Gig work and contract 
arrangements - already prevalent - will become even more dominant, with all 
the insecurity that entails. 

Social support systems will be overwhelmed. Unemployment insurance 
wasn't designed for this kind of displacement. Retraining programs won't be 
able to move people fast enough. Family and community networks will strain 
under the pressure. 

And through all of it, there will be a psychological dimension. The 
uncertainty, the loss of identity, the feeling of being left behind while others 
thrive - these take a toll that shows up in mental health, relationships, and 
social cohesion. 

I'm not saying this to be alarmist. I'm saying it because sugarcoating the 
transition does a disservice. The people who understand what's coming can 
prepare. The ones who are told "it'll be fine, we'll adapt" are the ones who 
will be blindsided. 

 

The Case Against My Thesis 

I hope that I've laid out a strong case for why AI disruption is happening 
faster than most people expect. Now let me steel man the other side. These 
are the strongest arguments against my thesis, presented as fairly as I can 
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manage. If you're going to bet on my worldview, you should understand how 
it might be wrong. 

 

Argument 1: AI Progress Could Plateau 

The scaling laws that have driven AI improvement might hit fundamental 
limits. We've been picking the low-hanging fruit of AI capability - throwing 
more compute and data at transformer architectures and watching them get 
smarter. But there's no guarantee that trend continues. 

Maybe we've exhausted the easy gains. Maybe the next leap requires 
architectural breakthroughs that could take decades to disrupt the economy 
the way I’m describing. Maybe current AI is reaching the ceiling of what 
statistical pattern-matching can achieve, and true intelligence requires 
something we don't yet understand. 

This is a serious argument. Anyone telling you they know for certain that AI 
progress will continue exponentially is likely wrong. We've been surprised by 
capability jumps, but we could equally be surprised by a plateau. The history 
of AI includes multiple "winters" where progress stalled for years. 

I still believe we're in a sustained capability explosion, and it’s all just getting 
started, but I hold that belief with humility. If GPT-7 is only marginally better 
than GPT-5, I'll reassess. 

 

Argument 2: Regulatory Capture Could Slow Deployment By a Decade 

Even if AI keeps improving, its deployment into the real economy could be 
dramatically slowed by regulatory friction. Unions fighting automation. Safety 
requirements that make deployment uneconomical. Liability frameworks that 
create so much legal risk that companies don't bother. 

Look at autonomous vehicles. The technology has been "ready" for 
deployment for years, depending on how you define ready. But regulatory 
uncertainty, liability questions, and political pressure from affected workers 
have kept full-scale deployment in limbo. 
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Multiply that across every industry. Healthcare AI faces FDA approval 
processes. Legal AI faces bar association resistance. Financial AI faces 
regulatory scrutiny. Every sector has incumbents with political influence who 
don't want to be disrupted. 

This argument isn't about whether AI can do the work. If the deployment 
timeline stretches from 5 years to 15 years, my urgent "prepare now" message 
looks alarmist. 

I think the economic pressure eventually overwhelms the political resistance, 
but I could be wrong about the timeline by a factor of two or three. 

 

Argument 3: Economic Disruption Could Trigger Protectionist 
Backlash 

If AI starts displacing workers at the scale I'm predicting, the political 
response might not be UBI and adaptation. It might be AI bans, robot taxes, 
and "human work" mandates. 

We've seen this before. The Luddite movement wasn't irrational - it was 
workers correctly perceiving that machines would destroy their livelihoods, 
especially in the short to medium term. They weren’t prepared to adjust and 
move with the times. They lost that fight, but the political dynamics today are 
different. Modern democracies are more responsive to mass unemployment. 
Social media amplifies grievances. Politicians need votes from the disrupted. 

Imagine a world where the US passes laws requiring human labor for certain 
job categories. Where "Made by Humans" becomes a premium certification. 
Where companies face penalties for AI-driven layoffs. This would 
dramatically slow the transition and change who benefits from it. I’m not 
endorsing this position - just highlighting it as a potential outcome. 

I think this outcome is less likely than messy adaptation, but it's not 
impossible. And if it happens, my investment thesis around AI-leading 
companies would need revision. 
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Argument 4: China Could Leapfrog the US in Ways I'm Not Seeing 

I wrote about China's structural advantages in Chapter 7. But let me extend 
that into a real bear case. 

What if China isn't just catching up - what if they're pulling ahead? They're 
already vertically integrated in ways the US isn't. They control more of their 
supply chain. They have access to Chinese government support that Western 
companies can't match. 

What if Chinese AI development, despite current limitations, takes a different 
path that proves superior? Their approach to data collection, their willingness 
to deploy at scale, their state coordination - these are genuine advantages. 

What if the narrative of American technological superiority is a comforting 
story we tell ourselves while the center of gravity shifts East? 

I don't think this is the most likely outcome. American dynamism, capital 
markets, and innovation culture are real advantages. But the confident 
assumption that the US will lead the AI era is exactly the kind of assumption 
worth questioning. 

 

Argument 5: I Could Just Be Wrong About Everything 

What if AI turns out to be a massive net positive for almost everyone? What 
if people adapt far better than I expect? What if the transition is smoother 
than any historical precedent suggests? 

Humans have repeatedly demonstrated remarkable adaptability. Every major 
technological transition has produced hand-wringing predictions of mass 
unemployment and social collapse. The Luddites. The automation scares of 
the 1960s. The "jobless recovery" fears of the 2000s. Each time, the doom-
and-gloom predictions proved overblown. New jobs emerged. People 
retrained. Society adapted. 

What if AI follows this pattern? What if the "middle 60% gets crushed" 
prediction is just the latest iteration of a fear that never quite materializes? 
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What if the benefits of AI distribute more broadly than I expect because 
that's what benefits from technology have always done? 

I've built my thesis on the assumption that "this time is different" because AI 
can do cognitive work, not just physical work. But maybe that distinction 
doesn't matter as much as I think. Maybe humans will find new ways to 
create value that I can't imagine, just as they always have. Maybe the jobs of 
2035 are as unimaginable to me today as "social media manager" was 
unimaginable in 1995. I’m sure that will be the case. 

And the uncomfortable truth: I might have skin-in-the-game bias working in 
reverse. My investment thesis depends on disruption being real and 
concentrated. If AI benefits distribute broadly and smoothly, my 
concentrated position in Tesla looks less genius and more lucky. Maybe I'm 
subconsciously emphasizing disruption because it validates my investment 
choices. 

I still believe my thesis. I think this time really is different. But I hold that 
belief with genuine uncertainty. If in 2030 we look back and see smooth 
adaptation, broad benefit distribution, and minimal social disruption, I will 
have been wrong about the most important prediction in this book. And I 
think there's a real chance - maybe 20-30% - that I am. 

 

Why I Still Believe My Thesis 

Having laid out these bear cases fairly, let me explain why I still believe what I 
believe. 

On AI progress: The underlying drivers - compute, data, algorithms, and 
investment - are all still accelerating. Even if we hit diminishing returns on 
current architectures, the economic incentive to find new approaches is 
overwhelming. Tens of billions of dollars are flowing into AI. The smartest 
people in the world are working on this problem. The biggest AI companies 
are going public so that they can raise massive capital from the public 
markets to fund their growth. This train ain’t stopping. Not when AI agents, 
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self-driving cars, and humanoid robots are unbelievably useful, cheaper, and 
at available at scale. 

On regulatory friction: Economic pressure eventually wins. Companies that 
can do more with less will outcompete those that can't. Countries that 
embrace AI will outcompete those that don't. The friction is real but not 
permanent. 

On protectionist backlash: History shows technology wins in the long run. 
The Luddites lost. Agricultural automation proceeded despite resistance. The 
question is timeline, not outcome. 

On China: Genuine competition is good for the world. Even if China 
advances faster than I expect, that doesn't invalidate the thesis that this 
technological revolution is happening. It changes who captures the value, not 
whether the value exists. 

I've presented these bear cases because intellectual honesty requires it. 
Conviction without doubt is usually a red flag. I want you to understand both 
why I believe what I believe and why reasonable people might disagree. 

 

What's At Stake 

If you've read this far, you're probably not the person I'm most worried 
about. The people who will be blindsided are the ones who won't read books 
about AI disruption. They're living their lives assuming continuity. 

But knowing what's coming creates responsibility. The family members, 
friends, and colleagues who trust your judgment - help them see what's 
coming. Not to create panic, but to create action. Maybe give them this book. 
Or buy them their own copy. I sure wouldn’t mind the latter (or the former). 

This is what's at stake. Part III is about what to do about it. 
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PART III: WHAT TO DO 
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Chapter 10 

The Investment Framework 

Nothing in this book is financial or investment advice. I think I’ve said that 
multiple times. I’m going to say it again just in case. Cool? Cool. 

I've been investing in Tesla since 2012. And if there's one thing I've learned 
over more than a decade of watching this story unfold, it's that the best 
investments don't look like the best investments at the time you make them. 

They look crazy. 

When I first bought Tesla, people thought I was insane. The company was 
tiny. They were burning cash. Traditional automakers were dismissing them 
as a niche player for rich people who wanted to feel good about the 
environment. The consensus was that Tesla would either get crushed by the 
big boys once they decided to get serious about EVs, or they'd simply run out 
of money trying to scale. 

And yet here we are. A company that was trading around $2 per share (split 
adjusted) back then is now one of the most valuable in the world. They are 
likely merging with SpaceX and xAI to make the largest AI-powered 
company in the world by a large margin. The people who saw what others 
couldn't see made generational wealth. 

So how do you find the next one? That's what this chapter is about. Not 
stock tips. Not timing the market. A framework for identifying companies 
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that have the potential to deliver transformational returns over the next five 
to ten years as we transition into the AI age. 

A note before we dive in: If you're reading this without capital to invest, don't 
skip this chapter. Understanding how value gets created and captured matters 
regardless of your current financial position. The frameworks here will help 
you evaluate opportunities, understand which companies to work for, and 
recognize wealth-building patterns. And in Chapter 12, I've written 
extensively about strategies for people starting from zero - free tools, skills 
that cost nothing but time, and paths to capital ownership that don't require 
existing capital. 

The Four Criteria 

After years of studying what separates companies that deliver massive returns 
from ones that merely do okay, I've distilled it down to four criteria. All four 
need to be present. Missing even one is often enough to disqualify an 
opportunity. 

 

Criterion 1: Misunderstood by the Market 

The first thing I look for is a company where the story isn't well understood. 
And I mean genuinely misunderstood, not just temporarily out of favor. 

If the market correctly prices in a company's future, there's no opportunity. 
You can still make money owning great businesses, but you won't make 
transformational money. The only way to get outsized returns is to be right 
when the consensus is wrong. 

With Tesla in 2012, the consensus was that they were a cute startup playing at 
being a car company. What the market missed was that Tesla wasn't really a 
car company at all. They were building an AI company, an energy company, 
and a robotics company - all wrapped in the shell of something that looked 
like an automaker. The car business was just the visible part of the iceberg. 
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When I look at an investment today, the first question I ask is: What does the 
market think this company is? And what do I think this company actually is? 
If those two things are the same, there's no edge. If they're different, and I 
can articulate why the market is wrong, that's the start of a thesis. 

This is harder than it sounds. You have to be genuinely contrarian, not 
performatively contrarian. A lot of people convince themselves they're seeing 
something others miss when really they're just being stubborn. The difference 
is whether you can explain, in concrete terms, what specific aspect of the 
business the market is mispricing and why. 

 

Criterion 2: Disrupting a Large Legacy Industry 

The second criterion is that the company needs to be attacking a massive 
legacy industry. This is about TAM - total addressable market - but it's also 
about disruption dynamics. 

I'm not looking for companies that are trying to carve out a small niche. I'm 
looking for companies that are fundamentally reimagining how an entire 
industry works. Companies that, if they succeed, will make existing players 
obsolete. 

The size matters because that's what creates the potential for 10x or greater 
returns. A company disrupting a $50 billion industry has a ceiling. A company 
disrupting a $5 trillion industry has virtually unlimited upside if they execute. 

But it's not just about size. The legacy part is equally important. Legacy 
industries are full of incumbents who are structurally incapable of adapting. 
Remember The Innovator’s Dilemma?. They've built their organizations, 
their incentives, their supply chains, their culture around doing things the old 
way. When a new approach comes along that's fundamentally better, these 
incumbents can't respond even when they see the threat. 

Tesla is attacking legacy auto. That's a multi-trillion dollar global industry full 
of companies that outsourced the things that now matter most - software, 
batteries, AI. They can't catch up because the capabilities they need aren't 
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capabilities they developed internally. Just today it was announced that 
Stellantis is writing down ~$26 billion for the EV business. Their stock is 
down -26%. Ford already announced something similar. Others will as well. 

One of my favorite ones I’m invested in now that’s at the intersection of this 
is Lemonade, who are attacking legacy insurance. Another massive industry, 
another set of incumbents whose business models are built on practices that 
AI can dramatically improve or eliminate entirely. I’ll cover this in detail later 
in this book. 

When I look at a potential investment, I want to see a clear answer to: What 
giant industry is this company trying to eat? And why can't the incumbents 
stop them? 

 

Criterion 3: Rockstar Leadership 

The third criterion is leadership. And this one is harder to quantify but 
equally essential. 

I'm looking for leaders who are charismatic, brilliant operators who can 
attract and retain world-class talent. People who can communicate a vision 
that makes others want to follow. People who have demonstrated the ability 
to execute on incredibly difficult challenges. 

Why does this matter so much? Because disrupting legacy industries is 
brutally hard. You're not just building a product. You're going up against 
entrenched interests with vastly more resources, more relationships, more 
political influence. You're dealing with regulatory capture, media hostility, 
coordinated attacks from competitors. 

The only way to navigate that is with exceptional leadership. Someone who 
can keep the team motivated when things look impossible. Someone who can 
out-recruit competitors for the best talent. Someone who can make the hard 
calls about where to allocate resources. Someone who can communicate the 
vision clearly enough that investors, employees, and customers all understand 
where things are heading. 
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Elon is the most obvious example. Whatever you think of his politics or his 
tweets, his track record of building multiple companies that disrupted 
entrenched industries is unmatched. SpaceX took on aerospace giants and 
won. Tesla took on automakers and won. His approach - first principles 
thinking, insane work ethic, willingness to take massive personal risk - is a 
template for what exceptional leadership looks like in disruptive companies. 

When I evaluate leadership, I look at track record. Have they built successful 
companies before? Have they navigated adversity? Do they attract top talent? 
Can they articulate a compelling vision that goes beyond the next quarter's 
numbers? 

 

Criterion 4: 10x Potential Over Five to Ten Years 

The final criterion is potential magnitude. I'm looking for investments that 
can realistically 10x over a five to ten year horizon. 

Why 10x? Because concentration requires conviction, and conviction requires 
outsized potential reward. If I'm going to put a significant portion of my 
portfolio into one position, I need to believe the upside justifies that 
concentration. A company that might return 50% over five years doesn't 
justify that kind of risk. A company that might return 1000% does. 

The math here is simple but non-negotiable. You take the market's current 
view of the company, you develop your own view of what the company 
could become if things go well, and you calculate the implied return if your 
thesis plays out. 

For Tesla, my thesis was that they would become the dominant player in 
automotive, energy storage, and eventually robotics. If that thesis proves 
correct, the company could be worth many trillions. At the market cap when 
I first invested, that implied enormous upside. 

This criterion forces discipline. It's not enough to find a misunderstood 
company attacking a big market with great leadership. If the current valuation 
already reflects most of the upside, there's no opportunity. The stars have to 
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align - misunderstanding, disruption potential, leadership, and valuation all at 
once. 

 

Why This Matters More Than Numbers 

Investing in great companies is about understanding how the world is built. 
The money part is almost secondary. 

When you do the work to truly understand a company - how it creates value, 
how it's positioned relative to competitors, what its long-term advantages are 
- you learn things you can't learn any other way. You develop pattern 
recognition for what makes businesses succeed or fail. You understand 
industries at a level that most people never reach. 

This has compounding benefits beyond your portfolio. The judgment you 
develop from studying great companies applies everywhere. Business 
decisions. Career decisions. Understanding how technology changes society. 
These all benefit from the mental models you build through serious investing 
work. 

I'm a better content creator because I understand businesses deeply. I'm 
better at evaluating new technologies because I've seen what separates hype 
from substance. I think more clearly about the future because I've spent years 
developing frameworks for how technology disrupts existing systems. 

So yes, the financial returns are great. But the education is equally valuable. 
The process of truly understanding a company - not just owning it, but 
understanding it - is one of the best investments you can make in your own 
capabilities. 

 

The Journey Matters 

There’s something I want to emphasize because it gets lost when people hear 
about successful investments. The journey is brutal. Absolutely brutal. 
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When I talk about Tesla doing well since 2012, what I don't always mention 
is what it felt like to hold through the difficult periods. And there were many. 
Production hell. Near-bankruptcy moments. Short seller attacks that 
dominated the financial press for years. Elon's public struggles. The Model 3 
ramp that nearly killed the company. Stock drops of 40%, 50%, 60% that 
lasted for months. 

During those periods, everyone tells you you're wrong. The media is full of 
stories about how Tesla is failing. Financial analysts are issuing sell ratings. 
Your friends ask why you're still holding this obvious loser. Social media is a 
constant stream of people mocking anyone who believes in the company. 

And you have to sit there and ask yourself: Is my thesis still valid? Have the 
fundamentals changed? Or is this just noise? 

That's the real test of conviction. Not buying. Buying is easy - you see 
something you like, you click a button. Holding through extended periods of 
doubt when everyone is telling you you're an idiot - that's where most people 
fail. 

I stayed invested through all of it because every time I went back to the 
fundamentals, the thesis held. The technology was advancing. The 
production was scaling. The competitive position was strengthening. The 
price was dropping, but the business was improving. 

That's the kind of analysis you need to be able to do. Separating price from 
value. Understanding that a stock going down doesn't mean the company is 
getting worse. Having enough confidence in your own analysis to trust it over 
the crowd. 

Most people can't do this. And I get it - it's psychologically difficult. But it's 
also the entire game. If you can't hold through the pain, you'll never capture 
the gains. 
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The Lemonade Example 

Tesla is the big example, but let me talk about a current position to show 
how this framework applies to something I'm evaluating now. 

Lemonade is an insurance company built on AI from the ground up. I shifted 
10% of my entire portfolio from Tesla to Lemonade because I thought the 
risk-adjusted return over the next five years looked better. 

Let’s go through the list, 

Misunderstood by the Market? Yes. The market sees Lemonade as a 
struggling InsurTech company that's losing money. What I see is a company 
building something fundamentally different - an insurance platform where AI 
handles most of the work that humans do at traditional insurers. The 
efficiency gains, if they achieve them, are massive. 

Disrupting a Large Legacy Industry? Insurance is enormous. Trillions in 
premiums globally. And traditional insurers are built on processes, 
bureaucracy, and cost structures that AI can dramatically improve. The 
incumbents are structurally incapable of reimagining their businesses from 
scratch. 

Rockstar Leadership? Daniel Schreiber and Shai Wininger, Lemonade's co-
founders, have built the company with AI at its core from day one. Shai in 
particular brings deep technical credibility - he previously co-founded Fiverr 
and understands how to build platforms that scale. Whether they're in the 
Elon tier remains to be seen, but they're articulate, focused, and committed to 
the long-term vision of reinventing insurance from the ground up. They 
survived the shitshow that was COVID as a tiny company. If they can 
survive COVID, they can survive anything. 

10x Potential? At current valuations of around $6 billion, if Lemonade 
succeeds in becoming a major insurer with AI-level efficiency, the upside is 
substantial. The market is pricing in significant risk of failure, which means 
the potential return if they succeed is large. The largest insurance companies 
are worth hundreds of billions of dollars. Pretty easy math. 
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Now, I'm not as confident in Lemonade as I am in Tesla. The thesis is less 
proven. The execution is earlier stage. That's why it's 10% of my portfolio 
rather than 90%. But the framework for evaluation is the same. 

 

What If Tesla Fails But AI Succeeds? 

Here's a scenario worth thinking through honestly: What if my broader thesis 
about AI transformation proves correct, but Tesla specifically stumbles? 
What if FSD takes longer than expected, Optimus hits hardware scaling 
problems, or competitive dynamics shift in ways I didn't anticipate - but AI 
still reshapes the economy exactly as I've described? 

This is not a hypothetical I dismiss. It's the scenario I stress-test against 
regularly. And the answer matters because it separates the investment thesis 
from the technology thesis. 

If AI succeeds but Tesla fails, the framework in this chapter still works. 
You'd apply the same four criteria to whichever companies actually win. 
Maybe it's a robotics company that doesn't exist yet. Maybe Waymo cracks 
autonomous driving at scale. Maybe a Chinese company outexecutes 
everyone in humanoid robots. The disruption still happens - the beneficiary 
just changes. 

This is why I showed you the Lemonade example. The framework is not 
"buy Tesla." The framework is: find what's misunderstood, attacking a 
massive legacy market, led by exceptional people, with 10x upside. Tesla 
happens to be where I have the highest conviction today. But conviction is 
not certainty, and the framework survives even if any single position doesn't. 

The uncomfortable truth is that I'm 90% concentrated in Tesla because I 
believe it's the best expression of this thesis. If I'm wrong about Tesla 
specifically, that concentration hurts. I accept that risk because I've done the 
work and I trust my analysis. But I'd be dishonest if I told you there was no 
scenario where the AI revolution plays out and Tesla isn't the primary 
winner. There is. And you should factor that into your own decisions. 
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What I'm Watching 

Beyond my current holdings, I'm actively tracking companies that might 
eventually meet these criteria. I will briefly mention a few. 

Upstart is interesting in fintech. They're using AI to make lending decisions, 
which could fundamentally change how financial institutions evaluate credit 
risk. The industry is massive, the incumbents rely on legacy models, and the 
team is strong. I haven't pulled the trigger because I don't understand it well 
enough yet. Understanding the business deeply is a prerequisite to conviction. 

Duolingo in education is another one I'm watching. Education is a huge 
industry ripe for disruption. Duolingo has built something sticky and 
engaging that millions use. But I haven't developed a clear enough thesis on 
how they build a lasting moat and translate user engagement into durable 
profits. 

The point isn't that these are recommendations. The point is that the 
framework gives you a systematic way to evaluate opportunities. Instead of 
chasing hot stocks or following someone else's picks, you develop your own 
view based on clear criteria. 

 

Common Mistakes I See 

Before I talk about education, let me outline the mistakes I see people make 
most often when they try to apply this kind of framework. Learning from 
others' failures is cheaper than making the mistakes yourself. 

 

Mistake 1: Confusing "misunderstood" with "hated" 

Just because a stock is down or unpopular doesn't mean the market is wrong. 
Sometimes the market hates a company because the company deserves to be 
hated. The key question is whether you can articulate a specific thesis for why 
they're wrong - their negativity by itself tells you nothing. "Everyone's being 
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too pessimistic" isn't a thesis. "The market is pricing this as a car company 
when it's actually an AI company with a car division" is a thesis. 

 

Mistake 2: Falling in love with management 

Rockstar leadership is important, but you can't let admiration cloud 
judgment. I've seen people hold onto terrible investments because they liked 
the CEO. Leadership is one criterion of four. If the business isn't 
misunderstood, the market isn't big enough, or the valuation doesn't provide 
upside, great leadership won't save you. 

 

Mistake 3: Ignoring valuation 

A company can meet all four criteria at one price and none of them at 
another price. Tesla in 2012 was dramatically undervalued. Tesla at its peak in 
late 2021 was pricing in success in every possible known venture at the time. 
The business didn't change, but the opportunity did. Valuation matters. 
You're not buying companies - you're buying companies at prices. The price 
determines the return. 

 

Mistake 4: Position sizing based on comfort instead of conviction 

I see this constantly. Someone finds what they think is a great opportunity, 
runs it through a framework like this, and concludes it's compelling. Then 
they put 2% of their portfolio in it. Why? Because it feels risky. Because 
they're hedging. Because they want to own it but don't want to really own it. 

If your analysis says something is a great opportunity and you only put 2% in, 
you either don't trust your analysis or you haven't done enough work to be 
confident. Neither is a good situation. Do more work until you're confident, 
or admit you're not confident and don't invest at all. 
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Mistake 5: Treating research as a one-time event 

The thesis needs to be revalidated constantly. Buying is the beginning of the 
work, not the end. Conditions change. Competition emerges. Leadership 
shifts. Technology evolves. You need to be tracking these developments and 
asking, every quarter, whether the thesis still holds. 

I spend hours every week staying current on the companies I own. Not 
checking the stock price - that's worthless. Understanding what's happening 
in the business and whether it changes my view. That's the ongoing work of 
conviction-based investing. 

 

The Education Problem 

I want to connect this to something I've talked about elsewhere in this book. 
One of the reasons so few people invest this way is that our education system 
completely fails to teach these skills. 

Most Americans were never taught what a stock price actually represents. 
They were never taught that market cap divided by shares equals price per 
share. They were never exposed to basic concepts like earnings, cash flow, or 
competitive advantage. Without that foundation, the stock market looks like 
gambling rather than ownership. 

This isn't their fault. Schools don't teach financial literacy. They definitely 
don't teach how to analyze businesses. The education system creates people 
who are prepared to work for companies, not to understand and own them. 

So when a Tesla opportunity comes along - a company that's misunderstood, 
attacking huge markets, with exceptional leadership - most people aren't 
equipped to recognize it. Not because they're not smart, but because they 
were never given the framework to evaluate it. They rely on what they read in 
the news, which is usually wrong or late. They miss the opportunity or, 
worse, bet against it. 

If education focused on financial literacy and business analysis, more people 
would be positioned to build wealth through intelligent investing. Instead, 
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they're positioned to earn wages and hope they're enough. That's a choice our 
society has made, whether intentionally or not. 

 

Why Most People Won't Do This 

Even with a clear framework, most people won't invest this way. And the 
reasons are understandable. 

First, it requires work and time. Real work. Not reading headlines or 
following stock tips. Actually understanding businesses at a deep level. 
Reading filings. Watching earnings calls. Tracking industry dynamics. 
Building mental models of how value gets created and captured. Listening to 
leadership interviews. Most people don't have time for this, or they think they 
don't. 

Second, it requires conviction in the face of disagreement. If you're invested 
in something misunderstood, by definition most people will think you're 
wrong. Friends. Family. Financial advisors. Media. All telling you that you're 
making a mistake. That's psychologically difficult to endure, especially if 
you’re already dealing with difficult situations in life. Why add another 
massive stressor? 

Third, it requires the ability to sit still. The best returns come from holding 
great companies for long periods. But everything in our culture encourages 
activity. Trading. Rebalancing. Responding to news. The discipline to do 
nothing when nothing needs to be done is surprisingly rare. 

And fourth, it requires emotional control. Markets are volatile. Your 
positions will drop 30%, 40%, 50% at times. If you can't separate price 
movement from thesis validity, you'll sell at the worst times. You'll buy high 
and sell low, which is the opposite of what generates returns. 

So while the framework is simple, executing it is hard. It requires capabilities 
that most people haven't developed. And that's okay - not everyone needs to 
invest this way. But for those who are willing to do the work, the opportunity 
is significant. 
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The Bigger Picture 

I've framed this chapter around individual investing, but there's a bigger 
point. The same framework that identifies great investments also identifies 
what's happening in the economy more broadly. 

We're in a period where AI, robotics, and energy abundance are creating 
massive disruption. Legacy industries are being reshaped. Incumbents are 
being displaced. New companies are being built that will capture enormous 
value. 

Understanding this is about positioning yourself - whether through 
investments, career choices, or what skills you develop - on the right side of 
the change. The money follows from that. 

The companies I invest in represent my thesis about where the world is 
heading. Tesla, because I believe AI-driven electric vehicles, energy storage, 
and robotics will define the next few decades. Lemonade, because I believe 
AI will remake insurance services. They're expressions of a worldview about 
technological change. 

When you develop this kind of integrated understanding - where your 
investments reflect your thesis about the future, which reflects your 
understanding of technology and business dynamics - everything reinforces 
everything else. Your investments perform better because you truly 
understand what you own. Your predictions about the future improve 
because you're stress-testing them with real capital. Your career decisions get 
better because you understand where value is being created. 

That's what this framework is really about. Not just making money, though 
the money is nice. It's about developing a coherent understanding of how the 
world works and positioning yourself accordingly. 

 

What This Means for You 

If you're reading this and want to apply this framework, I'd start like this. 
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Start by building understanding. Pick an industry you're interested in and 
learn everything about it. How do companies in that industry make money? 
What are the competitive dynamics? What technologies might disrupt existing 
players? What would a truly transformational new entrant look like? 

Don't rush to invest. The worst thing you can do is invest in something you 
don't understand because someone told you it was a good idea. That's not 
investing - that's gambling with extra steps. Take the time to develop genuine 
conviction or move on to something else. 

When you find something compelling, run it through the four criteria. Is it 
genuinely misunderstood? Is the target market massive? Is leadership 
exceptional? Is the potential magnitude sufficient? If any of these are missing, 
be skeptical. 

And if you do invest, commit to understanding the thesis deeply enough to 
hold through volatility. The biggest returns come from compounding over 
time, and compounding only works if you don't panic out at the bottom. 

This isn't easy. But nothing valuable is. And for those who do the work, the 
rewards - financial and intellectual - are substantial. 

This transformation is going to create the biggest wealth transfer in history. 
Companies that ride this wave - the Teslas, the xAIs, the Lemonades - are 
going to generate generational returns. Companies that get crushed by it - the 
legacy automakers, the traditional insurers, the slow-moving incumbents - are 
going to see their value destroyed. Whether it leads to broad abundance or 
concentrated collapse depends on how we manage what comes next. 

Understanding which is which, and having the conviction to act on that 
understanding, is how you position yourself for what's coming. 

 

The Disclaimer You Already Know 

Sorry - I gotta do it one more time. 
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This isn't investment advice. I'm not a financial advisor. I don't know your 
financial situation, your risk tolerance, your time horizon, or your goals. The 
approach I've described works for me - it may not work for you. 

What I'm sharing is a framework for thinking, not a recommendation to act. 
If you're going to invest based on conviction, the conviction has to be yours. 
Built on your own analysis. Stress-tested by your own thinking. That's the 
whole point. Blindly following someone else's picks is just gambling with 
extra steps and a false sense of security. 

But I do believe that the principles underlying this framework are sound. 
Look for companies where the market is wrong. Look for massive disruption 
opportunities. Look for exceptional leaders. Look for magnitude that justifies 
concentration. These principles have worked across many different contexts, 
not just for me. 

The specific companies will change. The opportunities will evolve. But the 
framework for identifying them is durable. And that's what I hope you take 
from this chapter - not a stock pick, but a way of thinking that you can apply 
again and again as the world changes around us. 
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Chapter 11 

The Data Moat Principle 

Current AI capability tells you almost nothing about who wins long-term. 
Benchmarks, demos, parameter counts, context windows - they are all nearly 
useless for predicting the decade-long competition. The company leading 
today might be trailing in two years. The company that seems behind might 
have assets that compound into dominance. 

What actually matters is data. Not data in the abstract sense of "AI models 
need lots of training data." Something more specific: proprietary data that a 
company generates or owns, that no competitor can access or replicate, that 
compounds over time into an insurmountable advantage. 

This is the data moat principle. You can hire researchers from a competitor. 
You can read their papers and reproduce their techniques. You can build 
similar infrastructure and train similar models. You cannot create a decade of 
YouTube videos. You cannot conjure a social network with 600 million 
users. You cannot retroactively collect driving data from millions of vehicles. 
Once you understand this, you see the AI landscape completely differently. 
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Why Data Beats Everything Else 

An AI model is essentially a compression of its training data. The model 
learns patterns from examples and then applies those patterns to new inputs. 
It can only produce outputs that are some combination or extrapolation of 
what it has seen during training. 

Better data in means better capabilities out. If you train a model on higher 
quality examples, more diverse examples, more current examples, the model 
will be more capable. Every AI researcher would agree with this statement. 
It’s no different than a human brain. Which human is better equipped to be a 
world-class scientist - one that has spent years studying science, or one that 
plays Fortnite 16 hours a day? 

Now think about what this means for competition. 

If two companies have identical architectures and identical compute 
resources, the one with better training data will produce a better model. That 
is the fundamental reality. There is no way around this. The data determines 
the capability ceiling. 

And data is much harder to replicate than anything else in AI. 

You can hire researchers from a competitor. You can read their papers and 
reproduce their techniques. Smart engineers can reverse-engineer 
architectures from published information. You can build similar 
infrastructure and train similar models on similar compute clusters. 

You cannot create a decade of YouTube videos. You cannot conjure a social 
network with 600 million users. You cannot retroactively collect the driving 
data from millions of vehicles. You cannot replicate search history from 
billions of queries. 

Compute can be bought. Talent can be recruited. Algorithms get published. 
Data that a company has uniquely generated or uniquely has access to - that 
cannot be acquired on the open market. 

This is why data moats are the determining factor for long-term AI 
competition. Everything else is either purchasable or replicable or both. 
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This will give you a very good understanding of where you should hitch your 
ride. Be it as investments, places of employment, model selection - anything. 
In an AI world, the best AIs will be the ones with the best data, and the best 
data moats. 

 

The Snapshot Versus Trajectory Distinction 

When you look at a benchmark score, you are looking at a snapshot. You are 
asking: what can this model do today? That is a reasonable question for 
deciding which tool to use for a task right now. It tells you nothing about 
what the model will be able to do in two years. 

When you look at a data moat, you are looking at a trajectory. You are asking: 
what assets does this company have that will make their future models better? 
This tells you almost nothing about what the model does today. It tells you 
everything about where the company is going. 

Most people are watching snapshots. They look at leaderboards and assume 
the company at the top of the leaderboard will stay at the top. They watch 
product announcements and assume the most impressive demo indicates the 
most promising company. 

This is exactly backwards. 

The AI field is moving so fast that any capability advantage erodes within 
months. If one company launches a feature today, competitors will have 
similar features within six months. If one model scores higher on a 
benchmark today, the scores will equalize as everyone applies similar 
techniques. 

But data moats compound. A company with unique data today will have 
more unique data tomorrow. Their models will improve faster because they 
have better signal to learn from. The gap widens over time rather than 
narrowing. 

So when I look at an AI company and try to decide whether to invest or what 
AI to use for my daily use, I barely look at what their current product does. I 
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spend almost all my time on one question: what data do they own that no 
one else can access? 

 

Applying the Framework 

Let me apply this to the major players. 

 

xAI: The Brain of the Musk Ecosystem 

This is the intelligence layer for an integrated physical system that spans 
transportation, robotics, energy, and space infrastructure. This distinction 
matters enormously for evaluating its data moat. 

Consider the data sources xAI can access that no competitor can: 

X (Real-time human discourse): 600 million monthly active users generating 
real-time data about what humans think, argue about, care about. Not 
months-old web crawls - the actual firehose of human consciousness as it 
happens. 

Tesla Fleet (Physical world navigation): Billions of miles of driving data, edge 
cases, real-world scenarios. Useful for FSD, obviously, but also training data 
for understanding how AI systems should interact with the physical world 
more broadly. 

Optimus (Robotics manipulation): As Optimus deploys, every movement, 
every grasp, every interaction becomes training data for embodied AI. No 
other AI company has access to humanoid robotics data at scale. 

Starlink (Global connectivity patterns): Network data from millions of 
terminals worldwide, showing how information flows and where 
infrastructure bottlenecks exist. 

And these data sources don't just add - they multiply. AI trained on X data 
can be applied to Tesla vehicle interactions. Robotics learning from Optimus 
informs how AI should reason about physical manipulation. The ecosystem 
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creates compounding data advantages that standalone AI companies can't 
replicate. 

Google's YouTube corpus gives them capability advantages that Veo 3 
proved - when you can train on essentially all the video humanity has created, 
you build better video models. OpenAI and Anthropic have strong products, 
but weaker data moats - their training data comes from the same sources 
everyone else can access. 

But I need to be honest about xAI and examine my own potential biases 
here. 

xAI is newer and less proven than the others. Google has been doing AI 
research for over a decade. OpenAI has shipped multiple generations of 
products to hundreds of millions of users. Anthropic has some of the most 
respected safety researchers in the field, and they have my favorite model in 
Opus 4.6. xAI launched Grok and has been iterating fast, but they do not 
have the same track record of sustained execution just yet. 

The X data asset is valuable, but it is also noisy. Most tweets are not high-
signal training data. They are shitposts, arguments, bots, spam, and low-
quality content - most of them from me. The signal-to-noise ratio is worse 
than YouTube, where people invest significant effort in creating content. 
Extracting the valuable patterns from X's firehose requires filtering and 
curation that is non-trivial. 

Elon's attention is also genuinely split. He is running Tesla, SpaceX, X, 
Neuralink, The Boring Company, and xAI simultaneously. Each of these 
would be a full-time job for anyone else. His ability to context-switch and 
drive progress across all of them is remarkable, but there are only so many 
hours in a day. xAI does not get the same focus that Tesla or SpaceX got in 
their critical early years. But once they merge… that equation can change 
drastically. 

That said, I still think the real-time data advantage is significant and 
underappreciated. The ability to train on current human discourse rather than 
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months-old data is a qualitative difference that will matter more over time. 
And Elon has a track record of making these kinds of bold bets pay off. 

So what I want to focus on here is how you apply this filter to your own 
analysis. 

 

The Investment Filter 

How do you apply the data moat principle when evaluating AI companies for 
investment? 

 

I ask a series of questions: 

 

What data does this company generate or control that no competitor can 
access? 

This is the foundational question. If the answer is "nothing" or "the same 
data everyone else has," the company does not have a data moat. 

A valid answer looks like: "They own a platform that generates real-time 
human behavior data that exclusively have access to." Or: "They have a fleet 
of devices collecting physical world data." Or: "They control a content library 
that is essentially impossible to replicate." 

An invalid answer looks like: "They have a lot of users." That is not a data 
moat unless those users are generating unique data that competitors cannot 
access elsewhere. This is OpenAI’s strongest argument to date - they have 
entire conversations with people that are sharing their deepest secrets for 
advice. 

But you know who else has this? Google on their Android and Gmail 
platforms. Apple on their entire ecosystem. 

You see what I’m talking about? 
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Does this data compound over time? 

A good data moat gets stronger the longer a company has it. More data leads 
to better models leads to more users leads to more data. The flywheel should 
be self-reinforcing. 

If the data is static - if it does not grow or improve as the company operates - 
it is less valuable than data that compounds. 

 

Can this data be replicated with enough money? 

Some apparent moats can be overcome by well-funded competitors. If a 
company has lots of data because they paid to license it, a competitor could 
pay to license similar data. That is not a moat. 

True data moats come from assets that cannot be purchased - user-generated 
content on proprietary platforms, proprietary sensor data from hardware 
deployments, historical accumulations that took decades to build. 

 

Is the company organized to use its data effectively? 

Having a data moat is necessary but not sufficient. A company has to be able 
to actually leverage its assets. Organizational dysfunction, internal 
competition, or strategic confusion can prevent a company from capitalizing 
on data advantages. 

 

What happens to the data moat in different scenarios? 

Think about how regulatory changes, partnership dissolutions, or competitive 
dynamics might affect the data advantage. A moat that depends on a 
partnership is less durable than one based on owned assets. 
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The Veo 3 Case Study 

Let me spend some time on Veo 3 because it is such a clean example of the 
data moat principle in action. 

When Google launched Veo 3, it was noticeably better than competing video 
generation models. Not marginally better - visibly, obviously superior. The 
quality gap surprised people who had expected the major labs to be roughly 
at parity. 

Why was Veo 3 so much better? 

YouTube. That is the answer. 

Google did not invent a revolutionary new architecture. They did not have 
researchers that others lacked. They did not throw more compute at the 
problem than anyone else. 

Google trained Veo 3 on the YouTube corpus - billions of hours of video 
content with associated metadata, comments, descriptions, and engagement 
signals. No one else has access to this data. No one else can train on it. 

When you train a video model on YouTube, you are training on essentially all 
the video that humans have ever created and organized. You are seeing not 
just the visual content but the human reaction to it - what people clicked on, 
how long they watched, what they commented, what they shared. 

That signal is irreplaceable. You cannot replicate it by scraping the open web. 
You cannot purchase it from data vendors. You cannot synthesize it. 

The capability gap in Veo 3 is a direct manifestation of the data moat. Google 
had better training data, so they produced a better model. The advantage is 
not eroding over time - if anything, it is compounding as YouTube continues 
to accumulate more content. 

This is exactly what the data moat principle predicts. And it should inform 
how you think about every AI competition going forward. 
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What This Means for Your Investments 

If you accept the data moat principle, it changes how you allocate capital in 
AI. 

It means you should be skeptical of companies trading at high valuations 
based on current benchmark scores or current user counts. Those are trailing 
indicators that tell you about the past, not leading indicators that predict the 
future. 

It means you should look for companies that are generating proprietary data 
at scale, even if their current products are less polished than competitors. The 
trajectory matters more than the snapshot. 

It means you should be wary of companies whose advantages depend on 
partnerships, talent retention, or other assets that can be competed away. 
Only owned data moats provide durable competitive advantage. 

If you apply the data moat principle consistently, you will reach different 
conclusions than the market consensus about which AI companies are 
undervalued and which are overpriced. 

 

Beyond AI Companies 

The data moat principle applies beyond pure-play AI companies. 

Any company that generates unique data at scale has potential value in the AI 
era. The question is whether they can capitalize on it. 

Tesla is a car company that happens to generate the world's largest dataset of 
real-world driving video. That data is enormously valuable for training 
autonomous driving systems and robotics applications. The cars are just the 
mechanism for data collection. 

Amazon has transaction data from hundreds of millions of purchases. They 
know what people buy, when they buy it, what they considered but did not 
buy, how they react to recommendations. That is training signal for 
understanding consumer intent. 
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Healthcare companies have patient data that could train medical AI systems. 
Financial institutions have transaction patterns that could train fraud 
detection. Logistics companies have route optimization data. 

The question for any of these companies is: can they build the organizational 
capability to leverage their data advantage? Many traditional companies have 
data moats but lack the AI expertise to use them. Many AI companies have 
expertise but lack data moats. 

The winners in the AI era might be companies that combine both - either 
traditional companies that develop AI capabilities, or AI companies that 
acquire unique data sources. Legacy companies will have to fight through The 
Innovator’s Dilemma. New companies will have to fight through the Data 
Moat Principle. 

 

The Durability Question 

One fair challenge to the data moat principle is the question of durability. 

What if the importance of data diminishes over time? What if AI systems 
become capable of generating their own training data? What if synthetic data 
becomes good enough that proprietary real-world data matters less? 

These are legitimate scenarios to consider. 

I think they are unlikely to fully materialize for a few reasons. 

First, AI systems trained on synthetic data tend to exhibit subtle degradations 
that compound over generations. If you train a model on real data, then train 
another model on that first model's outputs, then train a third model on the 
second model's outputs, the quality decays. This phenomenon has been 
studied and appears fundamental. 

Real-world data has grounding in physical and social reality that synthetic data 
lacks. Training on the real thing produces better results than training on 
simulations of the real thing. 
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Second, even if synthetic data becomes viable for some capabilities, the 
companies with real data will be able to validate and calibrate their synthetic 
data generation. They will have an advantage in knowing what good synthetic 
data looks like because they can compare it to real data. 

Third, for domains that involve understanding human behavior - which is 
most commercially valuable applications - human-generated data will always 
have primacy. You cannot synthesize authentic human expression. You can 
only observe it. 

I could be wrong about this. The AI field is moving fast and surprises 
happen. But I think the data moat principle will remain valid for at least the 
next decade, which is the investment horizon that matters. 

 

Bringing It Together 

The data moat principle is straightforward: in the AI era, whoever owns the 
data wins. 

Current capability tells you about today. Data moats tell you about the 
trajectory. 

When you evaluate AI companies, run them through the five-question filter. 
What data do they own that no one else can access? Does that data 
compound over time? Can competitors replicate it with enough money? Is 
the company organized to use it effectively? How durable is the moat under 
different scenarios? 

Apply this filter consistently and you will see the AI landscape very 
differently than the consensus view. 

This transformation is fundamentally about which companies are 
accumulating the assets that will define the next era. Who builds the best 
products today is almost beside the point. Data moats are those assets. 
Understanding this principle positions you for the abundance side of the fork 
in the road. 
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If you understand this principle and apply it to your decisions, you will be 
positioned very differently than most people watching this space. And I think 
you will be positioned correctly. 
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Chapter 12 

Your Personal Roadmap 

I've spent the last eleven chapters explaining what I think is coming. The 
convergence of AI, robotics, and energy. The death of legacy industries. The 
barbell that will reward the top and bottom while crushing the middle. The 
data moats that will determine AI winners. The investment thesis that can 
protect those with capital. The transition that most people haven't yet 
recognized as urgent. 

Now comes the hard part: What do you actually do about it? 

I'm not here to give you generic advice about "learning to code" or "staying 
curious" or whatever platitudes usually fill this kind of chapter. That stuff is 
largely useless. What I'm going to lay out is specific, practical, and 
uncomfortable. Some of it will apply directly to your situation. Some of it 
won't. But all of it comes from the same framework I use for my own life and 
investments. 

This transformation is happening whether you're prepared or not. You 
cannot avoid it. The only question is whether you position yourself for 
abundance or get swept away by collapse. 
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Starting With Brutal Honesty 

Before we get into specifics, you need to answer one question honestly: 
Where do you actually sit on the socioeconomic ladder? 

Not where you think you should be. Not where you were five years ago. Not 
where you hope to be in five years. Where are you right now, in terms of 
capital ownership, skill set, and positioning relative to AI disruption? 

I've talked a lot about the top 20%, middle 60%, and bottom 20%. Most 
people reading this book probably fall into the middle 60%. I mean that 
descriptively, not as an insult - just statistics. 

If that's you, then some of what I'm about to say will be uncomfortable. But 
discomfort now beats devastation later. 

If you're in the top 20% - meaning you have meaningful capital to deploy, 
ownership stakes in businesses, or the ability to build at scale - then your 
roadmap looks different. You have more options, but also more 
responsibility to use those options wisely. 

And if you’re in the bottom 20% - get ready, because your life is about to 
transform in ways you could never have imagined, for the better. 

 

What It Means to Be in the Top 20% 

When I say top 20%, I'm not just talking about income. A doctor making 
$400K per year who spends it all is not in the top 20% for purposes of this 
discussion. Income is not the same as capital. 

 

The top 20% means: 

- You have deployable capital that can work for you while you sleep 

- You have ownership stakes in businesses or investments 

- You have the ability to hire talent or deploy AI systems to multiply your 
output 
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- Your income is not purely dependent on trading hours for dollars 

If you're not sure whether you qualify, you probably don't. And that's fine - 
the roadmap for the middle 60% is where most people need to focus anyway. 

The Top 20% Roadmap: Deploy, Don't Just Consume 

If you do have capital and positioning, your biggest risk is complacency. You 
might think you're set. You might think your current advantages will persist. 
They won't - not unless you actively deploy them. 

The AI revolution is going to be incredible for capital owners. But only for 
those who actually use their capital to participate in the transformation, not 
just preserve what they already have. 

 

Deploy Capital Into AI-First Companies 

I've laid out my framework in previous chapters. Companies that meet the 
four criteria: misunderstood by the market, disrupting large legacy industries, 
rockstar leadership, and 10x potential over five to ten years. 

The specifics will change over time. Tesla was the obvious answer in 2012. It 
might still be the answer now given Robotaxi and Optimus. Lemonade looks 
compelling to me for insurance disruption. You might find other 
opportunities that fit the framework. 

But the key is deployment. Capital sitting in index funds is not going to 
capture the AI opportunity. Index funds are designed to capture average 
returns across the entire market - including all the legacy companies about to 
get disrupted. When Blockbuster got destroyed, index fund holders owned 
Blockbuster. When Kodak collapsed, index fund holders owned Kodak. 

The same will happen to legacy auto, legacy finance, legacy healthcare, legacy 
legal, legacy everything. Your diversified portfolio owns all of that. 

I'm not saying put everything into one stock. That's my approach, but I've 
been clear it's high-risk and requires constant thesis monitoring. What I am 
saying is that passive diversification is a strategy for capturing average returns 
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while owning a lot of future losers. You will not capture transformational 
returns that way. 

 

Concentrate When Conviction Is High 

I've made this case already, but it bears repeating for the top 20%. 
Diversification is a hedge against ignorance. If you've done the work, if you 
actually understand a business and its trajectory better than the market does, 
then diversification destroys returns. 

This is uncomfortable for most people. We're trained to spread risk. But 
spreading risk also spreads return. If you want outsized outcomes, you need 
outsized positions. 

The caveat - and I can't stress this enough - is that concentration only makes 
sense when you've genuinely done the work. If you're concentrating based on 
FOMO or hot tips or social media hype, you're gambling, not investing. 
Concentration without conviction is just recklessness. 

 

Build, Don't Just Consume 

The final piece for the top 20% is the hardest. Capital and investments are 
important, but they're ultimately passive. The real opportunity is in building. 

AI is a 10x multiplier for builders. Maybe 100x. Someone who would have 
built a $10M company can now build a $100M company with the same effort. 
Someone who would have needed a team of twenty can now execute with a 
team of five plus AI agents. 

If you have the capital to fund your own projects, this is the time to do it. If 
you have the positioning to take entrepreneurial risk, this is the moment. The 
window won't last forever - eventually AI capabilities will commoditize and 
the arbitrage opportunity closes. 
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Right now, knowing how to deploy AI effectively is rare. In five years, it will 
be table stakes. The builders who move now capture the value. The builders 
who wait compete in a crowded field. 

The world needs your creativity. Your innovative spirit. Your desire to make 
the world a better place. To help others. No more waiting for others to do it 
on your behalf. 

It’s now your turn. You have the ultimate side kick in AI. Don’t waste the 
opportunity. 

 

The Middle 60% Roadmap: Move Urgently 

Now for the harder conversation. If you're in the middle 60% - trading 
cognitive labor for salary, not much capital accumulation, skills primarily 
valuable to an employer - your situation is more urgent. 

I don't say that to scare you. I say it because pretending otherwise would be 
doing you a disservice. The middle 60% faces the most disruption over the 
next five years. The question is whether you're disrupted or whether you 
disrupt yourself first. 

 

Urgently Develop AI-Adjacent Skills 

The most valuable skill right now is knowing how to deploy AI in specific 
domains. Building AI is secondary. 

The world is full of AI researchers and ML engineers. What's scarce is people 
who understand a specific industry deeply AND know how to apply AI to 
transform it. 

Are you a lawyer? The lawyers who thrive will be the ones who figure out 
how to use AI to do 10x the legal work, not the ones who pretend AI doesn't 
threaten them. Are you a marketer? The marketers who thrive will be the 
ones who use AI to create campaigns at unprecedented scale and 
personalization. Are you a software developer? The developers who thrive 
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will be the ones who use AI to multiply their output by an order of 
magnitude. 

Forget "learning prompt engineering" or whatever the current buzzword is. 
You want to become the person in your field who actually figures out how 
AI changes everything. 

That person is incredibly valuable. The person who just does the same job 
the same way they did five years ago? They're the person who gets replaced. 

 

Move Toward Capital Ownership 

This is the structural challenge for the middle 60%. You're trading labor for 
income, but AI is about to devalue a lot of cognitive labor - and soon after, 
physical labor. The solution is to start accumulating capital, even in small 
amounts. 

I know this sounds like "just stop being poor" advice. It's not. The point is 
directional movement, not immediate transformation. 

If you're currently saving nothing, save something. If you're saving into index 
funds, consider whether concentrated positions in AI-first companies might 
make more sense for the portion you can afford to put at risk. If you're 
paying down low-interest debt when you could be investing, reconsider. 

Every dollar of capital you own is a dollar that can compound without your 
labor. Every dollar you own in AI-first companies is participating in the 
rebalancing on the right side. The gap between capital owners and labor 
sellers is about to widen dramatically. Even small movement toward capital 
ownership changes your trajectory. At the very least, you’ll gain momentum. 

 

Understand the Timeline 

Five years. That's the window. Maximum. 

I'm not saying you'll be unemployed in two years. But I am saying that the 
structural shifts happening now will accelerate dramatically. The skills that are 
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valuable today may not be valuable in 2030. The companies that are stable 
today may not exist in 2030. 

This is an urgent repositioning - you have maybe five years, not ten. The 
people who spend the next five years gradually adapting will find themselves 
adapting too slowly. The people who treat this as an emergency will be 
positioned when the acute phase hits. 

I wish I could tell you there's plenty of time. There isn't. Not for the middle 
60%. 

 

Don't Wait for Government to Save You 

As I argued in Chapter 8, governments will likely fail to execute well on the 
AI transition. Not because the people in government are malicious - because 
the structural incentives don't support it. The disruption is happening at AI 
speed while policy moves at bureaucratic speed. 

So yes, advocate for good policy. Vote for leaders who understand the stakes. 
But don't make your personal plan dependent on government executing well. 
Plan as if you're on your own, because you probably are. 

 

If You're Starting From Zero 

Everything I've written so far assumes you have at least some capital to 
deploy, some financial margin to work with, some runway to make moves. 

But what if you don't? What if you're reading this while worrying about 
making rent next month? What if "invest in AI-first companies" sounds as 
realistic as "buy a yacht"? 

I know this advice is easier to give than to follow when you're worried about 
rent. The privilege of having capital to invest isn't lost on me. I've had 
periods in my life where I was cash-strapped, and I remember what it feels 
like when financial advice assumes a foundation you don't have. 



 193 

If you're starting from zero, your path is harder - but not impossible. It's just 
different. And let me be specific about what that path actually looks like. 

 

Free Tools Are Your Starting Point 

The good news about AI is that the most powerful tools in human history are 
available for free. Not watered-down versions - genuinely powerful systems 
that can teach you, help you build skills, and multiply your output. 

ChatGPT's free tier gives you access to GPT-4o. Claude has a free tier. 
Google's Gemini has a free tier. Microsoft Copilot is free. These are not toys 
- they are the same fundamental technology that companies are paying 
millions to deploy. 

Start using them. Every day. Not casually - systematically. Ask them to 
explain concepts in your field or area of interest. Use them to draft 
documents, analyze problems, and learn new skills. Treat them as a personal 
tutor, research assistant, and thinking partner all in one. 

The person who spends two hours a day learning with AI for a year will be 
dramatically more capable than someone who ignored these tools. That 
capability gap translates to economic value eventually. 

 

You can develop these skills without spending a dollar 

Prompt engineering. The skill of getting AI to do what you actually want. 
This sounds trivial, but it's not. The difference between a mediocre prompt 
and a great prompt is the difference between useless output and genuine 
value. You can learn this by experimenting, reading free guides, watching 
YouTube tutorials, and practicing. 

The best advice I can give: stop thinking that you’re talking to a machine. 
Start thinking like you’re talking to a human. The fundamental architecture of 
AI is the same as a human brain. It understands, reasons, and actions much 
closer to a human than a computer. Treat it as such. You’ll be mind-blown by 
the results. 
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Treat every prompt as the start of a conversation, not the start of a 
command. 

AI-assisted writing. Whether it's marketing copy, business communications, 
reports, or creative content - learn to use AI as a collaborator in producing 
written work. This skill transfers across virtually every white-collar domain. 

Workflow automation. Learn to identify repetitive tasks and figure out how 
AI tools can automate or accelerate them. Start with your own life - your job, 
your side projects, your personal tasks. Then you become the person who can 
do this for employers. 

Data analysis and synthesis. AI can help you analyze documents, extract 
insights from large amounts of text, summarize research, and identify 
patterns. Get good at directing AI to do this kind of cognitive work 
effectively. 

None of this requires paid courses, expensive software, or formal credentials. 
It requires time and deliberate practice. 

 

Side Projects That Build Credentials 

You don't need capital to build a portfolio. You need initiative. Let me give 
you concrete examples so this isn't abstract. 

A real estate agent in Phoenix used Claude to build a neighborhood 
comparison tool for her clients. She described what she wanted in plain 
English and iterated with the AI until it worked. She now sends every 
prospect a personalized report that used to take her two hours to compile 
manually. It takes her ten minutes. Her close rate went up. She didn't learn to 
code. She learned to describe what she needed. 

A laid-off paralegal spent three weeks using ChatGPT to build an automated 
contract-review workflow for small businesses. She'd feed in a contract, get a 
plain-English summary of the key terms, risks, and missing clauses. She 
posted about it on LinkedIn, got 50 DMs in a week, and turned it into a 
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consulting practice charging $500 per engagement. Her total investment was 
time and a free-tier AI account. 

A college student with no work experience used AI to analyze every earnings 
call transcript for a set of mid-cap companies, then published a weekly 
newsletter with his analysis. Within six months he had 2,000 subscribers and 
three job offers from hedge funds. His credential wasn't a degree or an 
internship - it was public evidence that he could extract insight from data. 

This is what "starting from zero" actually looks like in 2026. You don't need 
to code. You don't need capital. You need a problem worth solving and the 
willingness to sit down with an AI and iterate until you've solved it. 

Start a blog or newsletter where you analyze something in your domain using 
AI tools. Write about what you're learning. Document your experiments. 
This creates a public track record that employers can evaluate. 

Build small tools or workflows that solve real problems, even if it's just for 
yourself or friends. A Chrome extension. An automation script. A chatbot for 
a local business. These become portfolio pieces. Remember - you don't need 
to code anymore. You just need to start having a conversation with the AI. 

Offer to help small businesses or nonprofits implement AI tools for free or 
cheap. You get experience, they get value, and you build references. This is 
how you develop skills that larger employers will pay for. 

Contribute to open source projects that are building AI applications. The 
barrier to entry is learning, not money. And the credential of being a 
contributor is real. Check out OpenClaw - it'll blow your mind. 

The goal is to create tangible evidence that you understand how to deploy AI 
effectively. That evidence is worth more than certificates from expensive 
courses. 
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The Equity vs Cash decision 

Here’s a unique angle that you can take if you have access to it with your 
employer: when you have the choice, lean toward equity compensation over 
pure salary - if the company is positioned well for AI. 

I know this sounds contradictory. If you need cash, why take equity? Because 
equity is how you get on the capital ownership side of the barbell without 
having capital to invest. 

Early employees at successful AI-first companies can see returns that dwarf 
anything they could have saved from their salary. I'm not saying take below-
market salary - I'm saying when you're negotiating, understand that equity in 
the right company is potentially worth more than a few extra thousand 
dollars in base pay. 

This means being picky about which companies you join. Prioritize 
companies that are genuinely AI-first, have viable business models, and could 
see significant growth. Taking equity in a dying company is worthless. Taking 
equity in a company positioned to benefit from AI transformation could 
change your trajectory. 

 

Free Learning Resources 

The internet is full of expensive AI courses taught by people who have never 
actually deployed AI in production. The quality ones are extremely hard to 
find. 

 

These are actually worth your time, and they're all free: 

YouTube. Channels covering practical AI deployment, workflow automation, 
and applied AI skills. Some creators are building in public and showing 
exactly what works. 

Company documentation. Anthropic, OpenAI, xAI, Google, Chinese 
models… all publish extensive documentation on how to use their systems 
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effectively. Reading primary sources beats reading someone's summary of the 
primary sources. If it’s too technical or hard to read, just ask AI to dumb it 
down for you. 

X. The practitioners are sharing what works and what doesn't in real time. 
Follow the builders, not the hype accounts. X is easily the best repository for 
up to date news on AI, and it’s not even close. 

Coursera, edX, and Khan Academy. Legitimate courses from real institutions, 
available for free if you don't need the certificate. The knowledge is the same 
whether you pay or not. 

Open source communities. Discord servers, GitHub discussions, and forums 
where people building with AI share knowledge freely. 

The information asymmetry that used to protect expertise is collapsing. 
Everything you need to know is available. The question is whether you're 
willing to do the work to learn it. 

Pick your favorite AI LLM. ChatGPT. Grok. Gemini. Claude. Deepseek. 
Whatever. Use it. 

 

The Harder Truth 

Even with all of this, the path from zero is harder than the path from some. 
That's just true. Having capital provides options that not having capital 
doesn't. 

Someone who can invest $50K in AI-first companies today has an advantage. 
Someone who can afford to take six months off to retrain has an advantage. 
Someone who has a financial cushion that allows risk-taking has an 
advantage. I'm not going to pretend otherwise. 

What I am saying is that the path exists. People have built significant careers 
and eventually significant wealth starting from nothing before. I’m a perfect 
example of this. I was worth negative $100k when I graduated college. My 
parents almost lost their house during the financial crisis in 2008. 
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The difference now is that AI tools make individual capability matter more 
than ever. A single person who really understands how to deploy AI can be 
more productive than teams that don't. 

That's the leverage you have access to, and it's real. 

The practical next step is not to feel overwhelmed by everything I've 
described. It's to start with one hour tomorrow. Open ChatGPT or Claude. 
Use it to learn something in your field. Use it to do a task you were going to 
do anyway, but better. Use it to explore what's possible. 

Then do that again the next day. And the day after. Compound that over 
months and years. 

Capital is the fast path. But consistent skill development is still a path. And 
the tools to develop those skills have never been more accessible. 

 

Building Your Own AI Capabilities 

Beyond skills, let me talk about building actual AI capabilities you can use. 

Most people interact with AI as consumers. They use AI to answer questions, 
write emails, maybe help with coding. That's fine, but it's just the baby 
version of what AI can do. The real leverage comes from building workflows 
that incorporate AI into repeated processes. 

What tasks do you do repeatedly that could be partially automated with AI? 
Not fully automated - that's often not the right goal yet - but augmented. Can 
you create systems where AI does first drafts that you review and polish? Can 
you build processes where AI handles research and you handle synthesis? 
Can you develop workflows where AI generates options and you make 
selections? 

This is different from "using AI tools." It's building AI into how you operate. 
The people who figure this out become dramatically more productive. They 
can take on more work, deliver faster, and provide more value. That's worth 
something in a labor market, even as cognitive labor generally gets devalued. 
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And what I've found is that AI augmentation is a skill that transfers across 
domains. Once you learn how to effectively incorporate AI into your 
workflow, you can apply that pattern to new tools as they emerge. You 
become someone who gets value out of AI rather than someone who gets 
replaced by it. 

 

The Builder Roadmap: First Principles, Not Incremental 

If you're actively building - starting companies, launching products, creating 
at scale - your roadmap is different from both groups above. You're not just 
positioning to benefit from the rebalancing. You're actively creating it. 

 

AI Is Your 10x Multiplier 

Every hour you spend without AI leverage is an hour your competitors are 
spending with AI leverage. This compounds. 

I'm talking about fundamentally rethinking how your work gets done. What 
tasks currently require human judgment that AI can do at 80% quality? What 
processes currently take weeks that AI can do in hours? What products 
currently require teams that AI can help you build solo? 

The builders who figure this out first win. Not just because they ship faster - 
though they do - but because they're learning how to operate in the new 
paradigm while competitors are still optimizing the old one. 

 

Data Is Your Moat 

Whatever you're building, think about the data layer. What data will your 
product generate? How does that data create compounding advantage? Why 
can't someone else replicate it? 

The best AI businesses are not AI companies per se. They're companies that 
generate proprietary data through their core operations, then use AI to 
extract value from that data. The AI is a tool. The data is the moat. 
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If your business doesn't generate proprietary data, it's probably not defensible 
in the AI era. Someone else will use publicly available data plus better AI to 
do what you're doing cheaper and faster. 

 

Scale Is Everything 

The economics of AI favor scale dramatically. Training costs are largely fixed. 
Inference costs decrease with scale. Data advantages compound with user 
growth. 

This means going big is more important than going early. A well-executed 
later entrant with massive scale will crush an early entrant that stays small. 
This is why I think xAI will ultimately beat OpenAI & Anthropic despite 
OpenAI's head start - Elon knows how to scale. 

If you're building something, think about scale from day one. Not "maybe 
we'll scale later" but "how do we get to massive scale as quickly as possible?" 
The builders who capture scale capture the winner-take-all markets. 

First Principles, Not Incremental Thinking 

I've talked about first principles throughout this book. For builders, it's 
essential. 

Incremental thinking asks "how do we make this 10% better?" First 
principles thinking asks "if we were starting from scratch with current 
technology, what would we build?" 

The answers are often radically different. Incremental thinking led to better 
horse carriages. First principles thinking led to automobiles. Incremental 
thinking leads to ChatGPT plugins. First principles thinking leads to AI 
agents that replace entire workflows. 

Most builders think incrementally because it's safer. You can copy what 
worked before with modest improvements. But AI is moving so fast that 
incremental approaches get leapfrogged constantly. By the time you've made 
your thing 10% better, someone else has built something 10x different. 
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The builders who win in this era are the ones willing to throw out 
assumptions and rebuild from first principles. What would a law firm look 
like if you designed it today? What would education look like? What would 
healthcare look like? Those are the questions worth asking. 

 

Skills That Remain Human 

One more thing before I close this chapter. Amid all this talk of AI replacing 
cognitive labor, there are categories of work that remain distinctly human. 
Understanding these might shape your personal roadmap. 

Physical presence matters. Some jobs require being there - whether that's a 
nurse at a bedside, a plumber under a sink, or a salesperson in a boardroom. 
AI can advise, but it can't be present. Until Optimus-scale robotics changes 
this - which is coming but not immediate - physical presence jobs are more 
defensible. 

Novel judgment matters. AI is excellent at pattern matching and optimization 
within known parameters. It's less excellent at genuinely novel situations that 
require judgment without precedent - at least for now. The more your work 
involves navigating unprecedented territory, the more defensible it is. 

Frontier creativity matters. AI can generate content at scale. It can even 
generate good content. But the frontier of creativity - the truly novel ideas, 
the breakthrough innovations, the art that changes how we see things - that's 
still human territory. If your work is creative at the frontier rather than 
creative at scale, you have more runway. 

Trust and accountability matter. Some decisions require a human to be 
responsible. Not because AI couldn't make the decision, but because humans 
need another human to trust and hold accountable. This is regulatory in some 
cases, psychological in others. Either way, it creates sustained demand for 
human judgment in certain roles. 

Relationship building matters. Humans trust humans. Business deals, sales, 
partnerships, negotiations - these often require human-to-human connection 
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that AI can't replicate. The people who are excellent at building trust and 
relationships have more defensible skills than the people who are excellent at 
tasks that can be done remotely and asynchronously. 

Complex coordination matters. Managing multiple stakeholders, navigating 
organizational politics, aligning incentives across groups - these are human 
skills that require understanding human motivations and social dynamics. AI 
can analyze patterns, but it struggles to navigate the messy reality of human 
organizations. 

I don't list these to suggest they're safe harbors. AI is coming for everything 
eventually. And Optimus-scale robotics will eventually address the physical 
presence category too. But if you're thinking about where to position over the 
next five to ten years, these categories have longer timelines than pure 
cognitive labor. 

 

The Uncomfortable Truth 

I've tried to make this chapter practical. But let me end with the 
uncomfortable truth that underlies everything. 

Not everyone will navigate this well. Some people will read this book, nod 
their heads, and do nothing. Some will try to adapt and find it harder than 
they expected. Some will make bets that don't pan out. This transformation 
will create winners and losers, and telling you how to be a winner doesn't 
mean everyone who tries will succeed. 

The statistics are brutal. If the middle 60% is getting crushed, that's roughly 
200 million Americans. Not all of them will successfully reposition. Not all of 
them will accumulate capital in time. Not all of them will develop AI-adjacent 
skills fast enough. 

I'm not saying this to be fatalistic. I'm saying it because false optimism would 
be worse than honest assessment. The rebalancing is real. The disruption is 
coming. The window for repositioning is short. 
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What I can tell you is that trying is better than not trying. Understanding the 
landscape is better than ignoring it. Moving urgently is better than moving 
gradually. And owning capital, however small the amount, is better than 
owning only labor. 

You can't control the macro forces reshaping the economy. But you can 
control how you respond to them. That's what this chapter is about. That's 
what the whole book has been about. 

 

It Could Be Amazing 

I want to end this chapter - and this roadmap - with a story that gives me 
genuine hope about what comes next. 

Chess is one of the oldest games in human civilization. For centuries, it was 
considered the ultimate test of human intellect. Grandmasters were revered. 
The game was seen as a window into the deepest capabilities of the human 
mind. 

Then computers beat us. IBM's Deep Blue defeated Garry Kasparov in 1997. 
By the 2010s, AI chess engines like Stockfish could obliterate any human 
player on Earth without breaking a sweat. The gap between human and 
machine chess capability became a chasm. A grandmaster playing Stockfish is 
like a toddler playing LeBron James. 

So chess must be dead, right? AI mastered it. Humans became irrelevant. 
Game over. 

Except the opposite happened. 

Chess has never been more popular than it is right now. Chess.com has over 
150 million members. Magnus Carlsen has become a global celebrity. Hikaru 
Nakamura streams to hundreds of thousands of viewers. The Queen's 
Gambit drove chess set sales through the roof. Prize pools are bigger than 
ever. More people are learning, playing, and watching chess than at any point 
in human history. 
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How is that possible? AI solved the game - and that made it better for 
humans, not worse. 

Here is what actually happened: Those same engines that can destroy any 
human player became the most powerful teaching tools chess has ever seen. 
A club player can now analyze their games with an engine that plays at a level 
beyond any grandmaster who ever lived. They can see exactly where they 
went wrong, exactly what the optimal move was, and why. The learning curve 
that used to take decades can now be compressed into years. 

And for spectators, the AI evaluation bar transformed chess content. When 
you watch a grandmaster match with engine analysis running, you can see in 
real time whether a move was brilliant or a blunder. You do not need to be a 
grandmaster yourself to appreciate the drama. The AI made the human game 
accessible to everyone. 

Professional chess players are not poorer because of AI. They are wealthier. 
They are more famous. Their audience is larger. Their content reaches more 
people. The AI did not replace them - it amplified them. It made their talent 
legible to the masses in a way that was impossible before. 

Now think about what this means for the broader thesis of this book. 

AI will master cognitive tasks the way it mastered chess. That is inevitable. 
But mastering the task does not necessarily eliminate the human. It can 
amplify the human. It can make human expertise more accessible, more 
visible, more valuable to a broader audience. 

A doctor assisted by AI does not become irrelevant. They become more 
accurate, more efficient, and able to serve more patients. A teacher with AI 
tools does not become obsolete. They become capable of personalizing 
education for every student in ways that were physically impossible before. A 
creator with AI does not lose their voice. They amplify it to reach audiences 
they never could have reached alone. 

The chess model is not guaranteed. It requires that we build systems where 
AI augments rather than simply replaces. It requires that the economic gains 
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flow to the humans who use these tools, not just to the companies that build 
them. It requires active choices about how we structure this transition. 

But the chess model proves it is possible. AI mastery and human flourishing 
can coexist. They already do - in at least one domain. From a first principles 
perspective, there are no blockers to this dynamic playing out across every 
industry, physical or digital. 

That is the future worth fighting for. Not one where humans are sidelined, 
but one where humans are amplified. Where AI handles the drudge work so 
we can focus on the parts that make us human - the creativity, the 
connection, the meaning. 

And hopefully this book gets us going in that direction. 
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Epilogue 

The Age of Abundance 

I'm optimistic about the destination. Pessimistic about the journey. Uncertain 
about the outcome. 

That is the honest summary of everything in this book. The convergence of 
AI, robotics, and energy will reshape civilization. The barbell will reward 
those at the top and eventually lift those at the bottom while crushing the 
middle during the transition. The technologies are already deployed. The 
flywheel is already spinning. None of this is theoretical anymore. 

And yet I hold all of it with genuine uncertainty. 

Every generation has its prophets of transformation who turned out to be 
early or wrong. Nuclear power was supposed to make electricity too cheap to 
meter. The internet was going to eliminate all middlemen - and then created 
Amazon and Google as the biggest middlemen in history. Flying cars were 
perpetually five years away. I could be adding to this list. 

Here is why I think this time is different: the convergence I have described is 
not projected from hope. The robots are not theoretical. The cost curves are 
not assumptions. The AI capabilities are demonstrable today. But history is 
full of people who were certain they could see the future clearly, who had 
their own compelling data and their own exponential curves that ended up 
being S-curves that plateaued earlier than expected. 
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I have tried to show you my reasoning. I have tried to be honest about where 
I could be wrong. And I have tried to build a framework that remains useful 
even if some of my specific predictions miss the mark. 

 

The Question That Matters Most 

If there is one thing I want you to take from this book, it is not the 
investment framework or the technology analysis or the policy prescriptions. 
It is this: 

The age of abundance is coming. The transition to get there will be brutal. 
On the other side, we will face a question that no generation of humans has 
ever had to seriously answer: What do we do when we do not have to work? 

Not what jobs will exist. Not how to retrain. Something deeper. What gives 
your life meaning when economic necessity no longer structures your days? 

I ended the last chapter with the chess story because I think it contains the 
answer. AI mastered chess and chess became more popular, more accessible, 
more meaningful to more people than ever before. The professionals thrived. 
The amateurs discovered a deeper appreciation for the game. The AI did not 
replace the human element - it revealed it. 

That is the model for abundance done right. Not humans sidelined. Humans 
amplified. AI handling what can be automated so we can focus on what 
makes us human - the creativity, the relationships, the pursuits that matter to 
us not because someone pays us to do them, but because they are worth 
doing. 

The people who thrive in abundance will be the ones who have cultivated 
interests and purpose that do not depend on a paycheck. The people who 
build because they want to, not because they have to. The people who find 
meaning in creation rather than consumption. 

Start now. Not because the economy demands it. Because your future self 
will thank you for it. 
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The Fork 

The same technologies enable both paths - abundance and collapse. The 
difference is in how we manage the transition. In whether we act wisely or 
react desperately. In whether we prepare or pretend. 

I have made my bets. I have shared my framework. I have tried to be honest 
about both the opportunity and the risk. 

Now it is your turn. 

I've shown you the map. Now move. 

 

 

 

 

 

 

P.S: If you found this book helpful and valuable, I would greatly appreciate it if you share 
this book with as many people as possible, and provide your honest feedback as a review on 
Amazon. This will go a long way in creating visibility for what’s happening, which will 
hopefully equip others to be as informed as possible. 

 

If you are interested in learning more, I make videos & written pieces multiple times per 
week on my YouTube channel Farzad (@Farzad-FM), on X @farzyness, and on my 
website farzad.fm. 

 

And if you really want to have some fun, you can follow my AI Agent (yes, he has his own 
social media account that he runs 24/7) @FarzadClaw on X. 

 

I told you it’s getting weird. 

 

Thank you very much <3 
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Appendix A 

Position Quick Reference 

These are the canonical positions developed throughout this book. Use this 
as a quick reference for the core arguments. For full context, evidence, and 
nuance, refer to the relevant chapter. 

 

Tesla Ecosystem 

Tesla vs Legacy Auto: Most legacy automakers face an existential innovator's 
dilemma. They outsourced the exact components - chips, batteries, software - 
that now determine competitive success. Kia/Hyundai may be the exception 
due to faster adaptation. (Chapter 6) 

Tesla vs BYD: Tesla holds a significant technology advantage, particularly in 
autonomy and AI. The comparison is largely apples-to-oranges: different 
market segments, different subsidy structures, and BYD has no real FSD 
equivalent. (Chapter 7) 

FSD vs Waymo: Tesla's vision-based approach scales fundamentally better. 
Tesla can manufacture 2M+ vehicles per year; Waymo operates roughly 
3,000. Waymo has achieved impressive results within geofenced zones, but 
the approach faces structural scaling limitations. (Chapter 2) 

Robotaxi Timeline: Slow initial rollout, then exponential growth. The 
underappreciated insight: Tesla benefits even if Robotaxi deployment is slow, 
because they sell vehicles with self-driving capability. The car sales business 
hedges the Robotaxi timeline risk. (Chapter 2) 
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Optimus: A 20+ year opportunity targeting the $40T+ global labor market. 
Potentially the most economically significant product in Tesla's portfolio. The 
path to manufacturing abundance at scale. (Chapter 3) 

Tesla Energy: Significantly undervalued by the market. AI-driven energy 
demand is the catalyst. Battery storage alone could double America's grid 
capacity without new power plants. Space-based solar represents an 
enormous long-term opportunity. (Chapter 4) 

 

AI Landscape 

AGI Definition and Timeline: I define AGI as AI that can perform 80% of 
digital tasks at or above top-20% human capability, with instant execution 
and infinite scale. At current pace, this could arrive by end of 2027. (Chapter 
1) 

AI Risk vs Opportunity: Both are massive and roughly equal in magnitude. 
Government execution is the key variable determining whether outcomes 
trend toward abundance or collapse. (Chapters 8, 9) 

AI Company Rankings: I rank long-term positioning as xAI, 
Google/DeepMind, Anthropic, then OpenAI - based on data moats and 
leadership. OpenAI's current lead in users does not reflect long-term 
competitive advantage. Strongest counterargument: xAI is newer and less 
proven. (Chapter 11) 

AI Regulation: Pro-regulation for benefit distribution, anti-slowdown for 
competitiveness. These are not the same thing, though most people conflate 
them. (Chapter 8) 

AI and Jobs: The top 20% and bottom 20% of the socioeconomic ladder 
stand to benefit. The middle 60% faces severe disruption during the 
transition without substantial government intervention. (Chapter 5) 
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Investing Philosophy 

Investment Criteria: Four criteria - (1) Misunderstood by the market, (2) 
Disrupting a large legacy industry, (3) Exceptional leadership, (4) 10x 
potential over 5-10 years. All four must be present. (Chapter 10) 

Position Sizing: Extreme concentration when conviction is high, backed by 
deep analysis. My current allocation is 90% Tesla, 10% Lemonade. 
Concentration without conviction is recklessness - this approach requires 
constant thesis monitoring. (Chapter 10) 

When to Sell: Only two valid reasons - a better risk-adjusted opportunity 
emerges elsewhere, or an emergency cash need arises. Not valuation concerns 
alone. Not news cycles. Not price targets. (Chapter 10) 

Biggest Mistakes: (1) Letting emotion override logic - selling on news without 
evaluating whether the thesis actually changed. (2) Insufficient position sizing 
when analysis supports high conviction. (Chapter 10) 

 

Broader Worldview 

US vs China: Winning the AI race is critical for the United States. China's 
open-source AI strategy functions as a competitive weapon, not generosity. 
America's structural advantage: no ceiling on individual achievement or 
innovation. (Chapter 7) 

Energy Policy: Solar is the clear winner on economics. China is outpacing the 
US in deployment because they are executing while we debate. The remaining 
obstacles are political, not technical. (Chapter 4) 

Wealth Inequality: A real and growing problem, but the root cause is an 
education system that produces employees rather than entrepreneurs. 
Financial literacy and business analysis are absent from standard curricula. 
(Chapter 8) 

Media and Narratives: Legacy media institutions have lost credibility and 
relevance. Independent media, amplified by AI tools, represents the future of 
information distribution. (Chapter 9) 
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Appendix B 

Framework Glossary 

Throughout this book, I reference several mental models and frameworks. 
These are the lenses through which I analyze companies, technologies, and 
opportunities. If you want to think the way I think about investing and 
disruption, you need to internalize these concepts. 

 

First Principles Thinking 

Definition: Breaking down a problem to its most fundamental truths and 
reasoning up from there, rather than reasoning by analogy to what has been 
done before. 

How It Works: Instead of asking "how do other people do this?" you ask 
"what is physically and mathematically possible?" and "what are the actual 
constraints?" Most people reason by analogy: "cars have always cost this 
much, so they will continue to cost this much." First principles thinkers ask: 
"what are cars actually made of, what do those materials cost, and what is the 
theoretical floor?" 

Example: When Elon Musk started SpaceX, conventional wisdom said 
rockets were expensive. Industry players quoted $65 million for a launch. 
Instead of accepting that, Musk broke down a rocket to its raw materials: 
aluminum, titanium, copper, carbon fiber. The material cost was about 2% of 
the rocket price. The question became: why does the other 98% exist, and 
how much of it is actually necessary? That first principles analysis led to 
reusable rockets and launches at a fraction of historical cost. 
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Why It Matters for This Book: Tesla, xAI, and SpaceX all operate from first 
principles. Legacy companies reason by analogy. That difference explains why 
Tesla can see things GM cannot, and why xAI built Colossus in 122 days 
while traditional data centers take years. If you want to identify which 
companies will win the AI transition, look for first principles thinking at the 
leadership level. 

 

The Innovator's Dilemma 

Definition: The pattern where successful, well-managed companies fail 
because they do everything "right" according to conventional business logic, 
specifically by focusing on their most profitable customers and ignoring 
disruptive technologies that initially serve less profitable markets. 

How It Works: A new technology emerges that is worse than existing 
products on the metrics that current customers care about, but better on 
some other dimension (usually cost or accessibility). Incumbents rationally 
ignore it because their best customers do not want it. The new technology 
improves over time, eventually matching or exceeding the incumbent on 
traditional metrics. By then, it is too late for the incumbent to catch up. 

Example: Blockbuster had the chance to acquire a controlling stake in Netflix 
for $50 million in 2000. They passed. Why? Because their most profitable 
business was late fees and in-store impulse purchases. Streaming served a less 
profitable market segment (people who did not want to leave their homes). 
Blockbuster's decision was rational based on their existing business model. It 
was also fatal. By the time streaming was good enough to threaten their core 
customers, Blockbuster had neither the technology nor the culture to 
compete. 

Why It Matters for This Book: Legacy automakers (and non-AI first 
companies) face a textbook innovator's dilemma. Their most profitable 
products are trucks and SUVs with internal combustion engines. Electric 
vehicles initially served a niche market of environmentalists willing to accept 
range limitations. Now EVs are matching and exceeding ICE vehicles on 
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performance while Tesla adds autonomy. GM, Ford, and Stellantis are doing 
exactly what Blockbuster did: protecting their profitable existing business 
while the world shifts underneath them. 

 

Vertical Integration 

Definition: When a company controls multiple stages of the production 
process, from raw materials to finished product delivery, rather than 
outsourcing components to external suppliers. 

How It Works: Most companies specialize. They design products and 
outsource manufacturing, or they manufacture based on others' designs. A 
vertically integrated company does both, and often more. They might own 
their supply chain, their manufacturing facilities, their distribution network, 
and their customer interface. This creates control over quality, cost, and 
speed of innovation at every level. 

Example: Tesla designs their own chips, manufactures their own batteries at 
scale, builds their own cars, develops their own software, operates their own 
charging network, and sells directly to customers. When they need to iterate 
on Full Self-Driving, they do not wait for a supplier. When they need more 
battery capacity, they do not negotiate with an external partner. Compare this 
to legacy automakers who outsource chips, batteries, and software to tier-one 
suppliers and lose control over the most critical components of modern 
vehicles. 

Why It Matters for This Book: Vertical integration is why Tesla moves faster 
than competitors. It is also why they have higher margins despite selling EVs 
at competitive prices. In an era of rapid technological change, the ability to 
iterate across the full stack without supplier negotiations is a massive 
competitive advantage. Companies that outsourced critical components are 
now discovering they outsourced their future. 
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Economies of Scale 

Definition: The cost advantage that arises when producing more units 
reduces the per-unit cost. As production volume increases, fixed costs are 
spread across more units and efficiency improvements compound. 

How It Works: Building a factory costs money whether you produce one car 
or one million. With higher volume, that fixed cost is divided by more units, 
lowering cost per unit. Additionally, at scale, you can invest in automation, 
negotiate better supplier deals, optimize processes, and justify R&D 
investments that smaller competitors cannot afford. The more you make, the 
cheaper each one becomes. 

Example: Tesla's Gigafactories produce batteries at a scale no competitor 
matches. Their cost per kilowatt-hour continues to decline as production 
volume increases. This creates a reinforcing advantage: lower costs enable 
lower prices, lower prices enable more sales, more sales enable more scale, 
more scale enables lower costs. Meanwhile, legacy automakers trying to catch 
up face higher per-unit costs because they lack the scale to drive the same 
efficiencies. 

Why It Matters for This Book: Economies of scale explain why the leaders in 
AI, robotics, and energy will likely pull further ahead rather than get caught. 
Training large language models costs hundreds of millions of dollars. That 
cost is amortized over millions of users. A company with 100 million users 
can spend more on training than a company with 1 million users while 
maintaining the same per-user economics. Scale begets scale. 

 

Network Effects 

Definition: When a product or service becomes more valuable as more 
people use it. Each additional user increases value for all existing users. 

How It Works: A telephone is useless if you are the only person who has 
one. But each person who gets a telephone makes every other telephone 
more valuable. Social networks work the same way: Facebook is valuable 
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because your friends are on it. Marketplaces work this way too: Uber is 
valuable to riders because there are many drivers, and valuable to drivers 
because there are many riders. 

Example: Tesla's Full Self-Driving improves for every car based on the data 
collected by all cars. With over a million vehicles collecting real-world driving 
data, Tesla's neural network learns from edge cases that any single car would 
encounter once in a lifetime. Every Tesla on the road makes every other 
Tesla safer. This is a network effect applied to AI training data. Waymo, with 
approximately 2,500 vehicles, cannot access this dynamic. 

Why It Matters for This Book: Network effects explain why AI winners will 
be very hard to displace. The company with the most users generates the 
most data. The most data enables the best model. The best model attracts the 
most users. This flywheel is why data moats matter more than current 
capability. Once a network effect takes hold, catching up becomes nearly 
impossible because the gap compounds rather than closes. 

 

The S-Curve 

Definition: The characteristic shape of technology adoption and performance 
improvement over time. Initially slow, then rapid exponential growth, then 
slowing as the technology matures. 

How It Works: New technologies start with slow, difficult progress. Early 
adopters struggle with limitations. Then something clicks: a threshold of 
capability is crossed, costs drop enough for mass adoption, or infrastructure 
matures. Growth becomes exponential. Eventually, the technology 
approaches its physical limits or market saturation, and growth slows again. 

Example: Electric vehicle adoption followed an S-curve. For years, EVs were 
niche products with limited range and high costs. They represented less than 
1% of new car sales. Then around 2020, costs crossed a threshold, range 
improved enough for mainstream buyers, and charging infrastructure 
expanded. Growth accelerated rapidly. Now we are in the steep part of the 
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curve. Eventually, when most new car sales are electric, growth will slow as 
we approach saturation. 

Why It Matters for This Book: S-curves explain why timing matters so much 
in investing. If you buy too early, you wait years while the technology 
struggles. If you buy too late, the explosive growth phase is over. The skill is 
identifying which technologies are approaching their inflection point. AI is in 
the steep part of its S-curve right now. Humanoid robotics is still in the early 
flat part but approaching inflection. Understanding where you are on the S-
curve changes how you should think about opportunity and urgency. 

 

Wright's Law 

Definition: A production model stating that for every cumulative doubling of 
units produced, costs fall by a consistent percentage (typically 10-25%). 
Unlike Moore's Law which is time-based, Wright's Law is production-based. 

How It Works: The more you make of something, the better you get at 
making it. Processes are optimized, defects are reduced, automation is 
refined, and cumulative learning compounds. If costs fall 20% for every 
doubling of production, then by the time you have produced 8x the original 
volume, costs have fallen by more than 50%. 

Example: Lithium-ion battery costs in 2010 were over $1,000 per kilowatt-
hour. By 2024, they had fallen to around $115. This was not primarily due to 
raw material changes or breakthrough chemistry, but due to Wright's Law. 
Factories got better at making batteries. Process improvements compounded. 
Tesla's battery cost curve follows Wright's Law almost exactly, and their scale 
gives them more doublings faster than competitors. 

Why It Matters for This Book: Wright's Law is why cost curves bend in favor 
of whoever scales fastest. Solar panels, batteries, and eventually robots all 
follow Wright's Law dynamics. The company that gets to high production 
volumes first locks in cost advantages that late entrants struggle to match. 
This is why manufacturing scale matters as much as technology innovation. 
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You can have the best technology, but without production volume to drive 
costs down Wright's Law curve, you lose to whoever scales faster. 

 

Data Moats 

Definition: A sustainable competitive advantage based on proprietary access 
to data that competitors cannot replicate. In the AI era, data moats determine 
who can train the best models. 

How It Works: AI models learn from data. The company with access to more 
and better data trains better models. Unlike code, which can be copied, or 
talent, which can be hired away, data is inherently proprietary. If you have a 
billion hours of video that no one else has, no amount of engineering can 
replicate that advantage. Data moats create barriers that deepen over time as 
more data accumulates. 

Example: Google's data moat includes YouTube (over 1 billion hours of 
video watched per day), Search (trillions of queries revealing human intent), 
Gmail (contextual understanding of human communication), and Maps (the 
physical world digitized). When Google released Veo 3, their video 
generation model, it was noticeably better than competitors. Why? Not 
because their engineers are smarter, but because they trained on YouTube's 
corpus, a dataset no one else can access. That is a data moat in action. 

Why It Matters for This Book: Data moats are the single most important 
framework for evaluating AI companies. Current capability is a snapshot; 
data ownership is the trajectory. OpenAI might lead today, but without 
proprietary data sources, their models will converge with competitors. xAI 
has X's real-time data. Google has YouTube. Ask what data a company owns, 
not what their current benchmarks show. That tells you who wins long-term. 

 

How These Frameworks Connect 

These are not isolated concepts. They reinforce each other. 
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First principles thinking leads to vertical integration: if you reason from 
fundamentals, you realize that controlling the full stack is the only way to 
optimize across it. 

Vertical integration enables economies of scale: when you control 
production, you can drive toward the volume needed to reduce per-unit 
costs. 

Economies of scale accelerate Wright's Law: more production means more 
doublings, which means faster cost declines. 

Network effects create data moats: more users generate more data, which 
improves the product, which attracts more users. 

Data moats follow the S-curve: initially the data advantage seems small, then 
it compounds exponentially, then it becomes insurmountable. 

And the innovator's dilemma explains why incumbents fail to apply any of 
this: they are too busy optimizing their existing business to see the framework 
shift happening underneath them. 

When evaluating a company or an investment, do not look at one of these 
frameworks in isolation. Look at how many of these dynamics work in a 
company's favor simultaneously. The more frameworks that apply, the 
stronger the competitive position - and the more likely the company is to 
compound its advantages over time. 

Understanding these frameworks will not make you a successful investor on 
its own. But they will help you see the transformation taking shape - and help 
you evaluate any company or investment opportunity in the AI era. 
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Appendix C 

Prediction Tracker 

This appendix catalogs the specific, testable predictions made throughout 
Abundance or Collapse. Each prediction includes a validation timeline so 
readers can track which predictions proved accurate over time. 

All predictions reflect views as of the book's publication date in early 2026. 

 

Technology & Products 

By end of 2027: AI systems will perform 80% of digital tasks at or above top-
20% human capability (Chapter 1, AI Capability) 

By 2030: The world will look dramatically different due to The Convergence 
(Chapter 1, General) 

Q4 2026: Unsupervised FSD will be operating in at least 5 major 
metropolitan areas within 3-9 months of book publication (Chapter 2, Tesla 
FSD) 

2029: Tesla's Robotaxi network will scale to millions of vehicles capable of 
unsupervised operation (Chapter 2, Tesla Robotaxi) 

By 2028: Robotaxi operating costs will plummet to sub-30 cents per mile 
(Chapter 2, Transportation) 

By 2028: Cybercab production will reach 500,000+ units per year capacity 
(Chapter 2, Tesla Manufacturing) 

By 2028: Thousands of Optimus units will be working in Tesla factories 
(Chapter 3, Tesla Robotics) 
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2029: Optimus will be deployed beyond Tesla facilities to partners in 
manufacturing, logistics, and agriculture (Chapter 3, Tesla Robotics) 

By December 2030: By end of decade, humanoid robots will handle 1-5% of 
all physical labor tasks globally (Chapter 3, Robotics) 

By 2039: Humanoid robots will become mainstream and the single largest 
product ever by unit volume, including in homes (Chapter 3, Robotics) 

By 2032: Robot labor costs will reach $3 per hour equivalent (Chapter 3, 
Labor Economics) 

2030: Tesla Energy business will be as big as or bigger than the automotive 
business by unit volume (does not include profits from FSD) (Chapter 4, 
Tesla Energy) 

2031: Within 4-5 years, solar-powered AI satellites will be lowest cost way to 
run AI compute at scale (Chapter 4, Space/Energy) 

 

AI Companies & Competition 

By 2030: xAI will emerge as most capable AI company in the world, which 
by then will be a subset of the Tesla/SpaceX/xAI conglomerate (Chapter 11, 
Data Moats) 

2028: OpenAI's lead in monthly users will be lost, superseded by either 
Gemini, Claude, or Grok (Chapter 11, Data Moats) 

By 2031: AI landscape will consolidate to 2-3 dominant ecosystems: the 
Tesla/SpaceX/xAI conglomerate, Google DeepMind/Gemini, and possibly 
Anthropic or OpenAI as a surviving independent - with smaller players 
absorbed or marginalized (Chapter 11, Data Moats) 

 

Economic & Social 

By 2030: The "barbell effect" will form - Top 20% thrives, Bottom 20% 
benefits, Middle 60% gets crushed (Chapter 5, Economic Distribution) 
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By 2030: UBI or equivalent will become inevitable and necessary in the 
United States (Chapters 5, 8, 9, Policy) 

By 2030: UBI implementation will be reactive (response to pressure) rather 
than proactive (Chapter 9, Policy) 

2028: Pressure on knowledge workers will become acute (Chapters 5, 9, 
Labor Market) 

By 2032: We'll have clarity on whether governments managed the transition 
well or failed (Chapters 5, 9, Governance) 

By 2036: The amount of energy generated by humans will have 5x vs 2026 
(Chapter 4, Energy) 

 

Bottom 20% & Abundance 

By 2030: Cost of autonomous transportation will drop below $0.50 per mile 
in major metros, giving low-income households effective mobility for under 
$200/month - less than current car ownership costs (Chapters 2, 5, 
Transportation/Economic Distribution) 

By 2032: AI-driven healthcare diagnostics will be available at near-zero 
marginal cost, making basic diagnostic capability accessible regardless of 
income or insurance status (Chapters 3, 5, Healthcare/Economic 
Distribution) 

By 2035: The cost of physical labor via humanoid robots will be low enough 
that basic goods - housing construction, food production, manufactured 
products - will see 30-50% real price declines, disproportionately benefiting 
those who spend the highest share of income on essentials (Chapters 3, 5, 
Labor Economics/Economic Distribution) 
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Industry Disruption 

By 2030: Legacy automakers (GM, Ford, Stellantis) are "toast" - cannot adapt 
to EV/autonomy transition, and at least 2 major automakers will have filed 
for bankruptcy (Chapter 6, Auto Industry) 

2028: Uber's current business model will be rendered uncompetitive by 
autonomous ride-hailing economics (Chapter 2, Rideshare) 

2028: Next industries to face AI disruption - finance, healthcare, education, 
legal (Chapter 6, Industry Disruption) 

By 2028: Junior developer roles will evaporate as AI coding assistants mature 
(Chapter 9, Software Industry) 

By 2028: Fewer law firms with fewer associates will do more work via AI 
(Chapter 9, Legal Industry) 

 

Transition Period 

2028-2031: Real potential for massive social unrest during transition (Chapter 
9, Social Stability) 

By 2030: Government will mostly fail at ambitious reforms needed for 
smooth transition (Chapter 9, Governance) 

 

How to Use This Tracker 

Annual Review: Each year, revisit this appendix and mark predictions as 
Confirmed, Refuted, or Still Pending 

Partial Credit: Some predictions may partially materialize - note the degree of 
accuracy 

Context Matters: Predictions about timelines are inherently uncertain; focus 
on directional accuracy 

Update Your Models: Use the pattern of accurate vs. inaccurate predictions 
to calibrate future expectations 
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Prediction Scoring Guide 

Confirmed: Prediction materialized substantially as described 

Partially Confirmed: Core thesis correct but details or timeline differed 

Refuted: Prediction clearly did not materialize 

Pending: Validation date not yet reached 

Superseded: Events made the prediction obsolete or irrelevant 

 

Notes 

All predictions should be evaluated against the specific claims made, not 
strawman versions 

Some predictions have dependent relationships (e.g., Robotaxi costs depend 
on FSD capability) 

External events (regulation changes, black swan events) may accelerate or 
delay timelines without invalidating the underlying analysis 

The goal is honest assessment, not proving the author right - learning from 
what was missed is as valuable as celebrating what was correct 

"The only function of economic forecasting is to make astrology look 
respectable." - John Kenneth Galbraith 

And yet, we must make predictions to position ourselves. The key is holding 
them loosely while acting on them decisively. 
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Endnotes & Citations 

These endnotes provide sources for factual claims throughout the book. All URLs were active 
at time of publication. 
 
Chapter 1: The Convergence 
1. NVIDIA's data center revenue growth: NVIDIA 10-K filings FY2020-FY2025. Data center 
revenue grew from $2.98B (FY2020) to $115.2B (FY2025). 
2. AWS market share among startups: HG Insights AWS Market Report, 2025; CB Insights AI 
Startup Data, 2024-2025. 
3. Tesla fleet collecting driving data: Tesla FSD Safety page (tesla.com/fsd/safety); Tesla 
quarterly delivery reports. 
4. Wright's Law battery cost decline: T.P. Wright, 'Factors Affecting the Cost of Airplanes,' 
Journal of Aeronautical Sciences, 1936; BloombergNEF Annual Battery Price Survey. 
 
Chapter 2: Full Self-Driving and the Death of Human Drivers 
5. Tesla cumulative vehicle deliveries: Tesla Investor Relations quarterly reports (ir.tesla.com). 
6. FSD accumulated miles: Tesla FSD Safety page; Tesery, 'Tesla FSD Fleet Nears 7 Billion 
Miles,' 2025. 
7. Waymo fleet size and operations: Waymo Year in Review 2025; Carboncredits, 'Waymo Hits 
2,500 Robotaxis,' November 2025. 
8. FSD pricing: Tesla Support, Full Self-Driving Subscriptions (tesla.com/support/full-self-
driving-subscriptions). 
9. US traffic fatalities: NHTSA, 'Early Estimate of Motor Vehicle Traffic Fatalities,' 2024. 
10. Tesla Vehicle Safety Report methodology: Tesla Vehicle Safety Report 
(tesla.com/VehicleSafetyReport). 
11. Cybercab specifications: Tesla Cybercab reveal event, October 2024; Auto Express. 
12. Professional truck drivers in US: American Trucking Associations, Economics and 
Industry Data, 2024. 
13. Apple car project cancellation: NPR, 'Apple Cancels Electric Car,' February 27, 2024. 
14. Elon Musk FSD timeline predictions: Wikipedia, 'List of predictions for autonomous Tesla 
vehicles by Elon Musk.' 
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Chapter 3: Optimus and the $40 Trillion Labor Market 
15. Global labor market size: ILO Global Wage Report; World Bank labor force data. Global 
labor compensation estimated at $50-60+ trillion annually. 
16. Global automotive industry revenue: Mordor Intelligence, Global Automotive Market 
Report, 2025. 
17. Global smartphone market size: Precedence Research, Smartphones Market Report, 2024. 
18. Cloud computing market size: Grand View Research, Cloud Computing Industry Analysis, 
2025. 
19. ASIMO history: Honda press releases; Wikipedia, 'ASIMO.' 
20. SoftBank Pepper robot: IEEE Spectrum, 'SoftBank Stops Making Pepper Robots,' 2021; 
Wikipedia, 'Pepper (robot).' 
21. Boston Dynamics Atlas: Boston Dynamics official blog; Wikipedia, 'Atlas (robot).' 
22. Optimus manufacturing cost target: Elon Musk statements at Tesla AI Day 2022 and 
subsequent earnings calls. 
23. Robot labor cost equivalent: Morgan Stanley robotics analysis; RethinkX, 'Disruptive 
Economics of Humanoid Robots.' 
24. UBTECH and Fourier Intelligence: UBTECH Robotics press releases; China Today, 
'Fourier Intelligence,' March 2025. 
 
Chapter 4: Energy Abundance - The Forgotten Third Leg 
25. Data center cooling energy consumption: NREL, 'Reducing Data Center Peak Cooling 
Demand,' 2025; Congressional Research Service. 
26. Tesla Megapack specifications: Tesla Megapack product page (tesla.com/megapack). 
27. Tesla Energy deployment figures: Tesla Q4 2025 Production Report (ir.tesla.com). 
28. Battery cost trends (Wright's Law): BloombergNEF Annual Battery Price Survey, 2024. 
Pack prices: ~$1,200/kWh (2010) to $115/kWh (2024). 
29. China solar installations 2023: Ember Energy, '2023 Solar Surge Explained,' 2024; 
Bloomberg. 
30. France nuclear electricity share: World Nuclear Association, France Country Profile; US 
EIA, 2024. 
31. Vogtle nuclear plant costs: POWER Magazine, 'Vogtle Cost Escalation'; Georgia Power 
regulatory filings. 
32. Tech company nuclear deals: Fortune, 'Big Tech Nuclear Deals,' November 2024; IEEE 
Spectrum. 
33. Solar energy reaching Earth: Free in Energy; NASA data; Sandia National Labs. 
34. Space-based solar advantage: Wikipedia, 'Space-based solar power'; NASA SBSP studies. 
35. SpaceX launch cost reduction: NASA Technical Reports, 'Space Launch Cost Reduction,' 
2020. 
36. Starship cost projections: Elon Musk public statements; Benzinga, September 2022. 
37. Starlink satellite count: SpaceX/FCC filings; Space.com Starlink tracker. Over 9,400 active 
satellites as of January 2026. 
38. SpaceX founding economics: Harvard Business School, 'SpaceX: A First Principles 
Company.' 
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39. Powerwall specifications: Tesla Powerwall 3 Datasheet. 
40. Tesla Virtual Power Plants: Tesla VPP page; Teslarati, 'Tesla Expand Virtual Power Plant 
Texas.' 
41. US transmission expansion needs: DOE Transmission Impact Assessment, 2024. 60% 
expansion needed by 2035. 
42. Transmission project timelines: Cowboy State Daily, 'TransWest 15 Years of Permitting'; 
Utility Dive. 
 
Chapter 5: The Barbell 
43. AI productivity multipliers (Klarna): OpenAI Klarna Case Study; CNBC, 'Klarna CEO 
Says AI Helped Shrink Workforce,' May 2025. 
44. Africa mobile phone leapfrogging: Our World in Data, 'Leapfrogging Landlines'; Pew 
Research Center. 
45. M-Pesa mobile payments: Harvard Kennedy School, 'Mobile Banking Transforming 
Africa'; Wikipedia, 'M-Pesa.' 
46. Manufacturing automation Midwest impact: Autor, Dorn & Hanson, 'The China Shock,' 
2016; Brookings Rust Belt studies. 
 
Chapter 6: The Innovator's Dilemma at Global Scale 
47. Clayton Christensen's Innovator's Dilemma: Christensen, The Innovator's Dilemma, 
Harvard Business Review Press, 1997. 
48. Kodak digital camera history: Wikipedia, 'Steven Sasson'; IEEE Spectrum, 'First Digital 
Camera History.' 
49. Blockbuster peak operations: Wikipedia, 'Blockbuster (retailer).' 9,094 stores at peak (2004). 
50. Blockbuster-Netflix acquisition offer: Marc Randolph, That Will Never Work, Little 
Brown, 2019. Netflix offered 49% stake for $50 million in 2000. 
 
Chapter 7: US vs China - The Race That Matters 
51. Ant Group IPO: NPR, 'Regulators Squash Giant Ant IPO,' November 2020; Al Jazeera. 
52. Jack Ma disappearance: CNN, November 2020; Yahoo Finance timeline. 
53. Tesla Shanghai construction speed: Wikipedia, 'Gigafactory Shanghai'; Bloomberg, October 
2019. 
54. China high-speed rail network: Wikipedia, 'High-speed rail in China.' Surpassed 50,000 km 
by December 2025. 
55. xAI Colossus construction: xAI official (x.ai/colossus); Wikipedia, 'Colossus 
(supercomputer).' Initial build completed in 122 days. 
56. US chip export controls: CSIS Analysis, October 2023; Georgetown CSET Explainer. 
57. TSMC advanced chip market share: Nasdaq, 'TSMC Market Dominance'; TrendForce, 
September 2025. ~90% of 3nm and below. 
58. CHIPS Act funding: Wikipedia, 'CHIPS and Science Act'; Congress.gov. $52.7B 
appropriated, signed August 9, 2022. 
59. TSMC Arizona challenges: Fortune, July 2023; Fierce Electronics. 
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60. China PIPL privacy law: Columbia Journal of Transnational Law; Wikipedia, 'Personal 
Information Protection Law.' 
61. DeepSeek market impact: Washington Post, January 27, 2025; CNBC. Nvidia lost $589B 
market cap in one day. 
 
Chapter 8: What Government Must Do 
62. Milton Friedman negative income tax: Friedman, Capitalism and Freedom, University of 
Chicago Press, 1962, Chapter 11. 
63. Alaska Permanent Fund: Alaska Permanent Fund Corporation; Jones & Marinescu, 'The 
Labor Market Impacts of Universal and Permanent Cash Transfers,' American Economic 
Journal: Economic Policy, 2022. 
64. UBI pilot programs: GiveDirectly 2023 UBI Results; Wikipedia, 'Universal basic income 
pilots.' 
65. EU AI Act: European Parliament, March 2024; Official Journal of the European Union, 
Regulation 2024/1689. 
 
Chapter 9: The Transition Nobody's Preparing For 
66. AI winters historical timeline: Wikipedia, 'AI winter'; DataCamp, 'The History of AI.' 
67. Triple Revolution memorandum: Wikipedia, 'The Triple Revolution.' Memorandum sent to 
President Johnson, March 22, 1964. 
68. BYD vs Tesla sales: Electrek, January 2026; CNN. BYD: 4.27M total vehicles (2024); 
Tesla: 1.79M. 
 
Chapter 10: The Investment Framework 
69. Tesla historical stock price: MacroTrends; Yahoo Finance. Split-adjusted price ~$1.94 on 
January 31, 2012. 
70. Lemonade AI-first approach: PYMNTS, 'Lemonade CEO Says Built for AI Since Day 
One'; Claims Journal, March 2025. 
71. Global insurance premiums: Swiss Re Sigma Report; McKinsey Global Insurance Report 
2025. ~$8 trillion globally in 2024. 
72. Shai Wininger background: Crunchbase; Lemonade Investor Relations. 
 
Chapter 11: The Data Moat Principle 
73. X/Twitter user count: Backlinko, 'Twitter Statistics'; PrioriData. ~600 million MAU 
claimed. 
74. OpenAI user growth: DemandSage, 'ChatGPT Statistics,' January 2026. 800-900M weekly 
active users by late 2025. 
75. Google AI research history: Wikipedia, 'Google Brain' (founded 2011); 'Google DeepMind' 
(acquired 2014). 
76. Google Veo 3: Google DeepMind official; Lovart.ai review; Cybernews review. 
77. YouTube daily viewing: YouTube official announcement, February 2017. Over 1 billion 
hours watched per day. 
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78. Google Search query volume: Search Engine Land, January 2025. Over 5 trillion searches 
per year. 
79. Model collapse research: Shumailov et al., 'AI Models Collapse When Trained on 
Recursively Generated Data,' Nature 631, 755-759 (2024). 
 
Chapter 12: Your Personal Roadmap 
80. AI free tier availability: OpenAI, Anthropic, Google AI, and Microsoft pricing pages as of 
January 2026. 
81. US population and middle 60%: US Census Bureau; Worldometer. ~341.8 million total 
population. 
 
Appendix A: Position Quick Reference 
82. Tesla vs Waymo comparison: Tesla delivery reports; Waymo fleet disclosures. 
 
ppendix B: Framework Glossary 
83. Wright's Law learning rates: T.P. Wright, 1936; Santa Fe Institute research on technological 
learning curves. Typical range: 10-25%. 
84. Lithium-ion battery cost history: BloombergNEF Annual Battery Price Survey. 
>$1,000/kWh (2010) to $115/kWh (2024). 
85. Data moat examples: Company filings; industry analyses. 


